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Abstract

This paper studies how politicians and their constituents respond to political violence by investigating
the Colombian civil conflict. I use data on rebel attacks, legislators’ tweets, and roll-call votes, and I employ
event-study and difference-in-differences empirical methods. After rebel attacks, Twitter engagement (as a
proxy for popular support) increased both for incumbent-party legislators” tweets and for legislators” tweets
using hard-line language. Legislators increased their support for the incumbent party after attacks but only
when the government had a hard-line policy position as inferred both from the recent historical context and
from text analysis of the president’s tweets. Though the effects were initially large, they lasted less than
two weeks. The empirical results are consistent with a political economy model of legislative behaviour
in which violent events, that produce rally-‘round-the-flag effects and shift voters” views, elicit different re-
sponses from politicians depending on the policy position of the incumbent party. Finally, I identify a set of
potentially affected congressional votes, revealing that these conflict-induced swings in incumbent support

can have persistent policy consequences.
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1 Introduction

Civil conflict is common in developing countries ( , ;
, ) and often persists even in places where electoral democracy has been
established ( , ; ; ). The effects of civil conflict on political

processes are, however, not well-understood. Though we have substantive evidence that
external security threats boost popular support for both incumbent politicians, known
as the rally-"round- the-flag effect ( , ; , ,
), and for right-wing parties ( , ; , ; ,
), these dynamics remain considerably understudied in developing countries facing
internal conflicts.

And while most previous work has examined how security threats affect voters and
the general public, understanding the extent to which these threats influence the be-
haviour of politicians is central to understanding the mechanisms through which conflict
persists. Changes in political behaviour as a result of violent attacks, whereby politi-
cians either rally behind the incumbent government or become more right-wing, can have
important policy implications. If political violence strengthens the mandate of hard-line
governments, it can lead to investments in top-down state building and military capac-
ity. However, strengthening state capacity in these dimensions may have adverse conse-
quences in developing countries: prolonged conflict, in the presence of perverse electoral
incentives ( , ); weakening of local governance ( ,

); and government violations of human rights, if judicial institutions are weak (
, )-

This paper investigates the effect of rebel attacks on legislative decision making in
Colombia between 2006 and 2015.” I examine the relationship between attacks by the
country’s largest historical rebel group, the Revolutionary Armed Forces of Colombia
(FARC), and political coalescence in the country’s legislature. In particular, I study how
legislative support for the incumbent party, the Partido de la U (PU), changed follow-
ing rebel attacks. To do this, I use roll-call voting records, which include around 11,600
congressional votes, and over 780,000 individual votes. The period of study makes this a
distinct case for examining this relationship, as the policy position of the incumbent party
shifted when the government started peace negotiations with the rebel group in 2012. This
policy change, from what may be described as a right-wing (hard-line, hawkish) position

*Exceptions include ( ), which examines presidential-approval-rating polls in Peru, and arguably
( ), which studies electoral choices in Turkey in the 1990s. In addition, ( ) presents
suggestive evidence of the rally-"round-the-flag effect after large terrorist attacks in a cross-country analysis that includes

both developed and developing countries.
2Colombia is an electoral democracy that suffered from the longest conflict in the Americas. See ( ) for a

history of political violence in Colombia and ( ) for a recent analysis.



to a more left-wing (concessionary, dovish) position, allows me to investigate how the
effect of rebel attacks on legislative behaviour varied depending on the policy position of
the incumbent party.

The analysis is framed using a simple political economy model of legislator behaviour
based on ( ). Legislators choose an optimal policy position in which they weight
the preferences of both the incumbent party and their constituents. Rebel attacks affect the
weight that legislators assign to the incumbent party’s policy position (the rally-"round-
the-flag effect) and the bliss point of their constituents (the right-wing-support effect).
Given these effects, attacks affect the policy distance between legislators and the incumbent
party, depending on the initial policy position of the incumbent party relative to the vot-
ers. In particular, if the policy position of the incumbent government is to the right of the
constituents’ preferred position, then rebel attacks that induce voter preferences to shift to
the right and rally effects that increase the weight that legislators place on the policy po-
sition of the government both lead to a decrease in the policy distance between legislators
and the incumbent party. On the other hand, if the policy position of the incumbent party
is to the left of that of the voters, then the two effects induce opposing legislator responses,
and the overall direction of the effect of attacks on policy distance is ambiguous.

In an event-study empirical framework, I examine how high-casualty rebel attacks
affected vote alignment with the incumbent party. The framework exploits the unexpected
timing of rebel attacks and the panel structure of the congressional voting record (repeated
observations for each politician) to study the dynamics of the effect of interest.” The
analysis reveals that before the government started negotiations with the FARC, in the
pre-peace-process period, legislators were up to 25 percentage points more likely to align
their votes with the incumbent party in the days following a rebel attack. The support
dissipated quickly, tending to last less than two weeks. In contrast, once the incumbent
government had taken a concessionary policy position, in the post-peace-process period,
there were no significant legislator responses. Taken together, the results suggest that
both the rally-'round-the-flag and right-wing-support effects are important determinants
of the responses of politicians. Because the effects worked in opposite directions when
the policy position of the incumbent government was left wing, they tended to offset each
other once the peace process started.

To examine whether constituents themselves reacted to rebel attacks, I use data on
follower engagement from Twitter (likes and re-tweets). I construct a dataset of more than
350,000 tweets published by 305 Colombian politicians between 2010 and 2015. I then cre-
ate a measure of the political leaning of a tweet by benchmarking its language against that
of the two main political leaders over the period of study, Juan Manuel Santos, president

3 ( ) and ( ) use similar empirical designs, exploiting short-run
variation in the timing of terrorist attacks and measuring outcomes in the days before events relative to the days after.



from 2010 to 2018, and Alvaro Uribe, president from 2002 to 2010 and current senator,
both active Twitter users representing polar extremes of the political debate regarding
the peace negotiations with the rebel group (that is, what I refer to as the left-wing and
right-wing positions).* I find evidence for both the rally-'round-the-flag and right-wing-
support effects. Following attacks by FARC, engagement with right-leaning tweets and
tweets from politicians of the incumbent party (the PU) increased relative to engagement
with other tweets. Consistent with the observations in the legislature, these follower re-
sponses also dissipated quickly over time (the effects disappeared within two weeks of the
event). In a complementary exercise, I also document significant but similarly short-lived
surges in public attention using data from Google Trends.

The mechanisms proposed by the conceptual framework have additional testable im-
plications which I bring to the data. First, I find that the change in the overall effect (after
the peace process relative to before the peace process) was significantly stronger for legis-
lators who were more right wing, for whom the two effects would indeed offset each other
when the policy position of the incumbent government shifted to the left. Second, using
the period in which Santos was president and exploiting variation in the policy position of
the government inferred from text analysis of his tweets, I find that legislators’ responses
varied depending on the president’s language, and that the pattern is again stronger for
right-wing legislators. Third, I find that the effects are stronger both for politicians whose
legislative seats were less safe (as measured by their previous electoral performance) and
just before upcoming legislative elections, suggesting legislators’ responses were at least
partially guided by electoral incentives.

Though the empirical framework is designed to capture effects at the legislator level, I
propose a counterfactual exercise based on a potential-outcomes framework to map the esti-
mated individual effects onto the congressional-vote level. I estimate that about 30 percent
of votes which resulted in an outcome opposed by the incumbent party were sensitive to
being flipped in favour of the incumbent party by an attack. Similarly, I identify forty
congressional votes that may have favoured the incumbent position as a result of rebel
attacks and these transitory shocks in legislators” behaviour. These votes cover a broad
range of issues including the implementation of Colombia’s free trade agreement with the
United States, pension and social programs, and the functioning of intelligence agencies.

Identifying a causal relationship between conflict and politics is challenging because
politically motivated rebel groups are likely to act strategically in response to their po-
litical environment. The empirical strategies described address this challenge by using
high-frequency data and "zooming in" in time, using daily variation in political coales-

4Their Twitter usernames (and links) are and . Some recent studies that have created novel
measures of political polarization using media and language include ( ), ( ), and
( ). My measure of political leaning for tweets is similar to ( )’s measure of newspaper slant,

but I know of no studies that build comparable measures using data from Twitter.


http://www.twitter.com/JuanManSantos
http://www.twitter.com/AlvaroUribeVel

cence in congress (from roll-call voting records), political support (from Twitter), and
rebel attacks. Identification therefore relies on the assumption that the precise timing of
FARC attacks was unrelated to these outcomes in the very short run. This assumption
is plausible given that the hierarchical structure of FARC was highly decentralized and
responded mostly to local conditions. In addition, I conduct a series of empirical exer-
cises to further support this idea. I document that there were no significant differences
in the characteristics of the congressional votes that occurred before and after the attacks.
I also find no significant differences in the characteristics of congressional votes which
took place on the exact days of attacks. The results are also robust to controlling for
vote-specific characteristics and to removing conflict-related congressional votes (which
the rebels may be particularly invested in). Most importantly, following ( ), L es-
timate potential biases due to unobservables by examining the sensitivity of the treatment
to the observable controls, and I conclude that these biases are likely to be small. Finally, I
analyze the cross-geography covariance matrix of FARC attacks and find limited evidence
for coordination of attacks.

This paper contributes to a growing literature in the economics of conflict that studies
how civil war affects political behaviour and attitudes. The literature has focused on
the long-run effects of civil conflict on victims and combatants ( , ;

, ; , ).” However, few studies have examined how civil conflict
affects legislators” decision making.” I find that attacks by the rebel group had an effect
on both Twitter users (as a proxy for voters or the general public) and on politicians, who
increased their legislative alignment with right-wing incumbents.

Though the rally-round-the-flag and right-wing-support effects have been widely
documented for voters, how political violence affects the behaviour of politicians is less
clear. Two studies that examine politicians’ reactions to terrorism include
( ), which studies coalition formation, and ( ), which examines media
content for reactions from political elites. However, both of these examine Western democ-
racies’ reaction to external security threats in cross-country analyses. The fact that elected
legislators in conflict settings experience transitory shocks in political behaviour as a re-
sult of violent attacks—by rallying behind the incumbent government and by becoming
more right wing—reveals that internal conflict can have direct policy implications. These
effects may, in turn, have important implications for the potential of peace settlements,
especially if right-wing governments are both less willing to negotiate and strengthened
in the legislature by conflict.

5An idea explored in ( ) to infer coalition structures in Afghanistan and Pakistan.
6See ( ) for a review.
7 ( ) find that terrorism has an effect on judges’ decision making by increasing in-group bias. The rally-

‘round-the-flag effect and the results I present are consistent with these findings, if we consider the state to be the in-group and the
rebel group to be the out-group.



More generally, by studying the actions of politicians, this paper contributes to a lit-
erature in political economy that investigates the determinants of legislators’ behaviour
which includes, among others, ( ), ( ), ( ),

( ), and ( ). The main finding
I highlight is that transitory shocks induced by conflict events have short-run observable
effects on the decisions of politicians. Furthermore, I present suggestive evidence that
voters affect policy, as electoral incentives appear to be important determinants of politi-
cians’ responses following violent attacks. The relationship I document, and in particular
the right-wing-support effect, is stronger: for politicians who were more electorally vul-
nerable, before legislative elections relative to after legislative elections, and for politicians
representing the locations where the attacks occurred (shown in the appendix). These
findings contribute to the debate on the role of voters in electoral politics (which includes
, ; / ; , ) and suggests that

electoral incentives can mediate legislative responses to conflict.

This study is also related to a growing literature examining the relationship between
social media and politics (reviewed in , ) and,
more specifically, to that looking at politicians” use of social media.” It reveals how mea-
sures derived from social media data can be useful in understanding broader political
trends. In particular, I document that the Colombian president’s Twitter engagement cor-
related with traditional approval-rating polls and (in the online appendix) that legislators’
language on Twitter correlated with their legislative voting behaviour. I also show that
conflict responses from legislators varied across time depending on the president’s lan-
guage on Twitter. These patterns show how leaders” social media messages can provide
meaningful signals about their policy stances.

Finally, this paper contributes to the specific literature on the relationship between
conflict and politics in Colombia. ( ) documents a
relationship between paramilitary influence in legislative elections and legislators” vot-
ing in favour of policies preferred by paramilitary groups in three congressional votes.
The analysis I present complements this work and suggests that the impact of armed-
nonstate-actor violence on politicians’ votes in congress is even broader and more sys-
tematic. ( ) argues that the hard-line government of Uribe (2002—-10)
had a comparative advantage in fighting the insurgencies and thus benefited electorally
from their presence. This article reveals a new mechanism through which right-leaning
politicians benefit from conflict: increased support in the legislature.

The rest of the paper is organized as follows. Section > discusses the relevant context

8Which includes ( ) ( ) ( ) ( );
( ), among others
9Works include ( ); ( ); ( );
( ) ( ) ( ); ( ); ( ), among others.



of the conflict and legislative institutions in Colombia. Section 3 outlines the conceptual
framework, which highlights the role of the rally-'round-the-flag effect and the right-wing-
support effect in mediating legislators” responses to conflict. Section 4 describes the data
on conflict, social media, and legislative voting. Section 5 discusses the empirical research
design and the identification challenges. Section 6 presents the results, and section
concludes. In the online appendix, I document additional descriptive statistics and details
on the data, propose a series of empirical extensions and robustness checks, provide proofs
for the propositions in the theoretical framework, and present an extended discussion on
the Colombian conflict and FARC peace process in light of the effects documented.

2 Background

This section provides background on the recent history of the Colombian conflict with
emphasis on the period of study, and an outline of the country’s legislative institutions.
An extended historical background and discussion can be found in the online appendix.

2.1 Historical context

The Colombian civil war is generally described in the media as a decades-long conflict in
which an estimated 220,000 people were killed and more than 5 million were displaced.
Though that portrayal is, of course, an oversimplification, it concisely captures the grave-
ness and magnitude of the war. The start of the conflict is generally taken to be the 1960s,
a decade in which the country’s two main rebel groups, FARC and the National Liberation
Army (ELN), were founded. The emergence of these Marxist guerrilla groups marked a
transition from violence between political parties to violence of a subversive nature.

After an attempt at peace negotiations with the FARC broke down in 2002, Alvaro
Uribe Vélez was elected president in that year, running on a platform of aggressive mili-
tary campaigning against the rebel insurgencies. In 2005, a new political party, the Partido
de la U (PU), was founded with the objective of uniting Uribe’s supporters (the Uribistas).
During Uribe’s eight years as president (he was re-elected in 2006), the army intensified
its efforts at combating the guerrilla groups. Uribe’s "democratic security" policy received
substantial support from the US government in what was denominated Plan Colombia
( , ). Between 2002 and 2010, the government effectively recovered a
substantial share of the country’s territory that was previously under FARC and ELN con-
trol ( , ; , ). Despite these efforts, some areas remained without
effective state presence at the end of Uribe’s tenure in office ( , ;

, ). In 2010, the then minister of defence, Juan Manuel Santos, was elected pres-

ident on a campaign platform of continuing the fight against the insurgencies. He ran as

19Gee, for instance,


http://www.bbc.com/news/world-latin-america-34338208

the PU candidate with the support of Uribe.

Soon after being elected, Santos distanced himself from Uribe and his policies, most
notably by re-establishing diplomatic relationships with the government of Hugo Chévez
in Venezuela.' '~ In August 2012 the Santos government announced the new beginning of
peace negotiations with FARC."” This policy shift has been described as a "180-degree turn
in the conception that the Colombian state had with respect to war and peace" ( ,

, p-18). Following this shift to the left by the PU and given the rising tensions between
Uribe and Santos, the Centro Democratico (CD) was founded in January 2013 by Uribe
and other right-wing politicians to oppose the PU and Santos’s peace negotiations with
FARC.

In the legislative elections of March 2014, Uribe was elected as a CD senator. The
presidential elections of the same year represented a de facto referendum on Santos’s
peace process ( , ). In June 2014, Santos, running again
on the PU ticket, was re-elected in run-off elections against Oscér Ivan Zuluaga, a former
member of the PU who was running on the CD ticket with the support of Uribe and had
come in first place during the first round of elections the previous month.

The peace process was successful in reducing violence and de-escalating the conflict
during the four years of negotiations ( , ; , )- A bilateral
ceasefire between FARC and the government took effect in August 2016, when a final ac-
cord was announced. Santos was awarded the Nobel Peace Prize in October 2016, and
the final accord was ratified by the Colombian congress in November 2016. FARC’s dis-
armament process was completed in June 2017."* As a result of the peace process, FARC
became a political party with representation in the Colombian congress (with five seats in
each chamber). Further discussion of these events, revisited in light of the framework and
the results presented below, can be found in the online appendix.

2.2 Legislative institutions

The congress of Colombia consists of two chambers: the Senate, comprising 102 sena-
tors, and the House of Representatives, comprising 166 representatives. All members of
congress are elected by popular vote for four-year terms (without term limits) through
party lists in proportional representation.’> The years of legislative elections coincide

See .
A new political alliance also emerged with the Liberal Party. Santos’s government has been described as being politically in-
clusive, unlike Uribe’s (see
for an analysis of these political developments).
3 An exploratory phase of dialogues had begun in February of the same year.
14See

'5Seats have been distributed since 2003 using the D’Hondt method. See ( ) for a discussion of D’Hondt electoral rules in
the context of Colombia.
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http://razonpublica.com/index.php/politica-y-gobierno-temas-27/1613-santos-la-coalicion-incluyente-y-la-resurreccion-del-liberalismo.html
http://razonpublica.com/index.php/politica-y-gobierno-temas-27/1613-santos-la-coalicion-incluyente-y-la-resurreccion-del-liberalismo.html
http://www.nytimes.com/2016/11/13/world/americas/colombia-peace-deal-farc-rebels.html
https://www.nytimes.com/2016/11/30/world/americas/colombia-farc-accord-juan-manuel-santos.html
http://www.bbc.com/news/world-latin-america-40413335

with the years of presidential elections, but while legislative elections are held in March,
presidential elections are held in May (and runoff elections in June); and government
sessions start July 20 (independence day). There are thirty-six electoral constituencies in
the House of Representatives: thirty-two departments, Bogota (the capital), Colombians
abroad, indigenous communities, and Afro-Colombians. Constituencies in the House of
Representatives range from one to eighteen seats. There are two electoral constituencies
in the Senate: a single national constituency with one hundred seats, and an indigenous-
communities constituency with the remaining two seats.

Figure /> shows the distribution of seats by party for each of the governments during
the period of study. The PU held the most seats throughout the period and was the
party of the president for all three governments.'” I treat the PU as the incumbent party
throughout.

3 Conceptual framework

To frame the analysis, I present a simple model of legislative behaviour based on the
framework of ( ). The model is simplified to focus on legislators” policy position
in relation to that of the incumbent party and the preferred policy of the constituents but
extended to allow civil conflict to affect legislators” value of the incumbent party’s policy
(the rally-"round-the-flag effect) and voter preferences (the right-wing-support effect). The
framework is also related to ( ), which takes into account
incumbency and partisanship to address the interaction of these effects in the United
States.

The policy space X € R is unidimensional and policy preferences are single-peaked.
There are | legislators each representing a single electoral district. The bliss point of voters
in district j is represented by xy;."” The incumbent party chooses its preferred policy xj,
which does not necessarily match the preferences of the electorate.

6The Liberal Party had more seats in the House of Representatives in the 2006-10 government, but the PU had more seats in the
Senate and received more votes at the national level.

7Note, however, that the ruling coalition changes. In the 2006-10 period, the coalition excluded the Liberal Party and included the
Conservative Party. In the 2010-14 period, the coalition included both traditional parties. In 2014-18 period, the coalition excluded
the Conservative Party and included the Liberal Party. These shifts in coalitions are consistent with the overall policy shift of the PU
described in the previous subsection.

BSee ( ) for a review of this type of spatial models.

*Such that xy; could be the bliss point of the median voter in j. One could also interpret xy; as the voter that politicians target,
where underlying their decision is a probabilistic voting model in which voters can differ in their intensity of preferences or their
responsiveness to policy changes ( ). Empirically, this interpretation relates to the
observation that though Twitter users may not be representatlve of the populatlon of voters, they may have more intense preferences, or
be more responsive to politicians” actions. If that is the case, then politicians may choose to target their policies accordingly. Relatedly,
it has been shown that social media can drive collective action ( ; , ),
that social media engagement is associated with other forms of political engagement ( , ), and that legislators on
Twitter pay particular attention to the issues raised by party supporters ( ,

2°I do not explicitly model the process by which the incumbent party chooses its policy posmon but consider for instance a citizen-
candidate model in which the elected leader (or party) implements his (or their) preferred policy ( , ;

, 1997)-



For simplicity, the model modifies ( )'s framework such that legislators care
only about the policy preferences of the incumbent party and of their constituents. In
particular, assume that legislator j chooses a policy position x; to maximize V;:

Vj — —[wl(x]- — xl)z + wv(x]- — XV]')Z]

wr is the weight that the legislator assigns to the policy position of the incumbent party,
and wy is the weight that the legislator places on the bliss point of voters in her district.
The legislator cares about these preferences because of political and electoral incentives.
The optimization yields the legislator’s chosen policy as a weighted average of the two

positions she considers:
. wixr+ waVj

] wi + wy

Define the policy distance between the legislator’s optimal position and the position of the
incumbent party as D = lxr — Xj |, which results in the following:

D¥ =

‘WV(XI — xyj)
j

wi + wy

The framework aims to outline how conflict affects this policy distance.

3.1 Effect of civil conflict on policy distance

Consider the effect that rebel attacks have on the chosen policy position of a legislator.
The analysis allows both the weight that legislators assign to the incumbent party and the
preferred policy position of voters to change in response to the level of violent conflict.
In particular, define w;(c) as the weight assigned to the policy position of the incumbent
party and xy;(c) as the preferred policy position of the voters associated with violent-
conflict level c. Assume that E% > 0 (that is, there is a rally-'round-the-flag effect) and
that ag—gj > 0 (that is, there is a right-wing-support effect). What is aD;‘ /oc?

If the incumbent party has a policy position which is relatively right wing (to the right
of that preferred by voters in j), as conflict c increases from its initial level (cp), the chosen
policy position gets closer to that of the incumbent and D]’.‘ decreases. That is, BD;‘ /dc < 0.
Intuitively, both of the effects shift the chosen policy x]’.‘ to the right, closer to xj, as conflict
increases. Specifically:

Proposition 1: Right-wing incumbent. Let xX be a right-wing- incumbent position, such

that x> xy;(co), t. Then 9D /dc < 0.
See appendix for formal proof.

10



Consider now what happens when the incumbent party’s policy position is relatively
left wing (to the left of the voters’ initial bliss point). In this case, the two effects move x;-"
in opposite directions. The rally-"round-the-flag effect pulls x; closer to xj as ¢ increases
(to the left). On the other hand, the right-wing-support effect pushes X to the right, to-
ward xy;. Thus, we have the following proposition:

Proposition 2: Left-wing incumbent. If xt < xy;j(co), then aD]’-“L/ dc is ambiguous. How-
ever, 0D;*/dc > 9D;X/dc for similarly extreme positions—that is, if |x} — xy;(co)| <
|xf = xvj(co)l-

See appendix for formal proof and discussion.

While propositions 1 and 2 consider the relative position of the incumbent to make
aggregate predictions about legislators’ behaviour, one direct extension considers the ide-
ological position of voters. In particular, legislators whose constituents” bliss point is to
the left of the incumbent, reduce their policy distance as conflict increases. On the other
hand, the prediction for legislators * whose constituents’ bliss point is to the right of the
incumbent party is ambiguous.

Figure 1: Conceptual framework

Proposition 1 (pre-peace process)

Xyj— x]’f%

Proposition 2 (post-peace process)

x;‘a Xyj—

Proposition 3 (heterogeneity across politicians)

— * * XyR —
Xp— Xp— VR

Proposition 4 (electoral incentives)

more accountable to voters (unsafe seat U)

*

*
Xp— XR—

less accountable to voters (safe seat S)

* *
X~ XR~

Notes: The figure summarizes the conceptual framework in which the policy space is
represented by a line, x; represents the incumbent party, xy; represents voters, and x}
represents legislators” optimal policy position. The right-wing-support effect is high-
lighted as blue arrows, and the rally-'round-the-flag effect is highlighted as orange ar-
TOWS.
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Proposition 3: Left-wing and right-wing voters. If xyi(co) < xj, then E)D]’.‘ /oc < 0. If
xyj(co) > x1, then dD?/dc is ambiguous.

Proposition 3 is a direct extension of propositions 1 and 2, but it considers the posi-
tion of voters, xy;, as opposed to that of the incumbent party, x;. The implication is that
the preferences of the incumbent party and the preferences of voters interact to produce
different outcomes depending on their relative positions.

Consider now the case of varying electoral incentives such that some legislators are
more accountable to voters than other legislators are. In particular, consider two situa-
tions, U and S, where these indicate an unsafe legislative seat (or the time up to or before a
legislative election), and safe legislative seats (or the time subsequent or after legislative elec-
tion). Normalizing the policy weights such that w; + wy = 1,°' and assuming wY > wy,
(that is, U places higher weight on voters’ bliss points than S does), electoral incentives
result in U responding relatively more to the right-wing-support effect and increasing her
alignment with the incumbent party relatively more before the peace process starts and
relatively less after.

iy . . oy, 0wyl s

Proposition 4: Electoral incentives. If x‘L,I]. = x‘S,]., s = 1, 5L = 51, and wif > wy,
then BD;‘U/ac < aD;S/ac when xyi(co) < xj, and aD]i*U/ac > aD;‘S/ac when xy;(co) >
XJ.

Assuming that both the initial conditions and the size of the underlying mechanisms
(rally-'round-the-flag and right-wing-support effects) are the same for U and S, U gets
closer to the incumbent party in the pre-peace-process period (or when voters’ bliss points
are to the left of the incumbent party’s) and gets less close in the post-peace-process pe-
riod. See theoretical appendix for proof.

Figure 1 summarizes the propositions of the model. The two assumptions, % >0

(the rally-'round-the-flag effect) and % > 0 (the right-wing-support effect), are shown
as arrows. These are based on empirical evidence from previous related work and are
evaluated below in the Colombian context using data from Twitter and an event-study
framework. I evaluate propositions 1 and 2 empirically using roll-call votes and an event-
study framework which looks at the aggregate effect of conflict events on vote align-
ment with the incumbent party. In particular, I examine the effects separately for the
pre-peace-process period, when the incumbent party had a right-wing position, and the

21This normalization simplifies the analysis and removes some extreme cases. See theoretical appendix for details.
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post-peace-process period, when the party had a more left-wing position (perhaps best
characterized as a centre-left position). Proposition 3 is evaluated in a similar empirical
framework, but I allow for heterogeneity in estimated policy positions at the politician
level in a triple-interaction framework comparing left-leaning with right-leaning politi-
cians. In a complementary exercise, I use Santos’s language on Twitter to proxy for the
position of the incumbent party, x;, and examine heterogeneity along this margin. Finally,
I examine proposition 4 with three empirical exercises which attempt to highlight the
role of electoral incentives: studying behaviour for politicians in safer legislative seats in
a triple-interaction framework, comparing conflict responses before and after legislative
elections, and (in the online appendix) examining responses to attacks in legislators” own

jurisdictions.

4 Data and descriptive statistics

Three main sources of data were used for this study: data on rebel attacks from the

Global Terrorism Database, compiled by the program at the University of Mary-
land; a congressional-vote dataset from at the University of the Andes
in Colombia; and politicians’ tweets and network structure from . This section de-

scribes each of these datasets and provides some descriptive statistics. More details and
additional descriptive statistics are presented in the online appendix.

4.1 Conflict data

The main explanatory variable uses data on attacks by FARC from the Global Terrorism
Database (GTD) ( , ). The GTD is compiled from news-media sources published
on the day of, or in the days just after, an event. These events received national and
international media attention and are therefore ideal for capturing the short-run effects
of interest (more on this below). In the online appendix, I discuss in detail alternative
datasets on conflict from Colombian sources.

The GTD reports 881 FARC attacks between 2006 and 2015. The high frequency of
attacks (on average one attack every four days) presents an empirical challenge for esti-
mating the effects of interest. I restrict the main analysis to attacks with at least three
casualties (91 events). Statistics for different casualty thresholds are summarized in table

, and the main analysis is replicated with alternative thresholds in the online appendix.
Other than fatalities and injuries, there do not seem to be large systematic differences
across attacks of varying casualty thresholds. In particular, there are no apparent differ-
ences in the timing of these attacks. Figure > shows attacks by FARC across time. Each
point indicates a single attack, with the number of fatalities on the y-axis and the date of
the attack on the x-axis. The start of the peace process is labelled with a red line.
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Figure 2: Attacks by FARC across time by number of fatalities
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Notes: The figure shows all events classified in the GTD ( , ) as attacks by FARC between 2006 and 2015. The y-axis shows

the number of fatalities from a particular event, and the x-axis shows the date of the event. The vertical lines indicate the start of the
second Uribe government, the start of the first Santos government, the official start of the peace process, and the start of the second
Santos government.

4.2 Twitter data

Of the 650 legislators with profiles available from Congreso Visible for the period of study,
305 had an active Twitter account. I collected tweets for these politicians and for the two
main political leaders, Juan Manuel Santos ( ) and Alvaro Uribe (

)- The final dataset I use contains approximately 365,000 tweets (shown across
time in /A8). The majority of these tweets were published after the peace process started,
which somewhat limits the analysis below.

For each tweet, I have data on date and time of publication, user (politician), the text of
the tweet, and the number of likes and retweets. I use these last two variables to measure
follower engagement. In particular, I define tweetEngagement = log(likes 4 retweets + 1)
for each tweet.”” One concern with using follower engagement on Twitter as a measure of
popular support is that Twitter users might not be representative of voters in general. But
to the extent that politicians are more responsive to citizens who are more politically active
(or who have more intense preferences, as in , , see also footnote

), follower engagement captures an important dimension of citizens’ preferences. In
addition, figure 3 plots the average approval rating of Juan Manuel Santos across four
polls and follower engagement for across time. The two variables are
positively and significantly correlated, suggesting that tweet engagement is a good proxy
for popular support.

*>Twitter users sometimes retweet a message they disapprove of, but do so in the form of quote tweets which allow users to include
their own comment. The Twitter platform does not count quote tweets as retweets. Thus, I interpret retweets as a form of approval or
endorsement of the message in the tweet.

23The relationship between the polls’ average and the follower-engagement index is statistically significant at the go percent con-
fidence level. The relationship between the polls” average and the lag of the follower-engagement index is statistically significant at
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Figure 3: Tweet engagement and approval rating for @ uanManSantos across time
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Notes: The plot shows a time-series graph of tweet engagement and the average approval rating of Juan Manuel Santos across four
polls, after detrending (using a square time trend) and standardizing. Follower engagement at the monthly level is measured by
regressing tweetEngagement on a set of year-month dummies. The vertical lines indicate the official start of the FARC peace process
and the start of the second Santos government. Source of polls:

http:/ /colombiareports.com/santos-approval-rating-at-44-says-colombias-most-optimistic-pollster /

I measure the political leaning of these tweets through text analysis. For each tweet, I
create a vector X; of dummy variables such that x;; is equal to 1 if tweet i contains word or
phrase j, and o otherwise. To reduce the dimension of the vector, I use only the one thou-
sand most frequently used words of each leader (after removing common stop words)
and the five hundred most used two-word phrases. I use tweets by
(president from 2010 to 2018 and Nobel Peace Prize winner) and (presi-
dent from 2002 to 2010, current senator, and right-wing leader) after the start of the peace
process (once Santos’s political stance regarding FARC became stable), and I estimate the
following regression equation:

alribe; = o + BX; + ¢;

where allribe; is an indicator variable equal to 1 if tweet i was written by Uribe. This
estimation results in 3, a vector of coefficients of dimension J. Note that if word j is more
frequently used by Uribe than by Santos, the estimated j j coefficient will be positive, and
vice versa.

I then define the political leaning index for each tweet in the database as follows:

polLanguage; = & + BX;

the 95 percent confidence level. The sample comprises monthly observations from 2012 to 2015. Other studies that have documented
correlations between social media—-derived outcomes and measures of political support include ( ), ( ),
and ?, among others.
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Figure 4: Political-language index of leaders across time
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Notes: The graph shows the monthly-average political-language index for each leader across time, as well as the goth- and
1oth-percentile value for each month. The vertical lines indicate the start of the first Santos government, the official start of the FARC
peace process, and the start of the second Santos government.

such that if tweet i uses language similar to Uribe’s, polLanguage; will tend to be positive,
and if tweet i uses language similar to Santos’s, pol Language; will be negative. The index
is standardized to have mean of zero and standard deviation of one. Figure shows
the histogram of the estimated political language of the tweets of the leaders. A clear
separation is visible between the distributions of the two politicians, indicating that (i)
they used distinct language on Twitter and (ii) the procedure employed is able to capture
the distinction. The clear separation between the language used by the two leaders is
also apparent over time (figure ). The time series of their political language is consistent
with the historical context and reveals the political divergence between Santos and Uribe
as discussed in section 2. Additional descriptive statistics are presented in the online
appendix.

4.3 Congressional votes

The main dependent variable measures politicians” alignment with the incumbent (or rul-
ing) party in the Colombian congress, as a proxy for the policy distance between legislators
and the incumbent party. Using the website CongresoVisible.org, which hosts informa-
tion on congressional votes, I compiled datasets for congressional votes between 2006 and
2015.”" The dataset includes over 11,600 congressional votes and 780,000 individual votes
by over 650 legislators. Summary statistics and descriptive evidence are presented in the
online appendix.

The Partido de la U (Uribe’s former party and Santos’s party) is defined as the incum-

*4Most of the votes available through Congreso Visible occurred after the start of the second Uribe government in 2006. The only
votes removed by this restriction are 28 votes in 2002 and 2003, and there are no data available for 2004 and 2005.

16



bent party throughout the period of study. I define the following variables to quantify the
votes: (i) voteValue is defined as 1 if the legislator voted yea, o if she abstained, —1 if she
voted nay; and (ii) voteWithX is defined as 1 if the vote matched the majority of X votes,
and o otherwise, where X is a subset of all politicians. I consider an abstention to be a
negative vote in this case.”” In particular, for individual vote i and congressional vote v, I
define voteWithX as follows:

voteWithX;, =1(voteValuey, < 0) * 1( ) wvoteValue,j < 0)+
VieXy

1(voteValuey, > 0) + 1( ) _ voteValuej > 0)
VieXy

for individual vote i and congressional vote v. The main outcome of interest is align-
ment with the incumbent party, voteWithPU.

The Polo Democratico Party is the strongest left-wing party in Colombia, and it gen-
erally did not vote with the ruling party during the period of study (see online appendix).
After the legislative elections of 2014, the Centro Democratico (Uribe’s new, extreme-right
party) also tended to vote against the ruling party. The tendency of legislators to vote or
not vote with these polar parties over the period of study provides a proxy for their ideo-
logical position and can be used to evaluate whether the effects are heterogeneous along
this dimension (as predicted by the conceptual framework). I create a simple measure
of left-right ideology equal to the share of votes aligned with the right-wing party (Cen-
tro Democratico, or CD) minus the share of votes aligned with the left-wing party (Polo
Democrético, or PD) at the legislator level and normalized around the median legislator
at zero.

5 Empirical strategies

5.1 Event study design: The effect of rebel attacks on legislative alignment

To study the effect of rebel attacks on politicians” votes in congress, I first use an event-
study framework which exploits the high frequency of the voting data and the unexpected
timing of the rebel attacks (I discuss the timing of attacks below). Estimating these effects
is challenging given that there were many attacks throughout the period of study (recall

25Defining an abstention as a yea or nay vote depending on the position of a politician’s own party yields similar results for the main
analyses.

26In the appendix I extend the main analysis by looking directly at voteValue as a dependent variable.

27For legislators who were not in office during the last government (2014-18), the share of votes for the CD is imputed as the mean of
all other legislators. Mapping the left-right index onto the conceptual framework, it can be thought of as a measure of the chosen policy
position x7 of these politicians. Since x7 is a weighted average of xy; and x; but x; is common across all legislators, heterogeneity in
the left-right index captures heterogeneity in the bliss points of constituents xy;.
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figure 2) and that FARC’s actions are likely to have been correlated with government pol-
icy positions. Because of these challenges, I focus on the short-run effect of these attacks
by comparing the behaviour of politicians just before an attack with their behaviour just
after an attack. In particular, I estimate the following regression:

15
voteWithPU;y,r =a + Z BrdaysSince Attacky+ @
t=—12,-9,... 1

vp+ 0 F(t) + 0" Ty + 0" Xy + €iptuo

for individual vote i, politician p, political party u, congressional vote v, on day ¢.

The data are inherently noisy because of the nature of the voting process: votes do
not occur every day, congressional votes across days may pertain to different issues, and
not all politicians vote on every congressional vote. To alleviate some of these issues and
obtain more precise estimates, the coefficients of interest, B¢, are estimated in grouped
three-day bins such that t = 7 includes days i, i + 1, and i 4+ 2. The event-time dummy
variable daysSinceAttack; is equal to 1 if the vote occurred during the three-day ¢ period,
and o otherwise. The B; coefficients capture the mean change in politicians’ vote alignment
with the incumbent party in the days after an attack, controlling for other determinants of
vote alignment. In the main specification, I set B_3 as the excluded coefficient (f_3 = 0),
such that other coefficients measure changes with respect to this baseline.

The regression includes politician fixed effects; a function of time F(t), which includes
year fixed effects, month fixed effects, day-of-the-week fixed effects, and calendar day
(linearly); and party-specific linear trends, T,,. Note that F(¢) captures overall trends in
government support and trends in the overall intensity of FARC attacks. Some specifi-
cations also use a vector of vote-level controls X;, which includes dummies for the type
of vote (policy versus procedural), keywords (conflict- or non-conflict-related votes), and
whether the vote was proposed by a PU member or by a member of the politician’s own
party.”” The outcome of interest is alignment with the ruling party (the PU), as defined in
section 4. The regression captures the causal effects of interest as long as the error term
(€iptuv) is uncorrelated with the regressors of interest (daysSinceAttack;). 1 discuss this
important assumption in detail in the following subsections.

I conduct the analysis separately for the pre- and post-peace-process periods, as the
start of the peace process marked the most significant policy shift for the PU. Because of
the frequency of attacks and because politicians are more likely to react to events with
more casualties (which are more salient), I limit the analysis throughout to high-casualty
events—those with at least three fatalities (in the online appendix, I replicate the main

BThese congressional-vote-level controls may be bad controls ( , ), in the sense that the types of votes presented
to the floor may change in response to the attacks. I discuss this possibility further in the results section. In addition, in an exercise
which estimates bias from unobservables, I use an extended set of vote-level controls (see section 6.7).
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analysis using instead a one- or five-casualty threshold).

In addition, the main analysis is restricted to votes which occurred in the event win-
dow of a single attack. Since votes which occur near two events appear in more than
one bin, and likely in bins in both the pre-attack and post-attack periods, they have the
potential to bias the coefficients of interest toward zero. These votes are excluded from
the main analysis (around 13 percent of votes). That is, votes which have more than one
event dummy equal to 1 are dropped, requiring a clean event window of thirty days. The
sample of isolated attacks comprises thirty-three events (listed in detail in online appendix
table A6). The main tables show results both with and without this restriction. Standard
errors are two-way clustered at the politician and week levels to allow for non-nested
correlation in these dimensions ( , )-

Table 1 shows the mean of the main outcomes of interest around the dates of attacks
for a one-week window, for both all events and isolated events. Even without controls,
mean engagement and support for the PU were greater in the weeks after attacks than in
the weeks before attacks.

5.2 A triple-interaction framework: Heterogeneity across legislators’ ideology

To study whether the effects were heterogeneous across the spectrum of politicians” ide-
ology, I pool the entire period of study together and interact pre- and post-peace-process
indicators, the left-right ideology index, and event indicators, in a triple-interaction frame-
work. In particular, I study regressions of the following form:

voteWithPU;y, =Popost Attack: + B1postPeaceProcess; x post Attack;
+ BapostPeaceProcessy x LRindex, + B3post Attack; * LRindex)
+ BapostPeaceProcess; * post Attack; * LRindex,
+9p + 0'F(t) + 0" Ty + 60° Xy + €iptuo

for individual vote i, politician p, political party u, congressional vote v, on day t. post Attack;

is an indicator variable equal to 1 if the vote occurred in the week after an attack, post PeaceProcess;
is an indicator variable equal to 1 if the vote occurred after the peace process began, and
LRindexy is the left-right index of politician p. The non-interacted postPeaceProcess; vari-

able is also included in the regression but is already partly captured by F(t) and thus
considered part of this function. The non-interacted LRindex, is captured by the politi-

cian fixed effects y,. LRindex, is coded both as a dummy variable (below or above the
median, as shown in figure /6) and a continuous variable, depending on the specification.

Some specifications include an attackWindow dummy, an indicator variable equal to 1 if

the vote occurred within two weeks of an attack (fully interacted with the other relevant
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Table 1: Mean of outcomes around rebel attacks

Pre-attack Post-attack Pre-post diff  Events
N-only pre + N-both ~ N-only post + N-both
Tweet engagement
2.756 2.832 0.076 All
(0.167) (0.146) (0.188)
I N=4233 + 1182 N=3886 + 1182
Right-wing tweets 2.919 3.059 0.140 Isolated
(0.235) (0.142) (0.268)
N=2581 N=2156
1.420 1.397 -0.023 All
(0.135) (0.135) (0.161)
PU tweets N=8114+2157 N=6913+2157
1.523 1.666 0.143 Isolated
(0.223) (0.140) (0.260)
N=5116 N=3367
1.540 1.504 -0.035 All
(0.139) (0.132) (0.155)
N=29504+7448 N=25064+7448
Other tweets 1.636 1.682 0.046 Isolated
(0.209) (0.188) (0.275)
N=17263 N=12591
Legislative alignment with PU
0.671 0.708 0.037* All
(0.013) (0.017) (0.020)
_ N=40295+13672 N=41499+13672
Pre-peace process 0.657 0.743 0.086*** Isolated
(0.021) (0.026) (0.009)
N=23501 N=26829
0.693 0.722 0.029 All
(0.006) (0.022) (0.022)
3 N=39405+10715 N=26674+10715
Post-peace process 0.695 0.756 0.061 Isolated
(0.008) (0.055) (0.055)
N=27704 N=12630

Notes: The table provides the mean of the main outcomes of interest around the dates of FARC
attacks. All events include FARC attacks with 3+ casualties, and isolated events are those for
which there is at most one event during the event-study window. Some observations (if all events
are included) may both precede and follow an attack, the number of overlapping observations
are shown as N-both — this number, by construction, is equal to zero for the isolated events.
Standard errors clustered at the week level in parentheses.
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variables), such that the interpretation of the 3 coefficients is a change in alignment rela-
tive to the week before an event. As before, the preferred specification restricts the sample
to isolated events in a thirty-day window of time (consistent with the restriction of the
event study) in which at most one event occurs.

The By coefficient captures the overall change in alignment with the incumbent party
in the week after an attack (that is, the combination of the rally-'round-the-flag and right-
wing-support effects), and 1 captures the differential change in the effect after the peace
process started.”” Of particular interest is coefficient 4, which captures the relative change
for politicians who are more right wing. The conceptual framework predicts that the
effect of attacks on incumbent-party alignment mostly changes for these politicians after
the peace process starts, as they are the ones for whom the rally-round-the-flag and
right-wing-support effects will tend to go in opposite directions. On the other hand,
for politicians who remain left of the incumbent party, the two effects affect the policy
distance in the same direction in both periods, despite the relative change in the policy
position of the incumbent party.

5.3 Threats to identification

The empirical strategies presented assume that, conditional on the sets of controls, the
timing of attacks by FARC is not correlated with unobserved factors which affect the pat-
terns of voting in the Colombian congress in the short run (when the effects are identified).
In particular, I treat the specific timing of the attacks as exogenous to vote alignment with
the incumbent party in the legislature. Two specific concerns are that (i) FARC attacks
might have occurred in anticipation of congressional voting patterns or (ii) FARC might
have planned attacks in order to influence voting in congress (which could lead to biased
results). Such short-run strategic timing in military operations has been documented, for
instance, for the Israeli army in ( ). I present evidence sug-
gesting that the military capacity of FARC rebels is closer to that of Palestinian militants
(for whom , , find no such patterns).

Though FARC'’s general strategy and direction were dictated from the top of the orga-
nization, the precise planning and execution of specific attacks responded mostly to local
economic factors ( , ; , ; , ) and
military opportunities ( , ). The latter factor is especially relevant in the period
under examination, in which Uribe’s aggressive campaign against the group, including
modernizing the military and implementing new strategies, forced FARC to adopt more
defensive military tactics, retreat deeper into the jungle and take refuge in Venezuela and
Ecuador ( , ; , ; , ). FARC’s intelligence was also

29Under some assumptions, it can also be shown that this is equivalent to the right-wing-support effect times —2.
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highly decentralized:

The bloc mounts attacks if leaders determine that they are feasible at minimal
risk. FARC "campaigns" thus are sums of decentralized tactical actions, not inte-
grated operations. They reflect only very general strategic goals. The intelligence
required correspondingly also is mainly tactical military in nature. (

) , P-458)

Note also that the results (shown in detail below) suggest that attacks by FARC in-
creased support for the right-wing government. It could be the case that FARC aimed to
influence policy and succeeded (it wanted to increase right-wing support). However, such
a strategy is not consistent with the group’s military and political goals ( , ;

, ). Furthermore, rogue units were extremely rare ( ,

). In addition, it is not clear that FARC’s military and organizational capabilities

would have allowed for such a strategy to be sustained as to produce the statistical pat-

terns I present below, and much less a strategy as perplexing as the one described. Overall,

these considerations suggest that the very precise timing of FARC attacks is unlikely to
have been related to events in the Colombian legislature.

In addition to this qualitative evidence, I perform a series of quantitative exercises
to further the argument presented here. First, as a balance test, in table > I show mean
differences in outcomes between congressional votes which occurred in the week prior to
attacks relative to votes in the week following attacks. Specifically, I run regressions of the
following form:

Yot = a + BrpreAttacky + Bopost Attackyy + epr (3)

where Yy, is a congressional-vote-level characteristic, and preAttack,; and post Attack,; are
dummy variables indicating whether the vote took place in the week before or the week
after an attack with at least three casualties (a restriction consistent with the main empiri-
cal analysis). This analysis is done at the congressional-vote level (N=11,666). Column 7 of
table > tests for differences between the corresponding two coefficients. I find statistically
significant differences in only three out of fifty-one outcomes.

There are three possible interpretations for these differences: (i) type I errors, (ii) dif-
ferences due to deliberate timing of attacks by FARC, and (iii) differences due to strategic
manipulation of the legislative agenda by politicians. If (ii) was the case, these differences
would be likely to persist regardless of the casualty-threshold restriction. However, these
differences are not significant for FARC attacks with at least one casualty,’” suggesting
that these congressional-vote characteristics are not systematically correlated with FARC

3°The p-values are 0.41, 0.41, and o.12 for "Fifth committee in the Senate," "Law project," and "Legislative acts" respectively. Using
instead a five-casualty threshold, the p-values are 0.22, 0.57, and o.1 respectively. The fifth committee is responsible for matters of
agriculture, ecology, the environment and natural resources, land management, fishing and maritime affairs, and mining.

22



Table 2: Congressional-vote characteristics

cons S€cons ﬁpreAttﬂck S€preAttack .BpostAttack S€preAttack p-value
(.B preAttack — .BpﬂstAttack)

Vote group/committee

Vote in Senate 0.2307 (0.0230)  -0.0069 (0.0446) -0.0906 (0.0426) 0.189
Vote in Chamber of Reps 0.2765 (0.0206)  0.0051 (0.0468) 0.0095 (0.0560) 0.954
Primera de Senado 0.0927 (0.0136)  0.0835 (0.0523) 0.0262 (0.0313) 0.380
Segunda de Senado 0.0418 (0.0063)  -0.0170 (0.0111) -0.0022 (0.0124) 0.394
Tercera de Senado 0.0211 (0.0036)  -0.0087 (0.0070) 0.0097 (0.0128) 0.255
Cuarta de Senado 0.0158 (0.0043) -0.0124 (0.0038) -0.0119 (0.0041) 0.817
Quinta de Senado 0.0279 (0.0073)  -0.0232 (0.0077) 0.0061 (0.0132) 0.054*
Sexta de Senado 0.0374 (0.0068)  -0.0070 (0.0119) 0.0066 (0.0195) 0.548
Séptima de Senado 0.0348 (0.0149) -0.0117 (0.0183) 0.0149 (0.0327) 0.493
Primera de Cadmara 0.1136 (0.0142)  0.0560 (0.0525) -0.0297 (0.0284) 0.195
Segunda de Camara 0.0430 (0.0065)  -0.0270 (0.0093) 0.0039 (0.0153) 0.107
Tercera de Cédmara 0.0354 (0.0053)  -0.0007 (0.0131) -0.0065 (0.0142) 0.786
Cuarta de Cdmara 0.0211 (0.0041)  -0.0215 (0.0050) 0.0059 (0.0174) 0.184
Quinta de Camara 0.0241 (0.0068)  0.0082 (0.0207) 0.0173 (0.0219) 0.782
Sexta de Camara 0.0348 (0.0072)  -0.0025 (0.0226) 0.0243 (0.0236) 0.467
Séptima de Camara 0.0416 (0.0092)  -0.0145 (0.0156) 0.0104 (0.0295) 0.500
Vote statistics

Number of Votes 44.5853  (2.3146)  0.0706 (4.2694) -7.0187 (3.8431) 0.190
Number of Abstentions 27.2763  (1.6806)  -1.3528 (2.9459) -4.8212 (2.9862) 0.399
Percent of Abstentions 0.3218 (0.0064)  -0.0030 (0.0131) -0.0172 (0.0152) 0.505
Vote type

Votacién Proyecto de Ley 0.4072 (0.0260)  -0.0799 (0.0352) 0.0311 (0.0502) 0.061*
Votacién Acto Legislativo 0.0778 (0.0126)  0.0692 (0.0429) -0.0328 (0.0218) 0.036**
Votacién Proposiciones 0.2008 (0.0195)  -0.0227 (0.0334) -0.0550 (0.0285) 0.417
Votacién Impedimentos 0.1384 (0.0160)  0.0679 (0.0394) 0.0554 (0.0516) 0.852
Votacién Orden del Dia 0.0559 (0.0073)  -0.0249 (0.0107) -0.0180 (0.0110) 0.633
Votacién Otros Asuntos 0.0269 (0.0049) -0.0127 (0.0054) -0.0076 (0.0063) 0.421
Votacién Sesién Permanente 0.0121 (0.0034)  -0.0044 (0.0052) -0.0034 (0.0045) 0.877
Vote keywords

Keyword Militar 0.0286 (0.0127)  0.0370 (0.0459) -0.0136 (0.0168) 0.357
Keyword Salud 0.0573 (0.0203)  -0.0499 (0.0197) 0.0021 (0.0362) 0.186
Keyword Paz 0.0127 (0.0041)  0.0018 (0.0075) -0.0057 (0.0055) 0.276
Keyword TLC 0.0036 (0.0012)  0.0093 (0.0088) 0.0211 (0.0167) 0.590
Keyword Justicia 0.0422 (0.0115)  0.0583 (0.0451) -0.0106 (0.0210) 0.173
Keyword Victimas 0.0100 (0.0052)  0.0011 (0.0090) 0.0130 (0.0178) 0.576
Keyword Infraestructura 0.0080 (0.0037)  -0.0028 (0.0045) -0.0039 (0.0042) 0.831
Keyword Tributaria 0.0424 (0.0269)  -0.0298 (0.0226) -0.0372 (0.0232) 0.279
Keyword Empleo 0.0057 (0.0043)  -0.0051 (0.0036) -0.0036 (0.0038) 0.278
Keyword Educacién 0.0051 (0.0018)  0.0074 (0.0082) 0.0052 (0.0062) 0.849
Keyword Terrorista 0.0040 (0.0019)  -0.0034 (0.0016) -0.0034 (0.0016) 0.838
Keyword Social 0.0075 (0.0032)  -0.0022 (0.0035) 0.0064 (0.0066) 0.245
Keyword Corrupciéon 0.0102 (0.0033)  0.0063 (0.0109) -0.0021 (0.0093) 0.604
Keyword Transporte 0.0047 (0.0016)  0.0021 (0.0042) 0.0016 (0.0037) 0.947
Keyword Television 0.0080 (0.0039) -0.0034 (0.0046) -0.0074 (0.0034) 0.307
Keyword Servicios 0.0065 (0.0017)  0.0039 (0.0043) -0.0041 (0.0023) 0.116
Keyword Equilibrio 0.0640 (0.0197) -0.0116 (0.0334) -0.0332 (0.0270) 0.616
Keyword Penitenciario 0.0031 (0.0016)  0.0072 (0.0075) 0.0000 (0.0037) 0.388
Vote proposer (by party)

Partido Liberal 0.0740 (0.0070)  0.0250 (0.0201) 0.0043 (0.0189) 0.495
Partido Cambio Radical 0.0313 (0.0047)  -0.0025 (0.0085) 0.0187 (0.0177) 0.335
Partido Conservador 0.0689 (0.0075)  -0.0092 (0.0109) -0.0024 (0.0132) 0.694
Partido de la U 0.0828 (0.0071)  -0.0031 (0.0200) 0.0645 (0.0392) 0.164
Polo Democrético Alternativo  0.0406 (0.0048)  0.0178 (0.0198) -0.0131 (0.0092) 0.199
Centro Democratico 0.0244 (0.0056)  0.0052 (0.0099) 0.0004 (0.0100) 0.742
No proposer 0.6783 (0.0211)  -0.0331 (0.0424) -0.0781 (0.0575) 0.552

Notes: The table shows the conditional correlations of vote characteristics and timing of events. Each row corresponds to a regression
of vote characteristic as an outcome, on week-before and week-after dummy variables (columns 3 and 5). N=11,666 for all regressions
except Vote statistics, see Table A1.
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actions. Interpretation (i) is likely given the number of tests. In fact, none of the differ-
ences are statistically significant using the Bonferroni correction for multiple comparisons.
I discuss interpretation (iii) in the results section.

In a complementary exercise to further study the possibility that FARC attacks were
deliberately timed, I also examine which congressional-vote characteristics are associated
with the occurrence of an attack. I examine vote characteristics in the week preceding
events by examining regressions of the following form:

Yot = a + BpreAttacky; + 0'F(t) + ey (4)

The analysis includes a function of time F(t), which includes year fixed effects, month
fixed effects, day-of-the-week fixed effects, and calendar day (linearly), as in the baseline
regressions.

The results are shown in table /7. Without including time controls, nine out of fifty-
one outcomes appear statistically significant (at a 95 percent confidence level; but only
one outcome when using the Bonferroni correction for multiple comparisons). Once time
controls are included, only six out of fifty-one outcomes appear statistically significant
(and none when using the Bonferroni correction). None of them stand out as being partic-
ularly relevant to FARC, with one important exception—the keyword "terrorist"—though
this exception disappears with the introduction of controls. The direction of the coefficient
suggests that FARC attacks were less likely to occur following legislative votes with this
keyword, which may be consistent with the idea of FARC avoiding actions in sensitive
political times to prevent a backlash. Such behaviour may in fact imply that the main esti-
mates I present would be downward biased. I later use the unbalanced controls from this
analysis in an exercise aimed at bounding the treatment effects by estimating potential
omitted variable bias.

I also repeat the analysis using data from Twitter, looking at a set of keywords (selected
to match those from the legislative agenda) and the volume of legislators’ tweets in the
week preceding the events. None of these variables appear to be significantly correlated
with FARC actions (table ).

Though there appears to be no evidence for strategic timing of FARC attacks along
these observable dimensions, unobservable selection arising from rebel behaviour might
still bias the coefficients estimated. To more directly address concerns about omitted
variable bias, in section I follow ( ) and use the sensitivity of the estimated
coefficients to added controls to assess the potential for bias due to unobservables. 1
present an extended empirical framework in which unobservable factors affect legislative
behaviour and the timing of FARC attacks to illustrate the methodology, and I estimate
bias-adjusted treatment effects. Importantly, the treatment effects are remarkably stable
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relative to changes in R-squared movements when adding observable controls. The exer-
cise suggests that the potential bias due to unobservables is small (and this is particularly
true before the peace process started).

Finally, in the online appendix I perform two additional exercises. I discuss and eval-
uate the possibility that FARC coordinated attacks across locations by examining the co-
variance matrix of events (based on ideas from , ). I do not find
strong evidence of this. Second, in a similar exercise to the one shown above, I find that
congressional-vote characteristics do not appear to have been significantly correlated with
the exact days on which attacks occur. These findings are consistent with the idea that
FARC intelligence was decentralized and again suggests that its actions were not corre-
lated with events in the Colombian congress in the short run.

6 Empirical analysis and results

6.1 Effect of rebel attacks on tweet engagement

Before investigating whether attacks by the rebel group affected politicians” voting be-
haviour in congress, I investigate whether Twitter users responded to these attacks. I
examine short run effects by analyzing the impact of high-casualty attacks (more than
three fatalities) on engagement with tweets from politicians of the incumbent party (PU)
and with right-leaning tweets. I estimate an event-study regression similar to the one
outlined in equation

The results of these regressions are shown in figure 5. The coefficients estimated sug-
gest that tweets from PU members received about 12 percent more engagement (top) and
right-leaning tweets received about 30 percent more engagement (middle) in the three
days after an attack by FARC, relative to tweets in the three days before the attack oc-
curred.’”” An analogous regression on all other (non-PU, non-right-wing) tweets reveals
no overall spike in activity (bottom). The response of Twitter users suggests that support
for both the incumbent party and right-leaning messages increased following attacks.

3'More precisely, the equation is this:

15
tweetEngagementjy, =x+ Y PrdaysSinceAttack; + yp + 0'F(t) + 0" T, + gjpr (5)
t=—12,-9,.

for tweet 7, politician p, on day t. The regression includes politician fixed effects and a flexible function of time to capture nonlinear
trends in Twitter activity.

32 also find a positive but small and insignificant effect on the computed political-language index; that is, following FARC attacks,
politicians” language became (slightly) more right wing (not shown). To some extent, the public may have responded to these attacks
because of influence from their representatives. (2016) presents evidence of public attitudes changing in
the years following elections depending on the politicians elected to office. However, given the very short-run nature of the analysis I
present (over the span of a few days), the extent to which these responses may have been driven by influence from politicians is likely
to be limited.

33Note that this is despite the fact that most of these tweets were published after the peace process started, when the incumbent
party had a left-wing policy position. Unfortunately, the pre-peace-process sample is not large enough to run this part of the analysis
separately.
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Furthermore, the strong initial reaction seems to have dissipated quite rapidly.

6.2 Effect of rebel attacks on vote alignment with the ruling party

Data on tweet engagement suggests that both incumbent politicians and right-wing views
experienced a short-run boost in support following attacks. Next, I investigate whether
politicians themselves changed their behaviour as a response to rebel attacks.

Figure 6 shows the results from the event-study specifications outlined in section
(equation 1). A clear pattern is evident in these specifications. Before the peace process
started (top figure), vote alignment with the ruling party increased by around 25 percent-
age points in the three days following an attack, relative to the three days before. The effect
then weakened progressively. In the post-peace-process period (middle figure), however,
the coefficients are considerably smaller and most are not statistically different from zero.
Finally, I run a specification which pools all pre-peace-process and post-peace-process
votes and test for the difference in coefficients by interacting the event-time dummies with
a post-peace-process dummy. The differences in the coefficients (bottom figure) show that
there was a statistically significant difference in the short-run reaction from these attacks,
as suggested by the conceptual framework.

The results of this section suggest that, following attacks by the rebel group, the
rally-'round-the-flag effect shaped legislator behaviour, as observed in increased align-
ment with the ruling party. The fact that the effect weakened in the post-peace-process
period can be explained by the shift in the policy position of the government from a
hard-line, right-wing position to a concessionary, left-leaning position. The post-peace-
process results suggest that the right-wing-support effect reduced the overall effect after
the incumbent government changed its policy position. In the online appendix I show
results from an alternative model that does not define the event-time dummies but sim-
ply compares vote alignment after and before attacks for a one-week window around the
events and analyzing a wider set of specifications. The appendix also includes a series of
robustness checks and other empirical extensions.

6.3 Public attention and duration of the effects

The dynamics of the effects, both on Twitter engagement and on congressional votes
(before the peace process), are relatively consistent. The study shows a sharp spike of
support (for the incumbent party in congress before the peace process and for both the
incumbent party’s tweets and right-wing tweets) in the days just after the events, though
the effect dissipated quickly and support returned to the pre-event levels in less than two

34Based on the conceptual framework, the difference in these coefficients can be interpreted as capturing (two times) the magnitude
of the right-wing-support effect. I estimate the relative size of the two effects in the online appendix.
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Figure 5: Event study: Effect of FARC attacks on tweet engagement
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Notes: The figure illustrates the coefficients from the event-study design specification for tweets from the incumbent party (top), the
10 percent most right-leaning tweets (middle), and all other tweets (bottom). The regression includes politician fixed effects and a
function of time as outlined in section 5. Coefficients are estimated in three-day bins. Events include all FARC attacks with at least
three casualties, and the sample is restricted to tweets which occurred within the event window of at most one attack. Standard errors
are two-way clustered at the politician and week levels.
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Figure 6: Event study: Effect of FARC attacks on vote alignment with the ruling party
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Notes: The figure illustrates the coefficients from the event-study design specification for the pre-peace-process period (top) and the
post-peace-process period (middle). The regression includes politician fixed effects and a function of time as outlined in section
Coefficients are estimated in three-day bins. Events include all FARC attacks with at least three casualties, and the sample is restricted
to votes which occurred within the event window of at most one attack. The bottom figure shows the difference between the
post-peace-process and pre-peace-process coefficients, computed by running a pooled regression and interacting the three-day bins
with a post-peace-process dummy. Standard errors are two-way clustered at the politician and week levels, with 95 percent
confidence intervals shown.
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weeks.”” Salience of the events is an important mechanism through which these effects
arose. If legislators and the public had not learnt about these events, we would not expect
to see reactions. The GTD comprises events which were covered in the media in the days
soon after the events, and therefore, capture this important dimension of the attacks. I
examine here whether the dynamics of public attention are also consistent with the effects
observed.

I first use data from Google Trends to examine public reactions by using volume of
Google searches (measured from o to 100) for “FARC Attack” (“Ataque FARC”) as an
outcome.” In addition, I use the Twitter dataset to see whether legislators mentioned
these events in their tweets. The results are shown in figure 7. The patterns observed
here are similar to those observed in the event-study exercises above, suggesting that the
attention captured by these events also tended to be short-lived. In addition, I observe no
pre-event changes in attention, suggesting that the attacks were indeed unanticipated by
legislators and the public.

The dynamics of attention appear also consistent with those of terrorist attacks in other
contexts. Figure 5 shows Google search volume for three major terrorist events (London
in 2005, Paris in 2015, and Orlando in 2016) and one FARC attack in Colombia (Cauca in
2015), for comparison. The dynamics of public interest in these events are consistent with
the effects I document: a sharp spike which quickly dissipated and lasted less than two
weeks. These dynamics are also consistent with those found by studies in other settings

( p ; , ; , )-

6.4 Heterogeneity across legislators’ ideological position

One additional testable implication from the conceptual framework is that the difference
in the effects between the pre- and post-peace-process periods was larger for politicians
representing voters who were more right wing (proposition 3). This section studies
whether the effects documented are heterogeneous across the estimated ideological po-
sition of politicians (conceptually a weighted average of the incumbent party’s and their
constituents” bliss points)—in particular, whether the change in the magnitude of the
effects from the pre-peace-process to the post-peace-process period was larger for more
right-wing politicians. As the policy position of the incumbent party shifted from the right

35In the online appendix, I further study these dynamics by grouping the event-study coefficients into short-run, medium-run, and
long-run estimates.

3%Google Trends data are normalized to 100 on the days of highest attention within the search window. I collected Google Trends
data in rolling windows to get daily variation on public attention. The results shown use the raw data; however, with overlapping
windows, the data can be renormalized. The results with the renormalized data are indistinguishable from the ones presented here
(as the time fixed effects partly absorb such a normalization).

37 ( ) studies the duration of the effect of government-issued terror warnings on approval ratings and finds suggestive
evidence that the effects are "of relatively short duration" but that in general they do not persist for more than two weeks.

( ) studies the effects of the Boston Marathon bombing on individual well-being and finds that the effects did not

persist for more than one week. ( ) study the effect of a political assassination on public opinion
and find that the effects dissipated within two weeks.
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Figure 7: Event study: Effect of FARC attacks on public attention
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Notes: The figure illustrates the coefficients from the event-study design specification using attention as an outcome, as measured
through Google Trends and Twitter data. The outcomes are volume of Google Trends (measured from o to 100) for “FARC Attack”
(“Ataque FARC”) and legislators’ mentions of the events on Twitter (tweets that mention both "FARC" and "Attack"). Coefficients are
estimated in three-day bins. Events include all FARC attacks with at least three casualties, and the sample is restricted to days within
the event window of at most one attack. Standard errors are clustered at the week level.
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Figure 8: Dynamics of public interest: Google Trends and attacks
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Notes: The figure shows Google search volume for one major FARC attack in Colombia (Cauca 2015) and three other terrorist attacks
(London in 2005, Paris in 2015, and Orlando in 2016). Google Trends data are normalized around the date of highest search volume
(set at 100). I restrict the search criteria to the month of each event. See

to the left, it is precisely among more right-wing legislators that the right-wing-support
effect would now push them away from the incumbents’ new, left-leaning position.

To analyze this hypothesis, I interact the continuous left-right index with dummy indi-
cators for whether the votes occurred in the week just after the attacks and for post-peace-
process period, as outlined in equation 2.”" The results are presented in table 3. Note first
that the main effect, as captured by the coefficient on the post-attack dummy (row 1), is
statistically significant and robust across specifications. Second, the effect weakened in
the post-peace-process period, though the overall difference is not always statistically sig-
nificant for the one week after the attack (row 2, post-attack x post-peace-process). These
coefficients are relatively large but imprecisely estimated. The results also suggest that
there is heterogeneity in the main effect, with right-wing legislators being overall more re-
sponsive to the events (row 3), though these results are not always statistically significant.
Note that this particular heterogeneity is not addressed by the conceptual framework and
is instead an empirical finding suggesting that the magnitude of the effect is on average
larger for these legislators.

Most importantly, the reduction in the magnitude of the effect is larger and statistically
significant for more right-wing legislators (row 4). This finding is predicted by the con-
ceptual framework. The coefficients in the preferred specification (column 4) suggest that

38The attack-window dummies are indicators for whether the vote occurred in a two-week window around the event. Including these
dummies may capture some omitted variables but also allows us to interpret the coefficients presented as the change in alignment
relative to the week before the attack. For brevity, these dummies are not shown in the tables, but they are small and statistically
insignificant in almost all specifications. This pattern is also reassuring in that it indicates that there were no significant changes in
voting alignment in the week just before an attack.

391f, for instance, right-wing voters tended to shift their preferred policy position to the right more than left-wing voters following
an attack (the right-wing-support effect), then we would observe this.
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Table 3: Effect of FARC attacks on vote alignment with ruling party, one week after attacks, heterogeneity
by legislators” ideology

(1) ©) (€) (4) (5) (6) @)
Post-attack, 3+ caslts. 0.0700***  0.101***  0.140"**  0.132"**  0.134™* o0.137***
(0.0187)  (0.0367)  (0.0275) (0.0320)  (0.0313) (0.0333)
Post-attack x post peace process -0.0502 -0.0435  -0.0909* -0.0757  -0.101**  -0.0605

(0.0320) (0.0600)  (0.0494) (0.0505)  (0.0418) (0.0517)

Post-attack x LRindex 0.340** 0.378 0.539"*"* 0.491* 0.493 0.262 0.513"
(0.165) (0.254)  (0.185) (0287)  (0335)  (0.369)  (0.298)
Post-attack x LRindex x post PP -0.603** -0.772  -1.018"**  -0.881"** -1.190"* -0.915"* -0.896***
(0-299) (0.510)  (0.256) (0336)  (0.514)  (0.401)  (0.336)
N 781076 674318 674316 674316 620544 152385 674316
N. politicians 666 662 662 662 597 60 662
Politician FE no no yes yes yes yes no
Day FE no no no no no no yes
Attack window dummies no yes no yes yes yes yes
Isolated events no yes yes yes yes yes yes
Time function no no yes yes yes yes no
Party trends no no yes yes yes yes yes
Exclude polar parties (PD and CD) no no no no yes no no
Only always in office no no no no no yes no
Politician x period FE no no no no no no yes

Notes: Estimates from the triple-interaction specification in which the dependent variable is alignment with the ruling party. Column
1 includes no controls or fixed effects. Column 2 includes a dummy for the two-week window around the event and restricts the
sample to isolated events. Column 3 includes politician fixed effects and a function of time as outlined in section 4. Column 5
removes politicians from the main polar parties, the left-wing Polo Democratico and the right-wing Centro Democratico (alignment
with these parties is used to measure the left-right index). Column 6 restricts the sample to politicians who were in office during the
entire period of study (2006 to 2018). Column 7 includes politician x period (pre- or post-peace-process) fixed effects and day fixed
effects. Two-way clustered standard errors at the politician and week levels are in parentheses.
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a legislator one standard deviation to the right of the median (0.13 units in the left-right
index) increased his alignment with the incumbent party by about 19 percentage points in
the week just after an attack, relative to the week just before (0.132 + 0.13%0.491 = 0.1958),
in the pre-peace-process period. On the other hand, in the post-peace-process period, such
a legislator increased his alignment with the incumbent party by just 0.5 percentage points
(0.132 + 0.13%0.491 — 0.0757 — 0.13%0.881 = 0.0056). This pattern is relatively unchanged
if legislators from the two polar parties used to measure the left-right index (the PD and
the CD) are removed from the sample (column 5) and if the sample is restricted to legisla-
tors who were in office during the entire period of study (column 6). The last specification
includes politician-period fixed effects and day fixed effects, allowing only for the identifi-
cation of the relative change in alignment for more right-wing politicians (column 7). The
results are robust to the inclusion of these fixed effects. Additional robustness checks are
shown in table , which include a series of sample restrictions, using a dummy variable
for the left-right index, excluding sensitive political times (before legislative elections and
the announcement of the peace process), and including congressional-vote-level controls.

Consistent with the conceptual framework, the overall effect weakened after the peace
process started, especially for more right-wing legislators, for whom the two forces, the
rally-'round-the-flag and right-wing-support effects, worked in opposing directions. In
the next section, I perform a complementary exercise, but instead of using the two time
periods (pre- and post-peace-process) to evaluate the heterogeneity depending on the
incumbent party’s position, I use the language in President Santos’s tweets as a continuous
measure of the party’s position.

6.5 Twitter language as proxy for incumbent’s political position

I have so far separated the analysis into pre- and post-peace-process periods, as the start of
the negotiations with FARC marked the most significant shift in the policy position of the
PU since the party’s inception ( , ). This section examines whether changes in
the incumbent party’s policy position, as measured by language on Twitter, also map onto
heterogeneous responses to rebel attacks. To do so, I restrict the analysis to the Santos
government and use the political-language index of the president’s tweets as a measure
of the political position of his party. Though this is a potentially endogenous measure of
political position, changes in the language of the president are a good signal to legislators
about the party’s position and can thus be used to evaluate the conceptual framework with
a more continuous measure of the incumbent party’s position, as an additional empirical

exercise. Figure ; shows this measure (Santos) over time. In particular, I use a monthly
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measure of the president’s political stance.”” I study regressions of the following form:

voteWithPU;yy,, = BopolLanguagelncumbent; + B1post Attacky
+ BapolLanguagelncumbent; x post Attack; + 7y (6)
+ 0'F(t) + 0" T, + 0" Xy + €iptuo

where polLanguagelIncumbent; is the monthly measure of the political language of the
president (as a proxy for his party’s political position) at time ¢. The coefficient of inter-
est, B, captures the heterogeneity of the effect of rebel attacks on political support for
the PU, depending on the language of the president. In addition to the baseline estimate
shown above, some specifications also include as a control an interaction of the treatment
(post Attack;) with a linear trend (to capture the gradual shift of the party’s position to the
left and other potential changes in the political environment) and include an interaction
with a post-peace-process indicator.”’ I also study a triple-interaction model, analogous
to the regression outlined in equation 2, to estimate heterogeneity across politicians” ide-
ological positions (a testable implication of the conceptual framework).

The results from this analysis are presented in table ;. Column 2 shows the baseline
results and reveals that in months in which the president used more right-wing language
on Twitter, the effects of rebel attacks on political support for his party tended to be larger
(B = 0.115), though this coefficient is not statistically significant. Once we control for
the interaction between the post-attack dummy indicator and both the post-peace-process
indicator and a linear trend (which captures the broader shift in the incumbent party’s
position), we see that the interaction with political language becomes much larger and
statistically significant (column 3). Columns 4—9 reveal that, as suggested by the con-
ceptual framework, there was substantial heterogeneity in the reaction to the president’s
language across politicians” political positions. In particular, the estimate on the triple in-
teraction suggests that politicians who were more right wing decreased their support for
the incumbent party differentially as the language of the president shifted left (positive
coefficient in row 5).

The range in the political-language index of Santos during his time in office is about
half a unit, from a high of around zero (-0.0197 in September 2010) to a low of around
-0.5 (-0.5033 in June 2014). The preferred estimates (column 5) suggest that in the week
following an attack, a neutral politician (left-right index equal to zero) would increase her
alignment with the incumbent party by about 12 percentage points when the language of

4°Finer time disaggregation would lead to more noise in the measure and exacerbate concerns about endogeneity. In the online
appendix, I show that the results are robust to using a lagged measure of the monthly political-language index.

#'For clarity, the full equation estimated is this: voteWithPUyyy, = PopolLanguagelncumbent; + BypostAttack; +
BapolLanguagelncumbent; x post Attacky + BslinearTrend; 4 BelinearTrend; x post Attack; + BspostPeaceProcess; + BgpostPeaceProcess; *
post Attacks + v, 4 0'F(t) + 0“T, + 0" Xo + €ipuo

42Also note that the differential effect across the language of Santos is robust to the inclusion of a treatment dummy interacted with
both a linear trend and a post-peace-process indicator and robust to the inclusion of day fixed effects (columns 6 and 7).
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Table 4: Effect of FARC attacks on vote alignment with ruling party, heterogeneity by Twitter political
language

(1) @) G) @ () ©) @ €] ©

FF

FHE

Post-attack, 3+ caslts. 0.0715" 0.104 -0.0638 0.104"* 0.123* -0.0442 0.0449" 0.207

(0.0412)  (0.0181) (0.0422) (0.0327) (0.0191) (0.0433) (0.0206) (0.0205)
Post-attack x Pol. language 0.140 0.115 0.682"** 0.223"* 0.169 0.740™** -0.0329 0.385™**

(0.107) (0.114) (0.255) (0.0927) (0.110) (0.260) (0.131) (0.105)
Post-attack x post peace process -0.223™* -0.223"*

(0.100) (0.101)
Post-attack x LRindex 0.986"** 0.833*** 0.848"*  0.882***
(0347)  (o114)  (0107)  (0.123)
Post-attack x Pol. language x LRindex 2,611 2.342" 2474 2477
(0-896) (0570) (0.531) (0.546)

N 632108 540098 540098 632108 540098 540098 540098 315508 224590
N. politicians 441 441 441 441 441 441 441 221 220
Politician FE no yes yes no yes yes yes yes yes
Day FE no no no no no no yes no no
Attack window dummies no yes yes no yes yes yes yes yes
Isolated events no yes yes no yes yes yes yes yes
Time function no yes yes no yes yes no yes yes
Party trends no yes yes no yes yes yes yes yes
Post-attack x linear trend no no yes no no yes yes no no
Legislators all all all all all all all left right

Notes: Estimates from time-series specification in which the dependent variable is alignment with the ruling party. It examines
heterogeneity by using the political-language index of President Santos’s tweets. Column 1 includes no controls or fixed effects.
Column 2 includes a dummy for the two-week window around the event, restricts the sample to isolated events, and includes
politician fixed effects and a function of time as outlined in section 4. Column 3 includes a post-attack dummy interacted with both
the post-peace-process indicator and a linear trend. Columns 3-6 are analogous but include interactions with the left-right index.
Column 7 includes also day fixed effects. Two-way clustered standard errors at the politician and week levels in parentheses.

Santos was zero (that is, more right wing in relative terms), in line with the pre-peace-
process estimates throughout the paper. On the other hand, when the language index
of Santos was -0.5 (more left wing), a neutral politician would increase her alignment by
only about 4 percentage points (0.123 + (0.169 X -0.5)) after an attack. For a right-wing
legislator (one standard deviation to the right of the median, or 0.13 units, in the left-
right index), the corresponding estimates would be a 23-percentage-point increase (0.123
+ (0.833 x 0.13)) when Santos was at his most right wing (index equal to zero) and a o.5-
percentage-point change in support (0.123 + (0.833 x 0.13) + (0.169 x -0.5) + (2.342 X 0.13 X
-0.5)) when Santos was at his most left wing. And for a legislator one standard deviation
to the left of the median, the estimates would be a 1.5-percentage-point increase (0.123 +
(0.833 x -0.13)) and a 8.2-percentage-point increase (0.123 + (0.833 x -0.13) + (0.169 X -0.5)
+ (2.342 x -0.13 x -0.5)), respectively.

These last results may be somewhat less accurate because they extrapolate the linear-
coefficient estimates to the left-wing legislators, for whom there should be no relationship
between changes in language and the strength of effects. In particular, as the president
moved from a right-wing position (language very close to Uribe) to a centre-left posi-
tion, the overall effect should have persisted for left-wing legislators (whose constituents
remained left of the incumbent) regardless of the relative change in language. This impli-
cation of the theory, that the relationship between the changes in language (or incumbent-
party political position) across politicians” own ideological positions is nonlinear, can be
mapped onto this regression framework by running separate regressions for left-wing and
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right-wing legislators. This exercise is done in columns 8 and 9. Consistent with the previ-
ous results and with the conceptual framework, left-wing legislators were not responsive
to changes in the incumbent position (as proxied by the president’s Twitter language), but
right-wing legislators were (columns 8 and 9, row 2). The estimates imply that while for
left-wing legislators the effect of attacks on incumbent support was relatively constant,
from 4.5 percentage points to 6.1 percentage points based on the estimated coefficients
(0.0449 + (-0.0328 x -0.5)), right-wing legislators went from an increase of 20.7 percent-
age points to an almost-null effect of 1.5 percentage points (0.207 + (0.385 x -0.5)), as the
political-language index of Santos went from o to -o.5.

Additional robustness checks are shown in table . These include a series of sam-
ple restrictions, using the lagged monthly political-language index, and the inclusion of
congressional-vote-level controls. I also show that the results are robust to excluding
members of the incumbent party (which is important if we think that their positions are
likely to closely follow those of the president).

Overall, the results from this section suggest that (i) the magnitude of the effect of
rebel attacks on legislative support for the incumbent party decreased when the political
position of the incumbent party was more left wing and (ii) this decrease was larger
for more right-wing politicians. Despite using only the Santos-government period and
a very different measure of the change in the incumbent party’s political position, the
evidence presented supports that of the main empirical analyses and the predictions of
the conceptual framework.

6.6 Electoral incentives

This section examines whether electoral incentives are a mechanism that mediates the doc-
umented increase in legislative support for the incumbent party. I first examine whether
legislators with safer seats responded less to voters. Proposition 4 suggests that legisla-
tors who were more responsive to the right-wing-support effect (voters shift in their policy
preferences to the right) would increase their alignment with the incumbent party more
before the peace process and less after the peace process. To evaluate this hypothesis, I first
create a simple measure of seat safeness: the ratio of the votes that the politician received
in the previous legislative election to the votes received by the last-place politician in the
same electoral district.*’ Politicians in the least safe seats have, by definition, seat safeness
equal to 1, and all others’ seat safeness is measured in relation to these individuals (and
is greater than 1). In an alternative specification, I use the rank of politicians according
to their electoral results within their districts. I then run triple-interaction specifications
(analogous to that in equation ) to examine whether electoral incentives, as proxied by

43Legislators in parties with closed lists are assigned the total votes of the party divided by the number of elected candidates. I
exclude these politicians in an alternative specification.
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seat safeness, matter for the legislative voting responses.

The results are shown in table 5. The baseline specification in column 2 reveals a
pattern consistent with that predicted by the conceptual framework: before the peace
process started, legislators in safer seats responded relatively less to the attacks (row 4).
However, this electoral pressure was mitigated once the peace process started (and the
incumbent party moved to the left—see row 5). Columns 1, 3, 4, and 5 present a series of
specification checks: excluding fixed effects, removing politicians from closed-list parties,

winsorizing the seat-safeness measure, and using rank as an alternative safeness measure.

Table 5: Effect of FARC attacks on vote alignment with ruling party, heterogeneity by legislative seat safeness

(1) (2) (3) (4) (5) (6) (7) ®) [€))
pre-PP post-PP

Post-attack, 3+ caslts. 0.1057°"*  0.1336"** 0.1339*  0.1337"** 0.1348"* 0.0794*** 0.2168" 0.2127"** -0.0085
(0.0299) (0.0238) (0.0242) (0.0237) (0.0269) (0.0203) (0.0429) (0.0410) (0.0348)
Post-attack x post peace process -0.0706 -0.0892"* -0.0921"* -0.0885"* -0.1067*** 0.0149 -0.2187***
(0.0574) (0.0384) (0.0389) (0.0379) (0.0398) (0.0434) (0.0522)
Safeness -0.0023* -0.0010 -0.0013 -0.0010 -0.0015 -0.0001 0.0011 -0.0024
(0.0012) (0.0012) (0.0013) (0.0012) (0.0017) (0.0017) (0.0040) (0.0019)
Post-attack x Safeness -0.0041 -0.0045" -0.0046" -0.0045" -0.0012 -0.0105" -0.0102* 0.0085***
(0.0028) (0.0024) (0.0026) (0.0024) (0.0019) (0.0058) (0.0058) (0.0031)
Post-attack x Safeness x post PP 0.0099*** 0.0085"* 0.0082* 0.0084"* -0.0012 0.0183"**
(0.0036) (0.0042) (0.0045) (0.0050) (0.0053) (0.0066)
Rank 0.0000
(0.0002)
Post-attack x Rank -0.0013***
(0.0005)
Post-attack x Rank x post PP 0.0024***
(0.0008)
N 660910 660908 633054 660908 658403 362006 298902 147938 150964
N. politicians 664 655 611 655 654 328 327 213 234
Politician FE no yes yes yes yes yes yes yes yes
Attack window dummy yes yes yes yes yes yes yes yes yes
Isolated events yes yes yes yes yes yes yes yes yes
Time function no yes yes yes yes yes yes yes yes
Party trends no yes yes yes yes yes yes yes yes
Exclude closed lists no no yes no no no no no no
Winsorize safeness no no no yes no no no no no
Legislators all all all all all left right right right

Notes: Estimates of heterogeneous effects by safeness of the legislative seat, where the dependent variable is alignment with the
ruling party. Seat safeness is measured as the ratio of legislative votes that the politician received to those of the last-place elected
politician in her congressional district. Seat safeness is included as a control because it is not completely absorbed by politician fixed
effects, specifically, it varies for politicians who were in office more than once. Two-way clustered standard errors at the politician
and week levels are in parentheses.

The relationship between seat safeness and voting responses was strongest for right-
wing politicians (column 7) and not statistically different from zero for left-wing politi-
cians (column 6). This finding is consistent with the conceptual framework. Recall that
it is these politicians who found themselves opposing the government after the incum-
bent party shifted its policy position to the left. The fact that the interaction between
seat safeness and attacks did not result in decreased alignment for left-wing politicians
also suggests that the right-wing-support effect may have been weaker for them (that is,
their voters shifted their policy preferences less; this is not part of the model but is also
observed empirically in the previous subsection). In columns 8 and 9, I split the sam-
ple into pre- and post-peace-process periods for right-wing politicians and find that seat
safeness, as predicted by the model, had opposite signs in the two periods. Right-wing
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legislators in the least safe seats increased their alignment with the government more be-
fore the peace process started. After the peace process started, these legislators increased
their alignment with the government less, suggesting they were more responsive to their
constituents’ distancing from the now-dovish PU.

One additional test of the electoral-incentives hypothesis arises from exploiting the
timing of the attacks relative to the timing of legislative elections. Legislative elections in
Colombia occurred in March (of 2010 and 2014 in my dataset); however, legislators were
in office until July. The lame-duck period presents another opportunity to examine the role
of electoral incentives, in particular by checking whether the right-wing-support effect
was stronger in the pre-election periods. I define the post-election period as that between
the election date (March 14 in 2010, and March 9 in 2014) and the date of the change in
government (July 20). I define the pre-election period as the period of the same number
of days preceding the election.

Table 6: Effect of FARC attacks on vote alignment with ruling party close to legislative elections, one week
after the attack

™ @ (©) @) (5) (6) @) ®)

2010 elec  2010elec 2010elec 2010elec 2014 elec 2014 elec 2014 elec 2014 elec

Post-attack, 3+ caslts. 0.105™** 0.158"** 0.0867" 0.103 0.0324 -0.00734  0.0462**  0.0931"**
(0.00350)  (0.00642) (0.0469) (0.0936) (0.0234) (0.0193) (0.0181) (0.0181)
N 43813 43804 35592 24318 17514 17514 7701 7700
N. politicians 281 272 202 283 262 262 261 261
Politician FE no yes no yes no yes no yes
Attack window dummy no yes no yes no yes no yes
Isolated events no yes no yes no yes no yes
Time function no yes no yes no yes no yes
Party trends no yes no yes no yes no yes
pre/post elections pre pre post post pre pre pre post

Notes: Estimates from time-series specification in which the dependent variable is alignment with the ruling party, for the periods
just before and just after legislative elections. The preferred empirical specification is used in even-numbered columns. Two-way
clustered standard errors at the politician and week levels are in parentheses.

Table 6 shows the results from this analysis. The positive effect documented for the
pre-peace-process period was strong in the period preceding the 2010 legislative elections
(columns 1 and 2). For the post-election period, the effect became somewhat weaker
and statistically insignificant in the preferred specification (column 4). Before the 2014
elections, attacks by FARC appear to have had no overall effect (columns 5 and 6), and
after the 2014 elections, attacks appear to have increased support for the ruling party
(despite its pro-peace policy position). The results are consistent with the idea of the
right-wing-support effect being larger before legislative elections, while the rally-"round-
the-flag effect persisted even after the elections took place. Given that there were fewer
events in these particular periods, these estimates should be viewed with caution.*” In the

#Since congress is closed in January and February, most of the pre-election votes happen in November and December.

45Lower FARC activity around the 2014 elections, in particular, is consistent with the idea that attacks may have drawn support for
the right-wing candidate, which would have been detrimental to the peace process and arguably inimical to FARC’s objectives. Based
on an economic framework and observed FARC actions, ( ) argue that the rebel group was indeed invested
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online appendix, a robustness check excluding sensitive political times from the estimation
(six months before the elections and before the announcement of the peace process) finds
evidence consistent with this and in particular suggests that the right-wing-support effect
was strongest in these periods. I also repeat the exercise looking at the differential effects
of localized attacks. This analysis reveals consistent patterns.

6.7 Assessing potential omitted variable bias from unobservables

I have argued that the extent to which FARC strategically chose the precise timing of
attacks to influence legislative voting appears limited. However, following ( ),
I estimate potential biases from such unobservable factors by looking at changes in co-
efficient estimates and the value of R-squared when controlling for observable factors.
Consider the following extended empirical framework:

voteWithPUpyp = P post Attack;
. ~ J/ N ———  —
Y: outcome of interest X: dependent variable of interest

+ vy + O0'F(t) +6"T, + 6°X,

Wjy: observable controls

+ WSyt TEiptuv

W,: unobservable factors

where post Attack; is an indicator equal to 1 in the week after a high-casualty FARC attack
and S, is an unobserved factor that is correlated with both Y (support for the PU) and
X (the timing of rebel attacks), such as a FARC strategy of precisely choosing the day of
attacks in anticipation of specific legislative processes. As outlined in ( ), under
some assumptions the omitted variable bias affecting 8 may be estimated consistently.

I first illustrate the methodology under ( )'s restricted estimator, which can
approximate this bias as a simple function of regression statistics. Consider three regres-

sions:
Y = X +¢ (M-1)
Y =BX+W;+¢& (M-2)

Let Ryx, R, and R, respectively, denote the R-squared of these regressions. If FARC
strategy (Syt) anticipated increased support for the incumbent government and FARC

in a positive outcome for the peace process.
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launched attacks in the days preceding this surge in legislative support, then § would be
upward biased because of unobservable selection across time. By including the controls
in Wy, and if Wj can explain some of the variation in Y and in X, these selection concerns
may be partially alleviated in M-2. Examining changes in the B coefficients and the R-
squared statistics between M-1 and M-2 provides information about the magnitude of
these selection concerns and can be used to assess the potential degree of omitted variable

bias that arises from not including W, in the estimated regression.

Cov(X,Wy) _ Cov(X,W,)
Var(Wy) — Var(Wp) 7/

is defined as the coefficient of proportionality, a measure of the relative degree of selection

, where 6

In particular, define the proportional- selection relationship as &

on observed and unobserved variables. An approximation of the bias-adjusted treatment
effect can be obtained by the following:

R

B =B -o(p- P

For the main results computed below, I use the unrestricted estimator;'” however, results
from the restricted estimator presented above are similar, and the equation above is useful
for the discussion. The equation makes explicit that the bias is proportional to the ratio of
changes in explanatory power between the full model (M-max) and the restricted model
(M-2), and changes in explanatory power between the restricted model and the model
without controls (M-1).

I discuss statistics here for the pre-peace process period, when the largest effects are
observed. Note first that R (for model M-1) is relatively small, only 0.3 percent of in-
dividual politicians” alignment with the incumbent can be explained by the post-attack
dummies. For M-2, the model which includes politician fixed effects, vote-level controls
(including both baseline and twelve unbalanced controls from table /7), party trends and
F(t) (year, month, day of the week fixed effects, and calendar day linearly), R is 7.5 per-
cent, a significant increase over M-1. At the same time, the B coefficients from M-1 and
M-2 are 3 = 0.09734 and B = 0.09625 respectively, remarkably stable. These are reported
in table

To define R4y, which is an unobserved theoretical population value, ( ) con-
siders a scaling factor such that Ry;.x = [1R, and suggests that IT = 1.3 is an appropriate
value for researchers to use. In this exercise, that would mean setting R,x at 9.75 percent.
Consider a strategy in which FARC can choose the exact day in which to attack. Such a
strategy Sy would be collinear with day fixed effects. A regression which includes day
fixed effects (and vote-level controls, politician fixed effects, and party trends—that is, W)
yields an R-squared of 8.7 percent, which would be an upper bound for R,y in this case.

46Estimated with the psacalc Stata package.
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However, a more sophisticated strategy might be one in which FARC chooses the date and
location of an attack, if for instance it would like to influence legislators from a particular
department to vote in a certain way (effects of localized attacks are documented in the
online appendix). A regression which includes day fixed effects x legislator department
(and the noncollinear controls in W) yields an R-squared of 10.3 percent. Using this value
as Ryuy is close to setting I1 to the suggested value of 1.3. Further, suppose there is an
unobserved factor Sy; correlated with specific congressional votes and the timing of at-
tacks. A regression with congressional-vote fixed effects (and the noncollinear controls in
W) yields an R-squared of 13.3 percent (using this as R,y would be as setting IT ~ 1.8).
For the exercises below, I set R4 using two values of I1: 1.3, which would already imply
a remarkably high level of sophistication and capability in FARC’s strategy (and is the
suggested value of I1), and 2, which is decidedly conservative given these estimates.

For 6 = 1 and Ryux = 0.15 (IT = 2), the restricted estimator yields a bias-adjusted
treatment effect B* = 0.09512, suggesting that legislators increased their support for the
PU by at least 9.5 percentage points in the week after an attack. Figure 9 presents estimates
of bias-adjusted treatment effects (using the unrestricted estimator in , ) for four
different model specifications: with and without the attack-window dummies (such that
the interpretation of the § coefficient is relative to the week before), and with and without
congressional-vote-level controls (as previously discussed, these may be bad controls).
I do so for different values of § close to 1, which both ( )
and ( ) argue is an appropriate upper bound. As discussed above, I set Ry =
{1.3R,2R}. Finally, I present these separately for the pre- and post- peace- process periods.

The estimates are remarkably robust, highlighting that the potential bias is small,
which is intuitively the result of (i) the B coefficients being very stable, even though (ii)
the controls can explain a large share of the potential variation of Y and (iii) the controls
explain a large share of the variation in X (a regression of X on Wj results in an R-squared
of 0.304). That is, the changes in § when moving from M-1 to M-2 are small, relative to
the changes in R-squared. Furthermore, in the models without vote-level controls for the
pre-peace-process period, B > B, which implies a negative bias. If, for instance, FARC
avoids attacks because they strengthen the hard-line stance of the government, then, as
previously discussed, the estimates may be a lower bound of the true treatment effect—
which results in the large bias-adjusted treatment effects observed in these specific models.
The bias-adjusted treatment effects for the post-peace-process period, on the other hand,

are smaller, and some are below zero, consistent with the main results.
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Figure 9: Assessing omitted variable bias from unobservables
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Notes: Following ( ), the figure shows the estimated bias-adjusted treatment effects
of FARC attacks on alignment with the incumbent party in the following week, for a range
of values of J, separately for the pre-peace-process and post-peace-process periods. Vote-level
controls include dummies for the type of vote (policy versus procedural), for keywords (conflict-
or non-conflict-related votes), and for whether the vote was proposed by a PU member or by a
member of the politician’s own party, as well as all unbalanced characteristics as highlighted in
table
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6.8 Policy implications: From individual to aggregate effects

The empirical framework I have presented is designed to measure the causal effect of
FARC attacks on politician behaviour at the individual level. The documented effect on
policy making is likely to have both observable and unobservable implications for actual
policy. The direct implications that can be observed at the congressional-vote level are
somewhat limited by the political process that determines whether bills or propositions
are voted on in the first place. The outcome of most votes was approval by a vast majority
(tigure shows the kernel density of the share of approve votes for each congressional
vote). More importantly, the percentage of congressional votes which were close is very
small (less than 4 percent of votes had a share approved between 0.4 and 0.6). This
pattern indicates that the outcome of many votes was predetermined even before the votes
were on the floor, thus restricting the direct impact that the short-run effects measured
here could have. Finally, only about 3.3 percent of congressional votes resulted in the
outcome not preferred by the incumbent party, further limiting the potential for direct
policy implications from the effects documented.

To measure these policy implications, I propose a potential-outcomes framework (as
introduced in , ) that maps the estimated causal effect of attacks on individual
votes onto outcomes at the congressional-vote level. For each congressional vote, assume
two potential outcomes (indexed by o and 1): a no-attack, or nontreated, outcome and
an attack, or treated, outcome. For each treated congressional vote (occurring in the days
following an attack with at least three casualties), some politicians were induced to align
their legislative individual votes with the incumbent party as a result of the event (as
documented here). I then compute counterfactual outcomes for all congressional votes.

Define a congressional vote occurring t days from an event and treated by an attack as
Vit = {Y11, N1t, A1t }, and define an untreated vote as Vo = { Yo, Not, Ao}, where Y is the
number of aligned individual votes, N is the number of non-aligned individual votes, and
A is the number of abstentions. The treated vote Vj; is a function of the untreated vote Vy;
and the estimated individual effect B¢, where B; corresponds to the estimated coefficient
from the event-study analysis (see figure 6, panel A). In particular, the treated vote can be
defined as follows:

Vir = {Yor + BtNot + Bt Ao, (1 — Br)Not, (1 — Br) Aot } (7)

That is, share of politicians ; were induced to align their votes with the incumbent party
as a result of the event.
For the empirical exercise, I limit the sample to the pre-peace-process period (when

47The nontreated outcome can be defined as a function of the treated outcome and the individual coefficients as Vor = {Y1; —

BeNie/ (1 — Bi) — BrAr /(1 — Be), Nit /(1 = Bt), A/ (1 — Bi) }-
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Table 7: Counterfactual policy outcomes

Post-attack (0-11 days) Not post-attack

Number of congressional votes 1778 5237
Votes against PU, attack/treated outcome 31 102
Potentially affected votes 40

Potentially vulnerable votes 63
Votes against PU, no-attack/untreated outcome 71 165
Share votes against PU, attack/treated outcome 1.744% 1.948%
Share votes against PU, no-attack/untreated outcome 3.993% 3.151%

Notes: The table summarizes the results of the counterfactual exercise which studies the policy implications of the
effects in terms of congressional vote outcomes for the pre-peace process period. Numbers in italics are unobserved and
estimated in the counterfactual analysis. See section 6 for details.

the attacks had statistically significant effects). With this framework in place, I estimate
the counterfactual vote outcome for each congressional vote. For votes occurring zero to
eleven days after an attack, I estimate V(, and for votes outside of the event window 1
estimate Vj,. I define B, as the average of B; for days zero to eleven. I then compute the
counterfactual result share of approve votesys = Yor/ (Yor + Nyt ).*” Of particular interest are
two types of votes, those that were potentially affected (votes that occurred in the days just
after an event and for which the result (pass/fail) changed as a consequence) and those
that were potentially vulnerable (votes that occurred outside of the event window but where,
had an event occurred in the previous days—assuming the average-size effects—the result
of the congressional vote would have changed).

The results of the exercise are summarized in table 7. There were a total of 7,015
congressional votes in the pre-peace-process period. Of these, 1,778 occurred in the event
window (zero to eleven days after an attack). During the event window, only 1.7 percent
of votes went against the incumbent party, but the exercise suggests that the PU would
have lost 3.9 percent of votes otherwise; outside of the event window, 3.1 percent of votes
were lost by the PU, but had an event occurred in the days before, the incumbent party
would have lost only 1.9 percent. Combined, the exercise suggests that about 30 percent
of all votes that resulted in an outcome against the incumbent party’s position had the
potential to be flipped in favour of the incumbent by an attack.

The exercise identifies 40 potentially affected congressional votes. The list of poten-
tially affected votes is presented in table A¢. They cover a broad range of policy issues
including the implementation of Colombia’s free trade agreement with the United States,
pension and social programs, and the functioning of intelligence agencies. I repeat the
exercise outlined above using the estimated upper and lower bounds of the 95 percent
confidence intervals of the estimated coefficients 3¢, and I find 26 congressional votes

41 round the estimated outcomes to the nearest integer.
49Formally, these are defined as congressional votes such that the treated and the untreated potential outcomes are different; that is,
(i) share of approve votesy, >= 0.5 and share of approve voteso, < 0.5, or (ii) share of approve votesy, < 0.5 and share of approve votesg, >= 0.5.
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potentially affected at the lower bound and 129 at the upper bound.

In addition to these estimated direct policy consequences, there are likely to have
been indirect effects. I have restricted my analysis to short-run effects from high-casualty
attacks in order to be able to credibly estimate these causal relationships. However, the
impact of conflict on politics is certainly likely to extend beyond the results I present.
Studying how the content of the bills themselves may have been endogenously affected by
conflict in the longer run is outside of the scope of this paper, but it may be an important
avenue for future research to further understand the reach of these effects.

6.9 Robustness checks

In the online appendix, I propose a series of empirical extensions and robustness checks.
These include a difference-in-differences analysis exploiting the location of attacks, re-
peating the analysis with alternative casualty thresholds, introducing a series of sample
restrictions, and including various vote-level controls, among others.

7 Conclusion

This paper studied the relationship between civil conflict and policy making in Colombia.
I first showed that following rebel attacks with a high number of casualties, both tweets
from incumbent politicians and tweets that used hard-line language saw follower engage-
ment increase relative to other tweets. This evidence is consistent with effects previously
documented by studies examining the relationship between political violence and voter
behaviour: the rally-'round-the-flag and right-wing-support effects. In addition, the ef-
fects I found dissipated quickly and disappeared completely within two weeks of the date
of the attacks.

I then examined whether not just voters but politicians reacted to these attacks. The
analysis was framed in a political economy model of legislative behaviour in which con-
flict generates both increased voter support for right-wing (or hard-line) policy positions
and a rally-'round-the-flag effect. When the incumbent government took a policy position
that was relatively right wing (in the pre-peace-process period)—that is, to the right of
voters’ bliss points— the right-wing-support and the rally-'round-the-flag effects induced
by conflict shocks both increased support for the incumbent party in the legislature. On
the other hand, if the incumbent government had a relatively left-wing position (in the
post-peace-process period), the effects countervailed each other.

I analyzed the process of policy making by using data from politicians’ roll-call votes
in congress from 2006 to 2015 and studying whether politicians were more likely to vote
with legislators of the incumbent party after rebel attacks. The government of Juan Manuel
Santos started peace negotiations with the Revolutionary Armed Forces of Colombia
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(FARC) in 2012, but rebel attacks continued as the talks progressed. Before this, espe-
cially when Alvaro Uribe was in power, the government took a hard-line policy position
which aimed at defeating the rebel group militarily. I separated my analysis into two time
periods: before the peace process and after the peace process began. Before the peace
process started, FARC attacks made politicians more likely to align their votes with the
incumbent party (by up to 25 percentage points) in the days just after the events. As with
the effects measured on Twitter, the effect on politicians dissipated quickly and disap-
peared around two weeks after the date of the events. After the peace process started,
attacks had no significant effect on politicians’ behaviour.

The nonsignificant effects after the peace process started mask important heterogene-
ity across the spectrum of legislators” political positions. The effect was in fact relatively
unchanged for legislators who were relatively left wing. On the other hand, the further
right a legislator was, the larger the decrease in magnitude of the effect in the post-peace-
process period. Consistent with the conceptual framework, the rally-'round-the-flag and
right-wing-support effects were more likely to pull legislators in opposite directions the
further right their policy ideology was. In an additional empirical analysis, I showed that
under the Santos government, politicians increased their support for the incumbent party
more when attacks occurred in months in which the language of his tweets was more right
wing. In addition, electoral incentives also appear to have been important determinants
of politicians’ responses following violent attacks. The relationship I documented, and in
particular the right-wing-support effect, was stronger for politicians who were more elec-
torally vulnerable and stronger before legislative elections than after legislative elections.

Finally, to consider the direct policy implications of these effects, I identified a set
of forty potentially affected congressional votes. These votes occurred in the pre-peace-
process period, in the days following a violent event, and their results favoured the in-
cumbent party by a relatively small margin. The votes covered a broad range of policy
issues and may have been altered by the effects documented; in particular, they may have
flipped in favour of the incumbent party’s position.

Colombia is undergoing a fundamental transition in the process of development: the
resolution of internal conflict. More than fifty years after its inception, the largest insur-
gency in the Americas, FARC, put down its weapons, and it is now sitting in congress. The
circumstances that led to these changes spanned multiple governments, involved a deli-
cate balance between hard-line and concessionary policies, and polarized public opinion
across the country. Many lessons can be drawn from these events for developing countries
as they come across similar challenges. The results presented shed new light on policy-
making processes in conflict settings, reveal some of the incentives politicians face when
making legislative decisions, and highlight a specific mechanism through which political
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violence can have persistent policy implications.
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8 For Online Publication

8.1 Data appendix
8.1.1 FARC attacks across space

The map in figure /1 shows attacks by FARC across space. The map shows the number of
events with at least three fatalities in each of Colombia’s departments.”” FARC's presence
was most salient in the southwest of the country, the departments of Cauca (17 attacks
with at least 3 fatalities), Caquetd (9) and Narifio (9) were amongst the most violent. The
department of Antioquia in the center/north-west, where ex-president Uribe is from, was
the sixth department with most events (5 attacks with at least three fatalities).

8.1.2 Congressional votes and political alignment

Table A1 lists some of the summary statistics for each of the roughly 11,600 congressional
votes. The variables include the share of politicians who voted to approve, reject or abstain
from a vote, as well as dummy indicators for the type of vote ("Votacion"), keywords that
the description of the vote contains, and the party of the politician who proposed the vote
(PP) if available. Figure A5 shows the share of congress members who voted to approve
each of the votes on the y-axis and the date of the vote on the x-axis. The dark points
represent monthly averages. In chronological order, the vertical lines indicate the start of
the second Uribe government, the start of the first Santos government, the official start
of the peace process, and the start of the second Santos government. The data on the
aggregate votes shows, for instance, that many votes were approved near the end of the
Uribe government, but that this share decreased over time after Santos came into power.
I also collected data on individual votes, at the politician-congressional vote level:
voted to approve, voted to reject, or abstained from voting in each congressional vote.
The data consists of over 780,000 individual votes representing more than 650 politicians.
Summary statistics at the individual vote level are shown in table /3. Figure shows
the average number of votes which are aligned with the incumbent party (as defined in
the main text), by party, and figure /5 shows the average of this alignment across time.
In Table A, I regress voteValue (-1 if reject, o if abstain, 1 if approve) on a set of dummy
variables which indicate the party of the politician who proposed the congressional vote,
as an additional descriptive statistic for these data.”’ I run this analysis separately for each

5°Departments are an administrative division equivalent to states in the US. The maps for all events and other thresh-
olds (more than one/five casualties), are available upon request.

511 extract information on the identity of the politician who proposed the vote from its description. The description of
the congressional vote looks something like this: “Votacién Proposiciones: Aprobacién de proposicién aditiva presentada por el
Representante Simén Gaviria al articulo 1 del Proyecto Acto Legislativo niimero 169 de ...”. I match the name of the proposer
to the names in the list of politicians (and their party). Doing this I am able to match 3,408 out of the 11,666 votes in the
data to their proposer (or proposers).
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party. Unsurprisingly, politicians were much more likely to vote in favour of proposals
by members of their own party (see the highlighted coefficients diagonally). Proposals by
the more extreme parties (Polo Democrético to the left, and Centro Democrético to the
right) tend to be less favoured by other politicians. Also, proposals which were associated
with a certain author (or party) were much less favoured than proposals with no proposer
attached to them.

Summary statistics for the left-right index, and other politician characteristics, are
shown in table A5. Figure shows the distribution of politicians across parties for
those left of the median and those right of the median of this left-right index. Finally, the
relationship between the left-right index and overall alighment with the incumbent party
is shown in figure A7;. The relationship is positive and statistically significant, however,
note again that legislators from the two polar parties, the PD and the CD, which are used
to estimate the left-right index, were on average those least likely to align their votes with
the incumbent party.

8.1.3 Twitter network and political language

I collected tweets for 305 politicians in the Congreso Visible database which have a linked
Twitter account, through the Twitter API, with the limitation that only the last 3,200 tweets
can be accessed for each politician. However, this limit binded for only around 5% of
politicians. The tweet collection process was executed twice, first in July of 2015, and
again in January of 2016. In addition, an extended tweet collection process which in-
volved crawling the Twitter mobile site was employed to collect older tweets for the two
main political leaders, Juan Manuel Santos ( ) and Alvaro Uribe (

). The final dataset I used for the analysis contains around 365,000 tweets
(shown across time in A8).

Figure /A9 maps connections on Twitter between politicians in a network graph. Some
features of the network are worth noting. First, it appears as though politicians from right-
leaning parties (Centro Democrético and Conservador) and those from left-leaning parties
(Partido de la U, Liberal, and most other) tended to cluster together (consistent with evi-
dence in , ; , ). Second, politicians from the ruling
party (PU), appeared closer to the center of the graph. Finally, both and

, highlighted as larger nodes, took central positions in the network. I use
the tweets of these two leaders to measure political language.

Recall I measured the political leaning of the language in these tweets through text
analysis, using a linear regression methodology. In order to further evaluate the validity
of this measure, I define the political language index of each politician, polLanguage,, by
taking the average political language over all of his or her tweets. The distribution of
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the politicians” language by party is shown in Figure (excluding Santos and Uribe).
The figure shows that, out of all the parties, politicians in the Centro Democratico used
language closest to that of Uribe, as expected. Finally, figure shows the correlation
between polLanguage, and the average vote alignment of politicians with the PU after
the peace process started (ie. the main dependent variable averaged at the politician
level). There is a statistically significant negative correlation between the two variables.
In particular, a one standard deviation increase in the political language index (closer to
Uribe) is associated with a 4.2 percentage point decrease in alignment with the Santos’s
ruling party. As a robustness check, I also employ a more sophisticated text classification
procedure using machine learning methods, discussed below.

8.2 Additional empirical exercises and robustness checks
8.2.1 Alternative specifications for time-series evidence

Table turther studies the dynamics of the main effects based on groupings of the
event-study bins: the contemporaneous effect (the first three-day bin), the short-run effect
(which groups bins 1-3, or days 0-8), the long(er)-run effect (bins 4-6, or days 9 to 17),
and the average effect (all post bins). Note that in the long(er) run the effect was not
statistically significant for the pre-peace process period, suggesting that the effect was
indeed short lived. Furthermore, the average effect for the post-peace process period was
marginally significant, though about half the size of that for the pre-peace process period.

In a simpler specification, I use time-series variation to identify the overall effects
of rebel attacks on political alignment, but instead of defining event-time dummies, I use
one week windows around the events and compare weeks post-attack to weeks pre-attack,
shown in table . Columns 1 and 5 include no controls. Columns 3 and 7 present the
preferred controls (used in the main event-study analysis). The results from the preferred
specification suggest that following attacks by FARC, politicians vote in congress were 11
percentage points more likely to be aligned with the incumbent party in the week follow-
ing the attack, for the pre-peace process period. Once the peace process started, the effect
remains positive (6 percentage points), but becomes statistically insignificant (the effect is
imprecisely measured partly due to the heterogeneity across politicians ideological points,
as previously documented).

Columns 4 and 8 include congressional vote level controls, which may be important
depending on the desired interpretation of these results. The attacks may lead to a change
in the type of votes which go on the floor (policy versus procedural votes, conflict-related,
or who proposes the bills, etc; as perhaps suggested by table ). This change in the

52 Alternatively, one could show the distribution across all tweets. The approach I take weights each politician equally,
regardless of their tweeting intensity.
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composition of votes is part of the effect estimated in the main specification. However,
one may wish to assess whether, conditional on the type of vote, vote alignment increases
(this is further discussed below).

8.2.2 Alternative conflict datasets

The Global Terrorism Database (GTD), which is documented and publicly available at

, is the main source used to build the conflict variables of interest. The main
advantage of the GTD is that it captures events from media sources in the days of or
just after these take place. It is precisely these salient events for which we expect to see
effects on public and politician behaviour. In this section I discuss two alternative conflict
datasets from Colombian sources. From their online public access, I obtain the Noche
y Niebla (NyN) dataset ( ) and the Centro de Memoria
Histérica (CMH) dataset ( ).

The emphasis of the Noche y Niebla dataset is on violations of human rights, in partic-
ular extrajudicial executions, homicides outside of combat, torture, forced disappearances
and kidnappings ( , ). These very often come from witness and victim accounts
(submitting cases is open to the public on their website). They also have a strong focus
on paramilitary and state violence. Because of these emphases, many of these are smaller
events and it does not include many which appear in the GTD and in the CMH datasets.
Though the dataset has more FARC attacks than the GTD overall for the period of study
(1350, compared to 881), it has less high-casualty events (56, compared to 91, with at least
3 casualties), and in fact, only 4 of these high-casualty events in the NyN occur in the
post-peace process period, severely limiting the potential measurement of the effects of
interest as proposed by the paper.

The CMH dataset is a much broader dataset which documents 12,012 FARC attacks
and 239 with 3 or more casualties in the period of study. The dataset has a combination of
different event types, and aims to cover all violent actions from any of the Colombian con-
flict actors — guerrilla groups, paramilitaries, and state actors (

p )- These events include many smaller events as those from the NyN and
more prominent events as the ones that appear in the GTD. The dataset comes from hun-
dreds of different sources including testimonials, victim associations, government agen-
cies, NGOs, and religious organizations, among others. Unfortunately, the exact details
on the source of each event is not available.

Of the main isolated 33 events used (listed in /\6), 24 appear in the CMH dataset, but
only 7 appear in the NyN dataset. Of the g events from the GTD that do not appear in the
CMH dataset, they occur: 2 in 2006, 2 in 2007, 2 in 2008, 1 in 2009 (7 pre-peace process)
and 2 in 2014 (post-peace process). Perhaps somewhat surprisingly, the CMH dataset does
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not include some significant events.”” As a robustness check, I therefore remove from
the dataset those events that do not appear in the CMH dataset. The dynamics in the

event-study are very similar (figure , panel C), and the triple-interaction coefficients
of interest are not statistically different from those in the main analyses (tables and
, column 6).

To further validate the GTD with respect to the alternative conflict datasets, I repeat
the public attention analyses using the alternative conflict datasets. The results are shown
in figure . Recall that on the days after attacks in the GTD, I observed a significant
increase in public attention as measured both in Google Trends and on legislators” tweets
(panel A). The CMH attacks were also followed by increased attention, but the relation-
ship is less precisely measured, somewhat smaller and relatively more short-lived. Lastly,
legislators and the public did not appear to react at all to attacks in the NyN data. Look-
ing at a specification with just a dummy for the week post-attacks reveals similar patterns,
both with and without controls and sample restrictions (tables and ). Comparing
across datasets, attacks in the GTD were followed by the largest and most precisely mea-
sured changes in public attention. Running a "horse race" regression with events from all
datasets shows that the effect of attacks in the GTD on public attention remains statisti-
cally significant and large, while those in the CMH do not. In other words, it appears
that the GTD is the best dataset to capture changes in public and legislators” attention.
As previously argued, following attacks by the FARC, we should observe changes in leg-
islators” behaviour in favour of the government only if they (and the public) were aware
of these attacks. The GTD, with its focus on immediate media coverage, captures exactly
this causal path and is therefore used as the main dataset throughout the study.

8.2.3 Sample restrictions

I evaluate the robustness of the main results by re-running the main analyses, for the pre-
ferred specifications, with five specific restrictions. First, I use vote keywords, provided
by congreso visible, to categorize votes on "conflict-related" issues. I define conflict-related

rn nmnon "non "mon

votes as those which include the words "military", "victims", "peace"”, "terrorist", "peniten-
tiary" and "justice".”* We may expect votes on these particular issues to be particularly
sensitive to the effect of rebel attacks on political behaviour. I exclude these votes from
the analysis to evaluate this hypothesis. Second, I exclude votes which were proposed
by members of the ruling party, the PU. Third, I exclude politicians who are members
of the PU. Fourth, I exclude politicians from the three most violent departments (Cauca,

Caqueta and Narifio).

53Such as a bomb in Antioquia in August of 2009 which left 7 dead and 52 injured ( ), or an attack against the Justice
Palace in Cali in September of 2009 ( ).
54In Spanish, "militar", "victimas", "paz", "terrorista”, "penitenciario” and "justicia”.
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Figure shows the resulting estimates from these sample restrictions on the time-
series analysis. The patterns observed are very similar across these subsamples. In partic-
ular, the pre-peace process effect remains positive and significant in the days just after the
events, but the effect weakens considerably for the post-peace process time period.

These sample restrictions are also imposed on the analyses of heterogeneity across
politicians ideological positions and Santos’s Twitter language, in tables and
The triple-interaction coefficients of interest are robust across all specifications.

8.2.4 Sensitive political times

Three critical dates, before of which increased FARC and legislative activity is observed,
may drive the main results of interest. These dates are the 2010 legislative elections, the
2014 legislative elections, and the announcement of the peace process. In a robustness
check, I remove the 6-months prior to these dates and re-run the main analyses.

The shape and size of the dynamic effects estimated in the event-study remain very
much in line with those in the paper (figure , panel D). In addition, the main point
estimates from the tables which study the heterogeneity of these effects remain statistically
significant and close to the coefficients in the main specification (tables and ,
column 5).

One feature worth highlighting from the analysis of heterogeneity by legislators” ide-
ology (table ) is that, though the estimates are not statistically significant, support for
the PU generally weakened in the post-peace process period (row 2). However, this pat-
tern does not hold in column 5, revealing that this overall weakening of support may have
been sharpest during these sensitive political times. This finding is in line with the effects
documented before elections. That is, if the right-wing effect was strongest during these
sensitive times, then by removing them from the analysis the coefficient becomes close to
zero (since the right-wing effect was the one that drives this overall difference between the
pre and the post peace process period, as outlined by the model). Importantly however,
the heterogeneity across politicians remains (row 5), revealing that the main theoretical
insight with respect to this, that right-wing legislators weakened their post-attack support
most after the peace process starts, is independent of these sensitive political times.

8.2.5 Reverse causality and placebo exercise

Recall that the Noche y Niebla (NyN) dataset of FARC attacks is comprised of events which,
instead of being collected from media sources, are collected mainly from witness and
victims” accounts. As such, these events did not generate immediate responses on Google
trends searches for FARC attacks or legislators tweets about these (figure , panel C).
That is, as politicians and the public were unaware of these events when they occurred,
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they appear not to have generated public interest responses. These events should therefore
also not have generated any effects on legislative behaviour, simply because legislators
did not appear to have learnt about these at the time. However, if FARC anticipated
legislative trends and performed military actions based on these, then it may be possible
to still observe "effects" of these attacks. We can therefore use this dataset for a "placebo"
exercise. The results are shown in figure , and reassuringly, there were no changes in
legislative behaviour following events in this dataset.

8.2.6 Congressional-vote controls

As discussed earlier, there is some weak evidence that the composition of votes may be
different before attacks than after attacks. In particular, table > suggests a substitution
away from "Legislative Acts" and towards "Law Projects" following the events. If this was
a deliberate strategy from the government to take advantage of the effects documented,
then the interpretation of the coefficients estimated should be slightly different. The coef-
ficients I estimate, without controlling for the type of congressional-vote, can be thought
of as the "equilibrium" outcome of two distinct effects: i) the "vote-composition effect",
the type of vote changing as a strategic response of politicians, and ii) the "vote-alignment
effect”, the vote-alignment of individual politicians shifting (regardless of the type of vote
being presented). Credibly identifying the "vote-composition effect" is difficult due to is-
sues of statistical power (there are 11,000 congressional votes, whereas there are 700,000
individual votes). In figure , panel A, I repeat the main event-study analysis con-
trolling for a series of dummy variables, including whether the vote was a "Law Project"
or a "Legislative Act", as well as whether the vote was proposed by a specific legislator,
whether the vote was proposed by the PU, whether the vote was conflict-related, whether
the vote was proposed by member of their own party, and whether vote occurred in the
Senate. The analysis suggests that the extent to which the "vote-composition" effect can
drive the main results is limited, and the generally observed patterns are the same (the
coefficient on the first treated bin - days o-2 post-attack - is smaller, 0.20, relative to o.25,
but not statistically different).

8.2.7 Difference-in-differences: Differential effects by the location of attacks

The empirical frameworks presented above exploit the timing of the attacks to estimate
the effects of interest. An alternative strategy exploits both the timing and the location
of the attacks to study whether politicians whose electoral districts are the location of the
attacks are more responsive to the events (this idea is formalized below in the theoretical
appendix as Proposition 5). I match the location of the attacks to the politicians home
department, the location which they either i) directly represent, for Representatives, or ii)
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got most votes from in the legislative elections, for Senators.”> The analysis includes time
fixed effects that absorb time-shocks common across all individuals and examines whether
politicians react differentially to attacks which occur in their home department. 1 estimate
the following equation:

voteWithPU;yp, =a + Bpost AttackinHD pt + 0P attackWindowin HD 1+

(8)
Yp T vt T 0" T, + 0°" Xou + €iptuv

for individual vote i, politician p, political party u, congressional vote v, on day ¢.

The regression includes politician fixed effects, day fixed effects and party specific
linear trends. I define postAttackinHD); as an indicator variable equal to one if the vote
occurred during the week following an attack in the politicians home department,”” and
zero otherwise. The variable attackWindowinHD,; is an indicator variable equal to one
if the vote occurred within two weeks of an attack in the politicians home department,
and zero otherwise. By including the attackWindowinHDp; dummy, the B coefficient
captures the difference in vote alignment in the week just following the attack to that in
the week just before the attack, and can therefore be thought of as the treatment effect of
the event. In some specifications I include a set of congressional vote level controls, Xy,
these include the same controls as in the event study as well as a variable capturing the
average vote alignment with the ruling party for other members of the politician’s party.

This empirical strategy estimates the differential effect of an attack occurring in a
politician’s home department, over the potential reaction of all politicians (which will be
captured by the day fixed effects). The analysis again uses events with at least three
fatalities and observations with overlapping events are excluded (however, because the
analysis is now disaggregated at the department level, only less than one percent of votes
are affected by this restriction).”” Standard errors are clustered at the politician level.

Table shows the main results from the difference-in-differences specification,
which captures time-shocks using day fixed effects, thus absorbing the overall effect previ-
ously documented. The columns which do not include day fixed effects (1,2,5,6) include a
post-attack dummy (equal to one if the vote took place within one week following an event),
such that the coefficient for the post-attack in home department variable can be interpreted
as a differential effect in all specifications.

The preferred specification (columns 3 and 7) includes day fixed effects and party-

55This definition of home location matches the place of birth in more than go percent of cases.

5*More specifically, postAttackinHD, is equal to one if the vote occurs on days o to 6, where 0 is the day of the attack and days 1-6
are the days following the attack.

57That is, attackWindowinHD); is equal to one if the vote occurs on days -7 to 6.

58To be precise, this is equal to Ykeuktp voteWithPU;e, / (nuw — 1), where n,, are the total number of politicians from party u who
took part in congressional vote v.

591 replicate the main analysis using instead a one or a five casualty threshold and discuss the results below.

oUnlike the event study design, the diff-in-diff methodology uses time fixed effects which will absorb within-time clustering. See

( ) for a discussion of these issues.
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specific linear trends. Column 3 indicates that before the peace process started, politicians
who were "treated" (the attack occurred in their home department), were 7 percentage
points more likely to align their votes with the ruling party in the week following the
event, relative to both "control" politicians and to the week prior to the event. However,
after the negotiations with FARC started, politicians were 4 percentage points less likely to
align their votes with the PU during the week following attacks in their home department
(column 7). Columns 4 and 8 suggest that even after controlling for both observed char-
acteristics of the congressional votes, and the average vote alignment of other members of
the "treated" politicians” party, the effect remained present and statistically significant.

The evidence suggests that the transitory shocks in preferences induced by conflict
events have observable effects on the behaviour of elected politicians. In particular, the
results in this section suggest that politicians from departments where an attack occurs
responded differentially to these events, and that they did so in the direction of the right-
wing-support effect. Before the peace process started, these "treated" politicians were
more likely to align their votes with the hard-line incumbent government, relative to "con-
trol" politicians. After the peace process started "treated" politicians were less likely to
align their votes with the concessionary incumbent government, again relative to "control"
politicians. These findings are consistent with proposition 5, which suggests that conflict
events in legislators” home departments induce larger differential changes in the right-
wing-support effect.

Table , shows the results of the sample restrictions on the difference-in-differences
specification. Two important results arise. The differential positive effect of rebel attacks
on incumbent support, documented in the pre-peace process period, was partly driven
by conflict-related votes. The coefficient estimated (column 1) shows that, after removing
these votes, the effect remains positive but weakens (p-value = 0.103). This result suggests
that it is in this dimension that politicians most changed their vote-alignment after an
attack in their home department, and is somewhat consistent with the idea that the right-
wing-support effect was especially pronounced for these votes, and that legislators are
responsive to their constituents’ preferences. Second, the negative effect documented in
the post-peace process period was driven by politicians in the most violent departments.
Attacks from these departments constitute more than 50% of events in the post-peace
process period. There are in total 27 events in this period, and 14 of these occurred in the
three departments excluded.

8.2.8 Timing of elections in localized effects

The evidence from the difference-in-differences strategy suggests that politicians cared
differentially about attacks which occur in the departments from which they draw the
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most political support, suggesting that electoral incentives, coupled with a rightward shift
in voter preferences, determined legislators’ short-run responses to these events. An al-
ternative hypothesis is that the preferences of politicians themselves shift to the right
following the attacks, and that they do not, in fact, respond to the change in preferences
of their constituents.”" I repeat the analysis of looking around legislative elections to try
to disentangle these hypotheses.

Table shows the results. The results suggest that the differential effect for lo-
calized attacks was stronger before the 2010 elections relative to after these elections. I
also observe a large and negative differential change in alignment for localized attacks
before the 2014 elections, suggesting a strong right-wing-support effect which reduced
legislators” support for the pro-peace PU. The effect is not significant after legislative elec-
tions, consistent with the idea of a weaker right-wing-support effect which is offset by the
rally-'round-the-flag effect.

8.2.9 Separating the two effects

In this section I estimate the magnitudes of the right-wing and the rally-"round-the-flag ef-
fects. This exercise is based on the observations from the conceptual framework that i) the
estimated coefficient for the pre-peace process period represents the addition of the rally
and the right-wing effects (because the incumbent policy position is right-wing), and that
ii) the estimated coefficient for the post-peace process period represents the subtraction
of the right-wing effect from the rally effect (because the incumbent policy position is
left-wing). Given these observations, and under the assumption that the effects are homo-
geneous across the two periods,”” the magnitude of the two effects can be easily estimated
using the coefficients from the event study analysis.”” Figure shows the results. Both
of the effects were positive, but the estimates suggest that the rally effect was stronger and
lasted longer (12 days) than the right-wing effect (6 days).

8.2.10 Alternative casualty thresholds

In this section I replicate the main results using two alternative casualty thresholds, attacks
with at least one casualty, and attacks with at least five casualties. Restricting the analysis
to a lower threshold implies that imposing a sample restriction around event-windows of
isolated attacks results in a much smaller sample. For this reason, I show results both
with and without the event-window restriction. I also show the baseline three-casualty

1In the context of the conceptual framework presented, an alternative model would be one in which legislators weight their own
views and those of the incumbent government.

%2Note that to the extent that the rally effect itself may depend on the policy-position of the incumbent, then this assumption is likely
to be too strong. Depending on the nature of the heterogeneity, one of the effects will be larger than estimated, while the other effect
will be smaller than estimated.

3By solving the two unknowns (rally, rightwing) in the two equations: i) precoef ficient = rally + rightwing and ii) postcoef ficient =
rally — rightwing

65



threshold results for comparison.

The time-series analysis is presented in table . Columns 1-2 and 7-8 show that
overall politicians are not responsive to events with at least one casualty. This finding is
not surprising given that there are many of these events and that they are likely to receive
less attention (and reaction) than events with larger numbers of casualties. The fact that
attacks occur very frequently also limits the statistical power when trying to estimate
the effect of these events. Columns 5-6 show that, before the peace process started, the
magnitude of the effect for events with at least five casualties is very similar to those
for events with at least three casualties. The overall effect of rebel attacks on political
alignment is not statistically significant for any of the post-peace process analyses.

The difference-in-difference analysis is presented in table . Though politicians did
not seem to react overall to events with at least one casualty before the peace process
started (table , columns 1-2), the differential effect is however positive and statistically
significant (table , columns 1-2). These results suggest that though these events are
lesser in magnitude, politicians are aware and react to these when they occur in their elec-
toral districts. In particular, in the week following rebel attacks with at least one casualty,
politicians from these electoral districts increase their support with the incumbent party
by around 4.6 percentage points (column 2, the preferred estimate with the event-window
restriction), relative to other politicians. The coefficient in the pre-peace process specifica-
tion with at least five casualties and no event-window restriction (column 5) is imprecisely
measured but is almost statistically significant (p=0.127), but most importantly, the mag-
nitude of the coefficient is positive and similar to that in the three casualty threshold
specification. After imposing the event-window restriction, the effect becomes statistically
significant (column 6). In the post-peace process period, politicians do not react differen-
tially to events with at least one casualty which occur in their home departments (columns
7-8), but the coefficients are negative. For events with at least five casualties, the coeffi-
cients are large and negative as in the three casualty threshold specification, but again,
imprecisely measured due to a reduced number of events (columns 11-12).

8.2.11 Disentangling the dependent variable

The dependent variable voteWithPU summarizes vote alignment by comparing the politi-
cians’ votes with those of the ruling party. Tables and break apart the main
regressions across the different components of the voteWithPU variable. Columns 1-3 in-
clude only votes which the ruling party voted to approve, that is, the average voteValue
for members of the PU is positive, and columns 4-6 includes only votes which the ruling
party rejected, or the average voteValue was less than or equal to zero (recall voteValue is
equal to 1, 0 or -1 if politicians approve, abstain, or reject, respectively). The dependent
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variables in this analysis are indicator variables for whether politicians rejected (columns
1 and 4), abstained (columns 2 and 5) or approved (columns 3 and 6) a congressional vote.

Note that the time-series results rely on changes of both voteValue, how politicians
vote individually, and voteWithPU, how incumbent politicians vote as a group. Thus, the
effect may be partly driven by co-movements in voting for all politicians, and not necessarily
a deliberate individual decision to support (or not) the ruling party. By splitting the
sample by incumbent party position, the analysis limits the extent to which these co-
movements drive the estimated effects. The extended analysis asks, given only votes which
the incumbent party approved (or rejected) - as well as politician fixed effects, party-
specific time trends and a function of time - is there a change in individual behaviour
(approve, abstain or reject)?

The analysis for the time-series specification (table ) suggests that the effect on
individual vote positions is statistically significant (though weaker) than the overall effect.
Before the peace process, the positive effect is driven by politicians changing their votes
from an abstention to an approval, on votes which the ruling party voted to approve (panel
A, columns 2-3). The sign of the coefficients for votes rejected by the incumbent party is
consistent with the main results, other politicians are also more likely to reject, but not
statistically significant (panel A, columns 4-6). After the peace process started (panel B),
we see increased rejection of both votes which the incumbent party supported and not -
leading to the overall null effect measured in the main results. The results suggest that
attacks decreased approve votes overall, regardless of the position of the incumbent party
on the vote.

The analysis for the difference-in-differences strategy (table ) reveals two interest-
ing patterns underlying these results. First, the effect on vote alignment is stronger for
votes which the ruling party voted to approve, both in the pre and the post-peace process
periods (columns 1-3). Second, the effect comes from politicians changing their votes from
an abstention to an approval, in the pre-peace process period (panel A), and from an ap-
proval to an abstention in the post-peace process period (panel B). After an attack in their
home department, politicians were around 8 percentage points less likely to abstain from
and 9 percentage points more likely to approve a vote which the PU supported, before
the policy shift. Once the peace process started, attacks had an opposite effect (around 9
percentage points less likely to approve, 7 percentage points more likely to abstain, and
2 percentage points more likely to reject). That is, the effect of attacks by the rebel group
is reversed when the policy position of the ruling party shifts. The pattern suggests that
politicians on the margin between an abstention and an approve vote are those who react
to the attacks by changing their legislative positions.
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8.2.12 Removing potentially coordinated attacks

I examine the covariance structure of attacks across Colombian departments to evaluate
the possibility that these actions may be centrally coordinated by FARC for strategic pur-
poses, one of which may be to influence congressional decisions. This empirical exercise
is based on the idea that we can infer features about insurgent group structures by eval-
uating whether attacks in two different locations, on the same days, occur with higher
frequency than that expected by random chance (as in , )"+ I'restrict
the analysis to departments with at least 10 attacks by FARC between 2006 and 2015. The
cross-department covariance matrix of FARC attacks for the period of study reveals four
pairs of departments with higher than random frequency of same-day events (out of 136
possible pairs, Table ). These correspond to attacks on 22 different days which may
have been potentially coordinated by FARC." I then remove observations within the event
window of these identified event-days from the sample and re-run the main analysis. The
results are nearly identical to those in the main specification (figure , panel B).

8.2.13 Relationship between congressional-vote characteristics and exact day of attacks

I test whether congressional-vote characteristics are correlated with the precise day of
events by examining regressions of the following form:

Yor = o + BAOf Attacky; + 0'F(t) + ey 9)

where Yy is a congressional-vote level characteristic, and dOf Attacky; is a dummy vari-
able indicating whether the vote took place the day of an attack with at least three casual-
ties. The analysis includes a function of time F(¢) which includes year fixed effects, month
fixed effects, day of the week fixed effects, and calendar day (linearly), as in the baseline
regressions.

The results are shown in table A8. Without including time controls, 9 out of 52 out-
comes appear statistically significant (at a 95 percent confidence level; but only 2 using the
Bonferroni correction for multiple comparisons). Once time controls are included, only
4 out of 52 appear as statistically significant (and none using the Bonferroni correction).
Out of the 4 characteristics that remain statistically significant after including time con-
trols (fourth committee of the senate, first committee of the house, third committee of the
house, and the keyword "Equilibrio"),”” only 1 is also statistically significant for alternative
casualty thresholds, first committee of the house. The coefficient is negative suggesting

%41 do not replicate the complete analysis in ( ) but instead use the matrix to identify potentially coordinated
events.

9In total, around five percent of all attacks occur on these days, providing additional evidence that FARC intelligence and actions
are largely decentralized, as previously discussed.

The equilibrium keyword refers to the issue of the equilibrium of power across the different branches of the government.

68



that FARC attacks were less likely to occur on days in which this particular committee
meets.

The first committee of the house of representatives deals with issues of constitutional
reform, territorial organization, the legislative branch of government, intellectual property
and policies for peace, among others. Further analysis suggests that the pattern is present
before the peace process started (B = —0.117, p-value= 0.043), but not in the post peace
process period (8 = —0.031, p-value= 0.623). Considering the number of statistical tests,
it is likely that this is a type I error. On the other hand, if FARC understood the effects
documented, and wanted to avoid attacks on days in which this particular committee
was voting (to avoid strengthening legislative support for the PU on these issues), then
this would tend to bias the coefficients I estimate towards zero. As a robustness check,
the results from analyses removing votes from this particular committee are somewhat
stronger but not statistically different from the main results (available upon request). Note
too that there are no statistical differences on days of FARC attacks in the share of either
congressional votes with the "peace" keyword, or votes by the perhaps more relevant
second committee (neither for the senate or the house), which deals with issues of national
defense and law enforcement.

Overall these results support the hypothesis that the very precise timing of FARC at-
tacks were unlikely to be systematically correlated with events occurring in the Colombian

congress.

8.2.14 Heterogeneity across legislators’ ideological position: Event study

An alternative way to estimate whether the effects were heterogeneous across the spec-
trum of politicians” ideology is to cut the sample by politicians who are left and right of
the median of the left-right index, and to estimate the main empirical framework sepa-
rately for these groups. I present results from this exercise here. In particular, I repeat the
event-study analysis on subsamples of "left-wing" vs. "right-wing" politicians (classified
by their propensity to align their votes with the two parties which have clear ideological
positions, the left-wing PD and the right-wing CD, as outlined in section 4). This analysis
is shown in figure . In the pre-peace process period, the effect was statistically sig-
nificant in the days just after the event for both groups of legislators. The effect became
insignificant in the post-peace process period for both groups, but the change was larger
for the "right-wing" group, as seen in the bottom figures (the difference in the pre and
post coefficients is larger for this group, and statistically significant). These results are
consistent with those presented in Table
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8.2.15 Alternative specification for Twitter analysis

An alternative analysis to the event-study framework, which instead compares engage-
ment the week before attacks to the week after attacks is presented in table .77 The
results suggest that in the week following a rebel attack, politicians from the PU received
almost 8 percent more engagement (column 2), the most right-leaning tweets received
about 22 percent more engagement (column 3), and tweets from PU members which were
in the top most right-leaning tweets received about 25 percent more engagement (column
4), following attacks by the rebels. In addition, I estimate a difference-in-differences re-
gression analogous to that in equation (2) with tweetEngagement as the outcome variable.
Though imprecisely measured (columns 5-8), the direction of the coefficients suggests that
engagement for right-leaning tweets from "treated" politicians, whose home department
was the location of a rebel attack, may have differentially increased after these events (col-
umn 7), but that tweets from PU members received less differential engagement (column
6). The direction of the coefficients are consistent with the interpretation that the differ-
ential local effect was driven by the right-wing-support effect, but that, once the peace
process started, PU members lost local support.

8.2.16 Conflict and polarization on Twitter

To evaluate whether rebel attacks increased support not just for extreme right-wing views,
but also extreme left-wing views, I repeat the main event study analysis on the top-most
left-wing tweets as measured by the political leaning index. The results from this exercise
are shown in figure . Though there appears to be some increased engagement for
left-wing tweets, suggesting that there was an overall increase in polarization, it occured
not immediately after attacks, but starting 3 days after the attacks. The relative magnitude
of the largest coefficient (3-6 days) is about half the size of the increased engagement for
right-wing tweets. To further study this, I repeat the time-series analysis from table
for left-wing tweets in table , column 1. The coefficient is not statistically significant
but is relatively large in magnitude. These results suggest that there was indeed an in-
crease in polarization due to conflict and that tweets with extreme language (as measured),
received increased support in the social media platform.

To examine whether there was an overall shift to the right in addition to an increase

7More precisely: tweetEngagementiy; = & + PoattackWindow; 4 Bypost Attacks + v, + 0" F(t) + €. Where the dummy attackWindow
is equal to one if the tweet was published within a two-week window of the attack (one week before, one week after), and the post Attack
dummy is equal to one if the tweet was published the week after an attack.
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in polarization, I study a regression of the following form:

tweetEngagement;,; =Bopost Attack; + Bypolitical Leaning;  post Attack;
+ Bapolitical Leaning? * post Attack; + wypolitical Leaning;  (10)
+ wypolitical Leaning? + vp+ 0'F(t) + Eipt

for tweet i, by politician p, on day t; where post Attack; is an indicator variable equal to one
if the vote occurred in the week after an attack and political Leaning; is the political leaning
measure of tweet i. All specifications also include an attackWindow dummy, an indicator
variable equal to one if the vote occurred within two weeks of an attack (fully interacted
with the other relevant variables), such that the interpretation of the 3 coefficients is
changes in alignment relative to the week before the events. The coefficients of interest
are 31, which evaluates whether more right-leaning tweets received increased differential
engagement following attacks, and B, which evaluates whether tweets with more extreme
language (both left or right) received increased differential engagement following attacks.
The w coefficients assess whether more right-wing language and more extreme language
tweets were associated with higher engagement overall.

The results are presented in table , columns 3-6. I first present the results without
the squared term for the political leaning measure (columns 3-4). The interaction coef-
ficient B is positive but statistically insignificant. This result suggests that even though
the overall shift in support may have been stronger for right-wing tweets, the suggested
increase in polarization weakens the precision in these estimates, as extreme left-wing
tweets also saw some increased support. In columns 5-6, after controlling for the squared
term in political leaning, the B; coefficient remains positive but is now more precisely
estimated and statistically significant. In addition, the B, coefficient is also positive and
statistically significant. Taken together, the results suggest that conflict events increased
polarization on Twitter, but once we control for this effect, the overall shift in support is
stronger for right-wing tweets.

A back of the envelope calculation (using the estimates from the last column, which
include day fixed effects) suggests that following attacks by FARC, a tweet with political
leaning one standard deviation to the right of a neutral tweet received on average 6 percent
more engagement ((1) x 0.0404 + (12) x 0.0233) than the neutral tweet (political leaning
equal to zero). On the other hand, a tweet one standard deviation to the left, received
1.7 percent less engagement ((—1) x 0.0404 + (—12) x 0.0233).”” An extreme-right tweet
three standard deviations away (99+ percentile) received 33 percent more engagement
((3) x 0.0404 + (3?) x 0.0233) following an attack, whereas an extreme-left tweet ((—3) x

%The w coefficients are both positive suggesting that at baseline right-wing tweets and extreme language tweets received more
engagement overall. The estimates presented are for differential changes in engagement.
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0.0404 + (—3?%) x 0.02330.) received 9 percent more engagement, both of these relative to
a neutral tweet.

8.2.17 The ruling coalition and the rally round’ the flag effect

I treat the incumbent party and party of the president, the PU, as the main anchor of
the "flag" throughout the study. An important question would be whether the rally effect
extended to politicians in other parties that were also part of the ruling coalition, the
Unidad Nacional. The main parties included in this coalition are the Conservative party
(from 2006 to 2014), Cambio Radical (throughout the entire period of study), and the Liberal
party (2010-2018). I investigate this question by repeating the Twitter event study analysis
on all members of the ruling coalition. The results are presented in figure . Though
no individual coefficients are statistically significant at the 95% confidence level, two of
them are at the 9o0% confidence level (0-2, and 6-8). In addition, the pooled coefficient for
one week after attacks is statistically significant (8= 0.093, p-value = 0.004, not shown),
and larger than for just the PU (B= o.077, table , column 1). The results from these
exercises suggest that the rally effects documented may in fact have extended beyond the
incumbent party.

8.2.18 Alternative text analysis methodology

I use a linear regression based on the most used words of the two leaders (Santos and
Uribe) to measure the political leaning of tweets. This methodology is simple and intuitive
to most social scientists. In this section, results are presented from using an alternative
and more sophisticated approach which uses machine learning methods to classify these
tweets. In particular, I estimate a multinomial naive Bayes model, using the post-peace
process tweets of the leaders as the training set. These tweets are categorized into right-
leaning (Uribe) and left-leaning (Santos), tokenized (ie. a vector of word frequencies is
created for each, similar to the base methodology), and then used by the classifier to
"learn" what a right-leaning or a left-leaning tweet is (or more precisely, to estimate the
parameters of the model). The classifier then fits the model to the rest of the data (all
other tweets) to estimate a probability that these are right-leaning or left-leaning.

The correlation between the political leaning measure estimated using the linear re-
gression methodology and the probability estimated by the multinomial naive Bayes
model is 0.62 at the tweet level. Note that the linear model political leaning index for
tweets ranges from around -5 to 5. In contrast, the multinomial naive Bayes probability is
by construction (and definition) bounded between o and 1. If the measures are averaged at
the politician level, the correlation between the two indexes is 0.87. The tweet engagement

9The process is implemented using the scikit-learn Python package, see for more details.
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event study using the alternative measure yields very similar results as those from using
the base measure. The scatter plots for these two relationships and the alternative event
study plot are all shown in figure

8.3 Theoretical appendix

Recall the two main assumptions 1) = aw, > 0 (the rally-"round-the-flag effect) and 2) — V] >0
(the right-wing-support effect). And recall the definition of the distance between the pohcy
positions of the legislator and the incumbent government:

D]* _ |wv(X1 — XV]‘)
Wi +wy

Depending on the relative position of the incumbent government x; and the bliss point of
voters at location Xvij, let us define two cases to eliminate the absolute value operation:

if x; > Xvij, then
D*R — wy(xg — ij)
I wi + wy
otherwise, if x; < Xvij, then
DL — wv(xv]' —x7)
I wi + wy

now, with these two cases we can proceed to the proofs.

Proposztzon 1: Right-wing incumbent. Let xR be a right-wing incumbent position, such
that x} > xy;(co), then E)D;.‘R/ac < 0.

Proof 1:
*R *R *R
aD]. _ aD]- dwy N aD]. dxy;j
oc ow;  dc dxy; Oc
wy (X1 — xvj) dwy wy  Oxy;
— > — . (11)
(wy + wy) aCJ . (wr + wy) acl
mlly:ffect right—z;z:ig effect
Given assumptions 1, 5 > 0, and 2, V] > 0 it follows that aD*R /oc <0
[ |

Note that both the rally and the right-wing effects are negative in equation (1). That is,
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both of these effects reduce the distance between the incumbent position and the legislator
position.

Proposition 2: Left-wing incumbent. If xt < xy;j(co), then BD;?L/ dc is ambiguous. How-
ever, 9D /dc > aD:® /oc if |x} — xyj(co)| < [xf — xvj(co)l.

Proof 2.1:

The proof for the first part of the proposition is similar to that of proposition 1.
*L xL, *L
oc dwr dc  dxy; dc

~wy(xvj — X1) dwy wy 9y
(wH—wV)Z ' ac/ (w;—i—wv)' E)cj

(12)

rally effect right—wing effect

. . oxy; . . .
Given assumptions 1, % > 0, and 2, % > 0 it follows that the sign of aD]’.“L/ dc is
ambiguous.

Proof 2.2:
If it is the case that |x} — xyj(co)| < |xf — xvj(co)|, then we can use equations (1) and (2)
to prove the second part of the proposition:

|xf — xvi(co)| < [xf — xvj(co)]

L R
Xyj— X[ < X[ — Xy

_wv(ij — Xf) dwy _wV(xf — Xyj) dwy

(wr+wy)? "dc = (wrt+wy)? dc
~wy(xyj - xb) dw; wy  0xy; _wv(xf —xyj) dw;  wy Oy
(CU]—FC()V)Z " adc (w1+wv)' dc ((U[—{—CUV)Z " ac (w1+wv)' dc

aD;-*L/ac > aD]’-"R/ac
|

In fact, as observed from the second last step here, the assumption |x} — xyi(co)| <
X} — xyj(co)| is in fact too strong and could be relaxed further. However, the main point
of the proposition is clear. For two "similarly extreme" incumbent governments, conflict
will benefit the right-wing government more than the left-wing government - in terms

of legislator convergence towards the incumbent’s platform. The intuition is similarly
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straightforward. The rally effect will pull the legislator’s position closer to the position
of the incumbent for both governments, but while the right-wing effect will also pull the
legislator’s position closer to the right-wing incumbent’s position, it will push the legisla-
tor’s position further from that of the left-wing incumbent.
2 i - E] i ; Ifu_sax‘b,’]._axf,]. dwil _ dwj d i S

roposition 4: Electoral incentives. ij = xV]., 30 = 90 ¢ = ac and wy > wy,
then BD]Tku/ac < BD;‘S/E)C when xy;(co) < x1, and aD;-"u/ac > aD]’-*S/ac when xy;(co) >
XI.

Proof 4:
Recall we normalize the weights such that w; + wy = 1.7" Therefore, re-write:

Dj = [(1 = wr)(x1 — xv;)|

Taking the derivative with respect to ¢ (for right-wing incumbent / left-wing voters)
yields:

oD;:® _ DR 9w, ODIR dxy;

oc dwy ~ dc dxy; odc
dw; dxy;
= —(xy;—x1)— —(1—wj).—— 1
R ( V] I) aCJ\ ( I) aCJ ( 3)
rally effect right—wing effect

Since the initial conditions are the same and the only difference is that w%} > a)‘s/, or
equivalently w¥ < w?, it follows that 8D;-"U /dc < aD]?k 5/dc. The difference is entirely
driven by the right-wing effect. The proof for left-wing incumbent / right-wing voters
follows equivalently.

I now extend the model to consider the case where conflict varies across districts, such

that aggk > %. For instance, if district k is the location of where rebel attacks takes

place.”" If the incumbent’s position is relatively right-wing, then legislator k gets closer to
the incumbent position x; because voters in her district become more right-wing relative
to voters in j. Alternatively, if the incumbent’s position is relatively left-wing, then, for the

7°This normalization simplifies the analysis and removes some extreme cases in which the proposition does not hold. In particular,
oxll.
consider the case of the right-wing effect being very small, ie. TV’ — 0, and the relative weight on the incumbent of accountable
u
legislator U being very small, ie. Z—’s — 0, then conflict could induce larger changes for S, as it responds to the rally effect, but U is
v
"stuck” closer to voters (who themselves respond very little).
7! Alternatively, let ¢; be the level of conflict in district j, ¢y > ¢j and ¢ = Yyjejcj. Voters preferred policy depends on the level of
conflict in their district, xy;(c;).
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same reason, legislator k chooses a position further from x; than j’s.

aka

iy . 9
Proposition 5: Localized effects. If =55 > %

and ka(Co) = XV]'(C()) then:

t. If xf > xyj(co), 9D;R /dc < 9DR/dc < 0, and

2. If xf < xyj(co), 0D;L/9c > aD]ka/E)c
Proof 5.1:

The first part of the proof follows from the assumption and equation (1):

dxyx _ 9Xyj
¢~ ac
wy OXyk wy aij
_(w1+wv)' dc _(w1+wv)' ac
wy (X — xXyg) ow; wy Xy wy (x1 — xXvj) dw; wy  0xy;
(w4 wy)? e (wi+wy) ac  (witwy)? o (wi4wy) ac

aD"/ac < aD:R/ac

The rally effect is the same size for both k and j, however, because legislator k’s voters
respond more to conflict, the right-wing effect is larger, resulting in an overall larger re-
duction of the policy distance in this case. Note that both D,’{"R/ dc < 0 and E)D]’.‘R/ dc <0
follow from proposition 1.

Proof 5.2:
The second part of the proof is analogous to 3.1, it follows from the assumption and equa-
tion (2):

aka axV]‘

ac oc

wy  0xyg wy  9xyj
(wr+wy)  dc (wr+wy) dc
wy (xyx — x1) dwp wy  Oxyi wy (xvj —x1) dw; wy  0xy;
B (w1+wv)2 " dc (CU[—FCUV). ac B (w1+wv)2 " oc (wl—i—wv)' dc
aD;"/ac > aD;* /ac
[ |

As in 3.1, the rally effect is the same size for both k and j, however, because legislator k’s
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voters respond more to conflict, the right-wing effect pushes k further from the left-wing
incumbent, resulting in an overall larger policy distance in this case.

8.4 Extended historical background and discussion of the Colombian conflict in light
of the results

This section provides an extended historical perspective, and a speculative discussion
regarding the particularities of the Colombian context viewed through the lens of the
results I present.

8.4.1 Historical background before Uribe and previous attempts at peaceful resolutions

The period preceding the commonly cited start of the Colombian conflict is referred to
as La Violencia (The violence). The period started in the late 1940s and was an era char-
acterized by violence between the two traditional political parties, the Liberals and the
Conservatives, in which as many as 200,000 people are estimated to have died. The transi-
tion to the era known as the Colombian conflict began in 1958 with a power-sharing deal
between these two parties, known as the National Front (EI Frente Nacional). The start of
the conflict is characterized to have been the 1960s, when the country’s two main rebel
groups, the Revolutionary Armed Forces of Colombia (FARC) and the National Liberation
Army (ELN), were founded.

The 1980s saw an expansion of rebel activities and the emergence of right-wing paramil-
itary groups. The first attempt at a negotiated peace settlement between the Colombian
government and the guerrilla groups also occurred in the 1980s. The peace process ini-
tiated by the government of Belisario Betancur, described as a process of "democratic
opening", resulted in a signed ceasefire with four rebel groups in 1984 (including the
FARC), as well as the creation of the Unidn Patriética (UP) political party by FARC leaders
( , ). The UP obtained 14 seats in the 1986 congressional elections. Despite
the ceasefire, confrontations between the military and the FARC continued. In addition,
thousands of UP members were killed in the late 1980s and early 1990s, including several
elected officials, in what has been described as a "political genocide" ( , ).
Right-wing paramilitaries were involved in many of these deaths. In addition, most armed
groups increased their involvement in drug production and trafficking activities, further
contributing to the intensification of the conflict.

Andrés Pastrana was elected president in 1998, year in which he began peace nego-
tiations with FARC once more. Pastrana’s was the third attempt at peace negotiations
with FARC since 1982.” An important step of these dialogues was the creation of a "de-
militarized zone" in southern Colombia between the departments of Meta and Caqueta.

72See ( ) for a brief review of these processes.
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Despite this concession, there was no ceasefire. Instead, the FARC used the demilitarized
zone to expand their military capabilities during the peace process ( , ;

, ). Following a series of high-profile actions by the FARC,
including the hijacking of an airplane, the negotiations ended in February of 2002, year in
which Uribe was elected.

8.4.2 The Colombian conflict in light of the effects presented

I study the relationship between support for right-wing views and incumbent politicians
on Twitter in light of previous work that has documented both rally-round-the-flag ef-
fects and increased support for right-wing parties following terrorist attacks in other con-
texts. One could argue that the somewhat sudden rise of Uribe in the 2002 presidential
campaign, after the failure of the 1998-2002 peace process, and his re-election in 2006,
following an increase in rebel violence, reveal a pattern consistent with these effects.

Violent attacks by the rebel group increased politicians” support in congress for the
right-leaning, hard-line government while it was in power. His continued public support
allowed the Uribe government to pursue a strong military campaign against the FARC
and to effectively recover the monopoly of violence over many parts of Colombia, while
reducing the rebels” military capabilities. Conflict with the rebel groups strengthened
the mandate of Uribe: the constitution was reformed to allow re-election, a controversial
demobilization process with paramilitary groups took place, and Santos was elected with
his support.

Facing a weakened FARC, the Santos government begins peace negotiations with the
group in 2012, yet negotiating without an effective ceasefire. In the post-peace process
period, the relationship between rebel attacks and increased support in congress subsides.
Though the government’s policy shift resulted in it no longer benefiting from the right-
wing-support, rally-'round-the-flag effects seem to have persisted, allowing the incumbent
government to pursue its new policy of achieving a peace settlement with the rebels. Rally
effects are likely to have allowed Santos to pursue the peace process without a ceasefire: in
the absence of this incumbent advantage, attacks by the rebel group would have weakened
the government (as suggested by the diff-in-diff results) and potentially jeopardized the
negotiations.

FARC'’s actions revealed that it was both aware of these broad effects and invested in
the peace process. The endogeneity of FARC actions is what makes the effects hard to
identify in the long-run (and why I focus instead on short-run effects). Note first that

73However, no quantitative studies had documented similar casual relationships for Colombia (to the extent of my knowledge).

( ) documents an inverted-U-shaped relationship between violence and support for Santos in 2014,

which is partially consistent with the studies above. However, the study presents a relationship between voting and historical violence

(over a period of more than 20 years). ( ) examines a related question, but the main outcome of interest is voter turnout.

The author also investigates changes in third-party vote share (versus traditional parties), however, these parties are not classified into
a left-right spectrum, or by incumbency status.
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there were fewer attacks before the 2014 elections relative to the 2010 elections, which was
important if, as I have argued, the right-wing effect is stronger closer to elections. As the
public’s patience for the negotiations dwindled and the approval rating of Santos fell (as
well as presumably the strength of the rally-"round-the-flag effect), a unilateral ceasefire
announced by the rebels in 2015 was an important step in the process.

When the ceasefire broke in April of 2015, Santos quickly retreated to his old hard-
line self by re-instating bombardments against FARC camps, allowing him to minimize
the damage of these events to his public image, and to take advantage of the right-wing-
support effect.” In addition, FARC attacks were particularly concentrated on infrastruc-
ture during this break in the ceasefire. Had there been more attacks with casualties (for
which I have documented the effect), the peace process is more likely to have failed.

Despite the bilateral ceasefire and the efforts of the government, what was supposed
to be the final agreement between the two parties was turned down by Colombians in a
popular vote in October of 2016. The plebiscite on whether the accord would be imple-
mented resulted in the "no" option, supported by Uribe and the CD, winning by a small
margin.”” Following the results from the plebiscite, the government and FARC continued
negotiations and announced a revised agreement, which hoped to address some of the
criticisms from the opposition. Analysts have pointed out that citizens in places that had
been hardest hit by the FARC were more likely to vote "yes’ to the agreement,”” suggesting
that the local right-wing-support effect dissipates in the long-run, while for those outside
of conflict areas the effect may persist longer.

74See for instance (links): and
75

76See and
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8.5 Appendix figures and tables

Figure A1: Attacks by FARC with at least three fatalities across departments
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Notes: The map shows all attacks by FARC with at least three fatalities between 2006 and 2015 across
Colombian departments, using data from the Global Terrorism Database ( , )
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Figure A2: Distribution of seats in congress by political party
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Notes: The figure shows the share of seats in congress held by each of the main political parties for each
of the governments in the period of study. The Partido de la U is the ruling party across the study.

Figure A3: Share approve votes for each congressional vote
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Notes: The figure shows congressional votes between 2006 and 2015. The y-axis shows the number of politicians who
voted to approve a particular vote, and the x-axis shows the date of the vote. The vertical lines indicate the start of the
first Santos government, the official start of the peace process with FARC, and the start of the second Santos
government, respectively.
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Figure A4: Support for PU across parties
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Notes: The figure shows the average vote alignment with the PU across parties for all individual votes.

Figure As: Support for PU across parties and time
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Notes: The figure shows the average vote alignment with the PU across parties and time. Each point is a party-month
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observation. The y-axis shows the average vote alignment with the PU (voteWithPU) of all individual votes, and the

x-axis shows the date.
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Figure A6: Classification of legislators
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Notes: The figure shows the number of legislators by party classified in the left-wing and right-wing categories
depending on their overall alignment with the relatively more extreme parties, the Polo Democratico and the Centro
Democratico.

Figure A7: Relationship between left-right index and alignment with the incumbent party (PU)
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Notes: The graph shows the relationship between the left-right index and the average vote alignment of politicians

with the incumbent PU party. The colors indicate the party of the politician as in previous figures. The relationship is
positive (B = 0.223) and statistically significant (t-stat = 5.95).
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Figure A8: Number of tweets by date in the Twitter database
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Notes: The plot shows the number of tweets in the database by date (in logs), separately for all tweets, tweets by
incumbent PU legislators, and tweets classified as right-wing through the linear text analysis methodology.
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Figure Ag: Network of politicians on Twitter

o Partidodela U °

e Liberal e o °
e Conservador

e Centro Democratico

o Otro o .

@ @JuanManSantos
@® @AlvaroUribeVel

(e}

Notes: The figure illustrates the network of politicians on Twitter as an undirected graph. Each node represents a politician,
colour-coded by political party, and an edge is drawn between two nodes if either of the politicians follows the other. The graph is
drawn using a force-directed algorithm (Fruchterman and Reingold, 1991) which results in nodes being clustered around their
connections, and roughly organized by centrality (more connected nodes closer to the center). @JuaniVanSantos (in orange) and
@AlvaroUribeVel (in light blue) are highlighted as larger nodes.

Figure A1o: Distribution of the political language index of leaders
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Notes: The histogram shows the distribution of tweets by political language
for each of the two main leaders in the period of study.
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Figure A11: Distribution of political language index of politicians by party
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Notes: The graph shows the distribution of the political language index for all politicians across the main parties.

Figure A12: Political language index of politicians and vote alignment with the incumbent party (PU)
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Notes: The graph shows the relationship between the polLanguage index and the average vote alignment of politicians after the peace
process started. The colors indicate the party of the politician as in previous figures. The relationship is negative (8 = —0.042) and

statistically significant (t-stat = —5.37).
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Figure A13: Kernel density of approval rate for congressional votes
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Notes: The figure shows the estimated kernel density of the approval rate (numVotes Approve, /numVotes,) for all congressional votes.

Figure A14: Estimated rally-"round-the-flag and right-wing effects based on event study specification
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Notes: The figure shows the estimated rally and right-wing effects for the legislature, computed by running a pooled regression and
interacting the three-day bins with a post-peace process dummy, and then estimating the effects by solving the two unknowns (rally,
rightwing) in the two equations: i) precoef ficient = rally + rightwing and ii) postcoef ficient = rally — rightwing. Standard errors are
two-way clustered at the politician and week level.
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Figure A15: Event study: Effect of FARC attacks on vote alignment with the ruling party, robustness checks
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Notes: The figure illustrates the resulting coefficients from the event study design specification for the pre-peace process period (top)
and the post-peace process period (bottom). The regression includes politician fixed effects and a function of time as outlined in
section 5. Coefficients are estimated in three-day bins. Events include all FARC attacks with at least three casualties, and the

regression. Each regression imposes a sample restriction as described in 6. Standard errors are two-way clustered at the politician and
week level, 95% confidence intervals shown.

88



2

2

Figure A16: Event study: Effect of FARC attacks on vote alignment with the ruling party, robustness checks
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Notes: The figure illustrates the resulting coefficients from the event study design specification for the pre-peace process period (top)
and the post-peace process period (bottom). The regression includes politician fixed effects and a function of time as outlined in
section 5. Coefficients are estimated in three-day bins. Events include all FARC attacks with at least three casualties. Top panel
includes vote-type controls (including dummies for Law Project and Legislative Act, vote was proposed by legislator, vote was
proposed by U-party, conflict-related vote, proposed by member of own party, vote occurred in the Senate). Second panel excludes
"potentially coordinated" attacks, as outlined in section 6. Third panel removes attacks which do not appear in the CMH dataset. The
bottom panel removes sensitive political times. Standard errors are two-way clustered at the politician and week level, 95% confidence

intervals shown.
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Figure A17: Event-study, heterogeneity by ideological position
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Notes: The figure shows the estimated event-study coefficients across subsamples of votes depending on legislators” ideology
(left-wing vs. right-wing) and period (pre vs. post peace process). The bottom figures are estimated by running a pooled regression
on the entire period of study and interacting the event dummies with a post-peace process indicator. All coefficients are normalized
relative to the first pre-event indicator. Standard errors are clustered at the politicians and week level.
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Figure A18: Event study: Effect of FARC attacks on public attention (alternative conflict datasets)

Global Terrorism Database (GTD)
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Notes: The figure illustrates the resulting coefficients from the event study design specification on Google Trends data using different
conflict datasets. Outcome is volume of Google Trends (measured from o-100) for “FARC Attack” (“Ataque FARC”). Coefficients are
estimated in three-day bins. Events include all FARC attacks with at least three casualties, and the sample is restricted to days which
occur only within the event window of at most one attack. Standard errors are clustered at the week level.
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Figure A19: Event study placebo: FARC attacks and support for PU, Noche y Niebla dataset
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Notes: The figure illustrates the resulting coefficients from the event study design specification using the NyN dataset as a placebo
exercise. As the public and legislators are unaware of these events, they do not generate legislative responses. Shown are the
estimates for the pre-peace process time period. Standard errors are clustered at the week level.

Figure A20: Event study: Effect of FARC attacks on tweet engagement, 10 percent most left-leaning tweets
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Notes: The figure illustrates the resulting coefficients from the event study design specification for the 10 percent most left-leaning
tweets. The regression includes politician fixed effects and a function of time as outlined in section 4. Coefficients are estimated in
three-day bins. Events include all FARC attacks with at least three casualties, and the sample is restricted to tweets which occur only
within the event window of at most one attack. Standard errors are two-way clustered at the politician and week level.
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Figure A21: Event study: Effect of FARC attacks on tweet engagement, support for ruling coalition
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Notes: The figure illustrates the resulting coefficients from the event study design specification for the politicians from the ruling
coalition (Unidad Nacional). The regression includes politician fixed effects and a function of time as outlined in section 4. Coefficients
are estimated in three-day bins. Events include all FARC attacks with at least three casualties, and the sample is restricted to tweets
which occur only within the event window of at most one attack. Standard errors are two-way clustered at the politician and week
level.

Figure A22: Text analysis alternative: multinomial naive Bayes classifier
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Notes: The figure illustrates the results from the alternative machine learning text analysis procedure which uses multinomial naive
Bayes to compute the political leaning of tweets. Top-left shows the correlation between the base measure and the alternative measure
at the tweet level. Top-right shows the correlation between the two measures at the politician level. Bottom shows the event study
procedure for the top ten percent most right-leaning tweets as classified by the alternative methodology.
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Table A1: Summary statistics for congressional votes

Variable Mean Std. Dev. Min. Max. N

Vote date

Year 2011.438 2.013 2006 2015 11666
Month (1-12) 8.513 2.924 2 12 11666
Calendar day 15.385 8.442 1 31 11666
Day of the week (0-6) 2.555 0.837 1 7 11666
Vote statistics

Number of Votes 43.649 35.138 0 223 11149
Number of Approve votes 30.679 30.572 0 223 11149
Number of Reject votes 12.97 22.819 0 119 11149
Share that approved 0.758 0.334 0 1 10667
Number of Abstentions 26.422 26.683 0 152 11149
Percent of abstentions 0.319 0.131 0 1 10669
Vote Passed 0.747 0.435 0 1 11666
Vote type

Law Proyect 0.483 0.5 o 1 11666
Policy vote 0.673 0.469 o 1 11666
Procedural vote 0.229 0.421 o 1 11666
Permanent Session 0.011 0.105 o 1 11666
Vote keywords

Keyword Militar 0.032 0.175 0 1 11666
Keyword Salud 0.051 0.22 0 1 11666
Keyword Paz 0.012 0.11 0 1 11666
Keyword TLC 0.008 0.088 0 1 11666
Keyword Justicia 0.048 0.215 0 1 11666
Keyword Victimas 0.012 0.109 0 1 11666
Keyword Infraestructura 0.007 0.084 0 1 11666
Keyword Tributaria 0.033 0.179 o 1 11666
Keyword Empleo 0.005 0.067 0 1 11666
Keyword Educacién 0.007 0.083 0 1 11666
Keyword Terrorista 0.003 0.055 0 1 11666
Keyword Social 0.008 0.089 o 1 11666
Keyword Corrupcién 0.011 0.103 0 1 11666
Keyword Transporte 0.005 0.072 0 1 11666
Keyword Television 0.007 0.08 o 1 11666
Keyword Servicios 0.006 0.08 0 1 11666
Keyword Equilibrio 0.058 0.233 0 1 11666
Keyword Penitenciario 0.004 0.063 o 1 11666
Vote proposer

PP is Partido Liberal 0.078 0.268 0 1 11666
PP is Partido Cambio Radical 0.034 0.18 0 1 11666
PP is Partido Conservador 0.067 0.251 o 1 11666
PP is Partido de la U 0.091 0.288 0 1 11666
PP is Polo Democratico Alternativo 0.041 0.199 0 1 11666
PP is Centro Democratico 0.025 0.156 0 1 11666
No vote proposer identified 0.663 0.473 0 1 11666

Notes: The table shows the summary statistics for congressional votes. The variables include the share of
politicians who voted to approve, reject or abstain from a vote, as well as dummy indicators for the type of vote
(Votacién), keywords that the description of the vote contains, and the party of the politician who proposed the
vote (PP) if available.
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Table A2: Summary statistics for FARC attacks

(1) () €) (4)
All events 1+ fatalities 3+ fatalities 5+ fatalities
mean/sd mean/sd mean/sd mean/sd
Year 2011.27 2011.29 2010.93 2010.34
(2.54) (2.67) (2.70) (2.83)
Month (1-12) 6.44 6.14 5.59 5.75
(332) (3-43) (3.07) (3.19)
Calendar day 15.70 14.86 15.42 15.09
(8.80) (8.88) (8.93) (8.97)
Day of the week (0-6) 3.00 2.96 3.10 3.17
(2.01) (1.99) (2.11) (2.08)
Latitude 4.17 4.03 4.15 4.40
. (271) (253) (2.70) (2.56)
Longitude 7535 -75-52 “75-44 7553
(1.84) (1.84) (1.99) (2.06)
No. Fatalities 0.84 2.67 5.67 7.58
(1.97) (2.75) (3-25) (3-24)
No. Injured 1.87 4.28 7.38 10.21
(5.65) (9-01) (12.75) (16.11)
Observations 881 279 91 53

Notes: Summary statistics for FARC attacks: all events, events with at least one fatality, at least three
fatalities and at least five fatalities, in columns 1-4 respectively. Standard errors in parentheses.

Table A3: Summary statistics for individual votes

Variable Mean Std. Dev. Min. Max. N
Vote value (approve, abstain or reject) 0.252 0.747 -1 1 782190
Vote with ruling party (Partido de la U) 0.677 0.468 0 1 781076
Vote with left-wing party (Polo Democratico) 0.503 0.5 0 1 758393
Vote with right-wing party (Centro Democratico) 0.558 0.497 0 1 166833
Vote with majority 0.678 0.467 0 1 782190
Vote with own party 0.734 0.442 0 1 782190

Notes: The table shows the summary statistics for individual votes. The variables include the
voteValue: voted to approve (1), abstain (0) or to reject (-1) a congressional vote, as well as
alignment with the majority, own party, ruling party (PU), left-wing party (PD), or right-wing

party (CD).
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Table A4: Relationship between voteValue and party of proposer across parties

(1) (2) (3) (4) (5) (6) (7)
all PD PL PU CR PC CD
proposed by member of PD  -0.193*** -0.213%**  -0.228"** -0.247""* -0.206"*" -0.422"**
(0.0258)  (0.0284) (0.0321) (0.0311) (0.0304) (0.0298) (0.0788)
proposed by member of PL  0.00429 -0.00705 0.0854"** -0.0271  -0.0165 0.0393  -0.0606
(0.0202) (0.0286) (0.0244) (0.0254) (0.0228) (0.0245) (0.0457)
proposed by member of PU  0.0295  -0.0506*  0.00556 0.00552 0.101"** -0.0838*
(0.0198)  (0.0280) (0.0242) (0.0252) (0.0220) (0.0237) (0.0451)
proposed by member of CR  0.0282  -0.00177 0.00834 0.00404 0.140""* 0.0770**  0.0179
(0.0267) (0.0392) (0.0328) (0.0351) (0.0296) (0.0316) (0.0530)
proposed by member of PC  0.0255 -0.0722**  0.0280 0.00816  0.0268  0.146"** -0.111**
(0.0217) (0.0307) (0.0271) (0.0272) (0.0240) (0.0252) (0.0455)
proposed by member of CD -0.158*** -0.180""* -0.314™** -0.205"** -0.183"** -0.171*** 0.103""
(0.0251) (0.0398) (0.0336) (0.0335) (0.0307) (0.0328) (0.0425)
no proposer 0.498™**  -0.0434* 0.545"** 0.591"** o0.471"** 0.617*"*  0.0549
(0.0164) (0.0229) (0.0201) (0.0205) (0.0188) (0.0202) (0.0414)
Constant -0.0649***  0.180*"** -0.0847"** -0.125"** -0.0401** -0.157"*" 0.181%**
(0.0156) (0.0212) (0.0191) (0.0194) (0.0177) (0.0191) (0.0329)
N 781247 35697 162143 201096 72086 159907 25540

Notes: The table shows a regression of voteValue (1 if approve, o if abstain, -1 if reject) on dummy variables indicating the party
of the politician who proposed the vote. The regression is run separately for members of each party (across columns). Standard
errors clustered at the congressional vote level. The bold coefficients indicate support for their own party.

Table As: Summary statistics for politicians

Variable Mean Std. Dev. Min. Max. N
Average alignment with ruling party (PU)  0.665 0.128 0 1 666
Left-right index -0.006 0.13 -0.443 0.471 666
Right-wing legislator dummy 0.5 0.5 0 1 666
Seat safeness (mean) 5.413 6.209 1 61.578 659
Seat safeness, winsorized (mean) 5.305 5.505 1 32.652 659
Always in office (2006-2018) 0.089 0.284 0 1 666
P. Liberal 0.182 0.386 0 1 666
P. Cambio Radical 0.096 0.295 0 1 666
P. Conservador 0.164 0.37 0 1 666
P. de la U (incumbent/ruling party) 0.21 0.408 0 1 666
P. Polo Democratico (left-wing party) 0.047 0.211 0 1 666
P. Centro Democratico (right-wing party)  o0.051 0.22 0 1 666

Notes: The table shows summary statistics at the politician level.
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Table A7: Congressional-vote characteristics on weeks before attacks

,Bpre Sepre ,Bpre S€pre
Vote group/committee
Vote in Senate -0.0112 (0.0436) -0.0493 (0.0317)
Vote in Chamber of Reps 0.00556 (0.0468) -0.00786 (0.0403)
Primera de Senado 0.0847 (0.0522) 0.0962** (0.0448)
Segunda de Senado -0.0171 (0.0111) -0.0131 (0.0123)
Tercera de Senado -0.00828 (0.00676)  0.00588 (0.00631)
Cuarta de Senado -0.0130*** (0.00394) -0.00487*  (0.00275)
Quinta de Senado -0.0229***  (0.00766)  -0.0186** (0.00732)
Sexta de Senado -0.00672 (0.0120) -0.00862 (0.0119)
Séptima de Senado -0.0110 (0.0181) -0.0105 (0.0187)
Primera de Camara 0.0545 (0.0523) 0.0407 (0.0375)
Segunda de Cdmara -0.0268***  (0.00915)  -0.0298**  (0.0129)
Tercera de Cadmara -0.00103 (0.0130) 0.0115 (0.0115)
Cuarta de Cdmara -0.0212***  (0.00458)  -0.0144***  (0.00536)
Quinta de Cémara 0.00901 (0.0205) 0.0129 (0.0181)
Sexta de Cdmara -0.00137 (0.0221) 0.0142 (0.0246)
Séptima de Camara -0.0140 (0.0152) -0.00346 (0.0140)
Vote statistics
Number of Votes -0.307 (4.181) -1.979 (3.461)
Number of Abstentions -1.612 (2.902) -2.075 (2.447)
Percent of Abstentions -0.00427 (0.0128) -0.00534 (0.0124)
Vote type
Votacién Proyecto de Ley -0.0784** (0.0358) -0.0712** (0.0307)
Votacién Acto Legislativo 0.0676 (0.0429) 0.0574* (0.0316)
Votacién Proposiciones -0.0254 (0.0328) -0.0514* (0.0303)
Votacién Impedimentos 0.0705* (0.0387) 0.0577* (0.0347)
Votacion Orden del Dia -0.0258** (0.0110) -0.00642 (0.00662)
Votaciéon Otros Asuntos -0.0130** (0.00553)  -0.00877 (0.00592)
Votacion Sesién Permanente -0.00459 (0.00526)  -0.00129 (0.00446)
Vote keywords
Keyword Militar 0.0363 (0.0455) 0.0199 (0.0340)
Keyword Salud -0.0498** (0.0199) -0.0454**  (0.0182)
Keyword Paz 0.00156 (0.00761)  0.00365 (0.00720)
Keyword TLC 0.0103 (0.00854)  0.00729 (0.0106)
Keyword Justicia 0.0578 (0.0450) 0.0377 (0.0307)
Keyword Victimas 0.00176 (0.00892)  0.00606 (0.00763)
Keyword Infraestructura -0.00301 (0.00455)  -0.00488 (0.00528)
Keyword Tributaria -0.0316 (0.0236) -0.0593* (0.0342)
Keyword Empleo -0.00524 (0.00380)  -0.00200 (0.00282)
Keyword Educacién 0.00769 (0.00807)  0.0102 (0.00793)
Keyword Terrorista -0.00356**  (0.00166) -0.000610  (0.00221)
Keyword Social -0.00187 (0.00368)  -0.0102 (0.00777)
Keyword Corrupcién 0.00621 (0.0108) 0.0122 (0.0103)
Keyword Transporte 0.00214 (0.00415)  -0.000438  (0.00398)
Keyword Televisién -0.00380 (0.00470)  0.00147 (0.00326)
Keyword Servicios 0.00373 (0.00434)  0.00481 (0.00439)
Keyword Equilibrio -0.0132 (0.0333) -0.0302 (0.0283)
Keyword Penitenciario 0.00724 (0.00751)  0.00844 (0.00698)
Vote proposer (by party)
Partido Liberal 0.0252 (0.0200) 0.0226 (0.0186)
Partido Cambio Radical -0.00162 (0.00839)  0.00432 (0.00738)
Partido Conservador -0.00929 (0.0109) -0.00757 (0.0139)
Partido de la U -0.0000305  (0.0189) 0.0109 (0.0187)
Polo Democratico Alternativo 0.0172 (0.0197) 0.00647 (0.0111)
Centro Democrético 0.00520 (0.00986)  -0.00755 (0.00790)
No proposer -0.0368 (0.0419) -0.0326 (0.0316)
Function of time controls No Yes
No. of stat. significant outcomes (p<0.05) 9 6
No. significant w/ Bonferroni correction 1 0

Notes: Each coefficient corresponds to a separate regression of vote characteristic as an outcome, on a
preAttack indicator equal to 1 if the vote occured in the week before an attack (columns 1 and 3). Column
3 regressions include a function of time controls, including year, month and day of the week fixed effects,
and calendar day (linear). 99



Table A8: Congressional-vote characteristics on days of attacks

.BDofAtfack S€Dof Attack .BDofAttuck S€Dof Attack

Vote group/committee

Vote in Senate -0.00247 (0.106) 0.0405 (0.0989)
Vote in Chamber of Reps -0.064 (0.0657) 0.00405 (0.065)
Primera de Senado -0.0365 (0.0307) -0.0584* (0.0324)
Segunda de Senado -0.00321 (0.0227) -0.0193 (0.0251)
Tercera de Senado -0.00779 (0.0129) -0.000391  (0.0132)
Cuarta de Senado -0.0140%** (0.00374) -0.00969**  (0.00433)
Quinta de Senado 0.0133 (0.0349) 0.0194 (0.0285)
Sexta de Senado 0.00404 (0.0323) 0.000658 (0.0343)
Séptima de Senado -0.017 (0.0162) -0.0306 (0.0272)
Primera de Cdmara -0.0442 (0.0287) -0.100** (0.0474)
Segunda de Cdmara 0.00927 (0.0295) 0.00382 (0.0289)
Tercera de Cdmara -0.0277*** (0.00887) -0.0272** (0.0119)
Cuarta de Camara 0.00522 (0.0227) 0.00399 (0.0214)
Quinta de Camara 0.00613 (0.0282) -0.000262  (0.0284)
Sexta de Camara 0.115% (0.0645) 0.119* (0.0611)
Séptima de Camara -0.0240* (0.0122) -0.0211* (0.0122)

Vote statistics

Number of Votes -5.87 (6.377) 0.537 (6.06)
Number of Abstentions -4.563 (4.116) 0.819 (4.107)
Percent of Abstentions -0.00346 (0.0179) 0.0107 (0.0183)
Vote type

Votacion Proyecto de Ley -0.0494 (0.0736) -0.0155 (0.0636)
Votacién Acto Legislativo 0.0526 (0.0865) 0.0163 (0.0651)
Votacién Proposiciones -0.0225 (0.0446) -0.0463 (0.0546)
Votacién Impedimentos 0.024 (0.0659) 0.0453 (0.0557)
Votacién Orden del Dia -0.0141 (0.0195) -0.00132 (0.0094)
Votaciéon Otros Asuntos 0.0135 (0.0179) 0.0141 (0.0193)
Votacién Sesion Permanente -0.00961***  (0.00144) -0.00364 (0.00293)
Vote keywords

Keyword Militar -0.0315** (0.0136) -0.0613* (0.0314)
Keyword Salud -0.023 (0.0315) -0.00651 (0.0238)
Keyword Paz 0.00984 (0.0225) 0.0175 (0.0219)
Keyword TLC 0.0108 (0.0158) 0.00664 (0.0166)
Keyword Justicia 0.0827 (0.0927) 0.0477 (0.0721)
Keyword Victimas -0.0134** (0.00529) -0.0083 (0.00925)
Keyword Infraestructura -0.000148 (0.00798) 0.0000769  (0.00918)
Keyword Tributaria -0.0372 (0.0233) -0.0124 (0.0229)
Keyword Empleo -0.00509 (0.00369) 0.00237 (0.00309)
Keyword Educacién 0.0314 (0.0232) 0.0370* (0.0211)
Keyword Terrorista -0.00346** (0.00161) 0.00125 (0.00162)
Keyword Social 0.0184 (0.0273) 0.0107 (0.0265)
Keyword Corrupcion -0.0120%** (0.00347) -0.0116 (0.00786)
Keyword Transporte 0.00979 (0.0113) 0.00748 (0.0122)
Keyword Television -0.00730** (0.00339) -0.00244 (0.00544)
Keyword Servicios -0.00329 (0.00418) -0.00341 (0.00482)
Keyword Equilibrio -0.0608*** (0.0182) -0.0850** (0.0356)
Keyword Penitenciario -0.000602 (0.00428) 0.000949 (0.00509)

Vote proposer (by party)

Partido Liberal -0.0159 (0.0143) -0.0128 (0.0135)
Partido Cambio Radical 0.0137 (0.0166) 0.0182 (0.0139)
Partido Conservador -0.0113 (0.0176) -0.00451 (0.0165)
Partido de la U 0.0299 (0.0287) 0.0354 (0.0271)
Polo Democratico Alternativo -0.0131 (0.0109) -0.0108 (0.0112)
Centro Democrético -0.00458 (0.0105) -0.0135 (0.00987)
No proposer 0.011 (0.064) -0.00564 -(0.0457)
Function of time controls No Yes

No. of stat. significant outcomes (p<0.05) 9 4

No. significant w/ Bonferroni correction 2 0

Notes: Each coefficient corresponds to a separate regression of vote characteristic as an outcome, on
a day-of-attack (3+ casualties) dummy variable (columns 1 and 3). Column 3 regressions include a
function of time controls, including year, month and day of the week fixed effects, and calendar day
(linear).
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Link  Date

Aug 08/2006
Dec 11/2007
Dec 11/2007
May 13/2008
Sep 01/2009

Sep 01/2009

Nov 24/2009
Apr 14/2010
Jun 02/2010

Jun 08/2010

Nov 23/2010
Nov 24/2010
Nov 24/2010
Nov 25/2010
Nov 25/2010
May 11/2011
May 24/2011
May 24/2011
May 24/2011
May 24/2011
May 24/2011
May 25/2011
May 25/2011
May 25/2011
Jun o1/2011

Apr 10/2012
Apr 17/2012
May 08/2012
May 08/2012
May 09/2012
May 15/2012
May 15/2012
May 16/2012
May 16/2012
May 16/2012
May 23/2012
Jun o5/2012

Jun 12/2012

Aug 22/2012
Aug 22/2012

Days since
attack

O\G\OOHNHHHOOHOOSW\1000NNNNN-&O\O\WW-&\‘(H\]#O\@\]WWO\

House

LIV Moo MAIIoWoonnn oo IAIoaonnnnnn IIIINVHN

Table Ag: Potentially affected votes

Incumbent
position
For
Against
Against
Against
Against
Against
Against
Against
Against
Against
Against
For
For
For
For
Against
Against
Against
Against
Against
Against
Against
Against
For
Against
Against
For
Against
For
Against
Against
For
Against
Against
For
For
Against
Against
Against
Against

Share
approved
0.52
0.45
0.48
0.46
0.39
0.47
0.42
0.38
0.38
0.37
0.47
0.5
0.53
0.53
0.53
0.40
0.43
0.28
0.26
0.39
0.29
0.30
0.47
0.58
0.42
0.40
0.5
0.35
0.78
0.36
0.39
0.55
0.42
0.40
0.5
0.64
0.43
0.40
0.41
0.42

Counterfactual
share apprv
0.42
0.53
0.57
0.61
0.53
0.64
0.51
0.50
0.58
0.50
0.53
0.44
0.47
0-44
0-44
0.51
0.82
0-54
0.50
0.65
0.58
0.57
0.63
0.38
0.55
0.50
0.47
0.61
0.56
0.24
0.60
0.32
0.58
0.82
0-33
0.44
0.78
0.53
0.54
0.55

Type of vote

Otros Asuntos
Acto Legislativo
Proyecto de Ley
Otros Asuntos
Impedimentos
Impedimentos
Impedimentos
Otros Asuntos
Proposiciones
Orden del Dia
Acto Legislativo
Acto Legislativo
Acto Legislativo
Acto Legislativo
Acto Legislativo
Ley Estatutaria
Impedimentos
Impedimentos
Impedimentos
Proyecto de Ley
Impedimentos
Proposiciones
Proposiciones
Proyecto de Ley
Proyecto de Ley
Proposiciones
Acto Legislativo
Impedimentos
Impedimentos
Proyecto de Ley
Proposiciones
Proposiciones
Otros Asuntos
Acto Legislativo
Otros Asuntos
Proposiciones
Proposiciones
Proyecto de Ley
Proposiciones
Proposiciones

Keywords

n/a

n/a

Concursos carrera administrativa

n/a

n/a

n/a

n/a

n/a

n/a

n/a

Ley de sostenibilidad fiscal

Ley de sostenibilidad fiscal

Ley de sostenibilidad fiscal

Ley de sostenibilidad fiscal

Ley de sostenibilidad fiscal

Marco juridico inteligencia y contrainteligencia
Estatuto de Seguridad Ciudadana

Edad de retiro forzoso para Magistrados

Edad de retiro forzoso para Magistrados

Ley de victimas, restitucion de tierras

Edad de retiro forzoso para Magistrados
Creacién del Sistema Nacional de Migraciones
Sistema Ncnl de Voluntarios de Primera Respuesta
Ley General de Bomberos

Pensién de vejez

Implementacién del TLC con Estados Unidos
Salud como derecho fundamental

Régimen distrital

Régimen distrital

Derecho a no padecer hambre

n/a

n/a

Pago del combustible de funcionarios del Estado
Derecho a no padecer hambre

Pago del combustible de funcionarios del Estado
Promoci6n del turismo

Vivienda de interés social

Vivienda de interés social

Garantias mobiliarias

Garantias mobiliarias

Notes: The table lists congressional votes potentially affected by FARC attacks. House indicates "S" if the vote occured in the Senate, "R" if it
occured in the House of Representatives and "c" if it occured in one of the smaller legislative committees. These are votes which occured soon
after an event and which resulted in a close outcome in favour of the incumbent party. For more details on each vote, a link to the relevant

congresovisible.org page is provided. See section 6 for details.

Table A1o: Effect of FARC attacks on vote alignment with ruling party

(1) (2) €)) 4)

Contemporaneous Short-run Long(er)-run Average

Pre-peace process .2533"** .1735™** .0177 .0956™**
(.031) (.0293) (.022) (.0232)
Post-peace process .065 .0508 .042 .0464*
(0724) (.0319) (0305)  (0256)

Notes: Estimates from time-series specification where the dependent variable is alignment with the
ruling party. Short-run effects refer to the average of the coefficients in bins t = 0-2, 3-5, and 6-8.
Long-run effects refer to the average of the coefficients in periods t = 9-11, 12-14, and 15-17. Average
effect refers to the average of coefficients in all of the post-attack bins. Two-way clustered standard
errors at the politician and week level in parentheses.
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http://congresovisible.org/votaciones/1408
http://congresovisible.org/votaciones/1547
http://congresovisible.org/votaciones/1540
http://congresovisible.org/votaciones/1578
http://congresovisible.org/votaciones/1822
http://congresovisible.org/votaciones/1833
http://congresovisible.org/votaciones/1764
http://congresovisible.org/votaciones/2486
http://congresovisible.org/votaciones/7149
http://congresovisible.org/votaciones/3322
http://congresovisible.org/votaciones/4772
http://congresovisible.org/votaciones/4447
http://congresovisible.org/votaciones/4444
http://congresovisible.org/votaciones/4785
http://congresovisible.org/votaciones/4784
http://congresovisible.org/votaciones/5564
http://congresovisible.org/votaciones/5736
http://congresovisible.org/votaciones/7253
http://congresovisible.org/votaciones/7258
http://congresovisible.org/votaciones/5702
http://congresovisible.org/votaciones/7257
http://congresovisible.org/votaciones/7029
http://congresovisible.org/votaciones/6687
http://congresovisible.org/votaciones/6907
http://congresovisible.org/votaciones/6969
http://congresovisible.org/votaciones/7698
http://congresovisible.org/votaciones/7853
http://congresovisible.org/votaciones/7720
http://congresovisible.org/votaciones/7721
http://congresovisible.org/votaciones/8026
http://congresovisible.org/votaciones/8153
http://congresovisible.org/votaciones/8152
http://congresovisible.org/votaciones/8384
http://congresovisible.org/votaciones/8028
http://congresovisible.org/votaciones/8384
http://congresovisible.org/votaciones/9094
http://congresovisible.org/votaciones/8298
http://congresovisible.org/votaciones/7906
http://congresovisible.org/votaciones/8613
http://congresovisible.org/votaciones/8593

Table A11: Effect of FARC attacks on vote alignment with ruling party, time-series, one week after the attack

(1) (2 (3) (4) (5) (6) (7) (8
pre-PP pre-PP pre-PP pre-PP post-PP  post-PP  post-PP  post-PP

Post-attack, 3+ caslts. 0.0587"**  0.0862"**  0.111™*  0.0956™** 0.0232 0.0608 0.0607 0.0406
(0.0182) (0.0325) (0.0278) (0.0264) (0.0228)  (0.0533) (0.0400) (0.0325)
N 432414 369576 360574 369574 348662 304742 304742 304742
N. politicians 517 515 513 513 421 421 421 421
Politician FE no no yes yes no no yes yes
Attack window dummy no yes yes yes no yes yes yes
Isolated events no yes yes yes no yes yes yes
Time function no no yes yes no no yes yes
Party trends no no yes yes no no yes yes
Vote controls no no no yes no no no yes

Notes: Estimates from time-series specification where the dependent variable is alignment with the ruling party. Columns 1-4
show regressions for the pre-peace process period, and columns 5-8 for the post-peace process period. Columns 1 and 5 include
no controls or fixed effects. Columns 2 and 6 include a dummy for the two-week window around the event and restricts to
isolated events. Columns 3 and 7 include politician fixed effects and a function of time as outlined in section 4. Columns 4 and
8 include congressional vote level controls including dummies for the type of vote (policy vs. procedural), keywords (conflict
or non-conflict related votes), whether the vote was proposed by a PU member or by a member of the politician’s own party.
Two-way clustered standard errors at the politician and week level in parentheses.

Table A12: Effect of FARC attacks on vote alignment with ruling party, one week after attacks, heterogeneity
by legislators” ideology, robustness checks

® @) G) (4) (5) ©) @) ©®)

Post-attack, 3+ caslts. 0.137*** 0.130"** 0.138*** 0.136"** 0.103""*  0.132"*  0.109"**  0.0852"**

(0.0339)  (0.0293)  (0.0331)  (0.0334)  (0.0365)  (0.0296)  (0.0289)  (0.0257)
Post-attack x post peace process -0.0784 -0.0778 -0.0802 -0.0729 -0.000890  -0.0733 -0.0680 -0.00322

(0.0487)  (0.0566)  (0.0526)  (0.0508)  (0.0493)  (0.0483)  (0.0449)  (0.0578)
Post-attack x LRindex 0.502* 0.449 0.524* 0.481 0.419 0.518* 0.457

(0.281) (0.288) (0.272) (0.295) (0.346) (0.312) (0.280)
Post-attack x LRindex x post PP -0.889"**  -0.854"**  -0.897"**  -0.905"**  -1.007"** = -0.910"*  -0.893""*

(0:338) (0:323) (0.319) (0:335) (0.361) (0:354) (0-325)
Post-attack x Right-wing dummy 0.0707"

(0.0423)
Post-attack x RW dummy x post PP -0.118**
(0.0560)

N 604063 611622 500653 620974 568222 615443 674316 674316
N. politicians 662 662 537 625 662 658 662 662
Excludes conflict votes yes no no no no no no no
Excludes PU-proposed votes no yes no no no no no no
Excludes PU politicians no no yes no no no no no
Exc. most violent depts no no no yes no no no no
Exc. sensitive political times no no no no yes no no no
Exc. events not in CMH data no no no no no yes no no
Vote-level controls no no no no no no yes no
Left-right index dummy no no no no no no no yes

Notes: Estimates from the triple-interaction specification where the dependent variable is alignment with the ruling party. All columns
include politician fixed effects, a function of time, an event-window dummy, party time trends, and restrict to isolated events. Robustness
checks include a series of sample restrictions (columns 1-6), include vote-level controls (column 7), and use left-right dummy variable
(above median, column 8). Two-way clustered standard errors at the politician and week level in parentheses.
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Table A13: Effect of FARC attacks on vote alignment with ruling party, heterogeneity by Twitter political
language, robustness checks

(€)) ) G) @) (5) (©) @) (©)

Post-attack, 3+ caslts. 0.133*  0.139"*  0.132"*  0.118*  0.0886™*  0.122"**  0.129"** 0.0905
(0.0207)  (0.0198)  (0.0206)  (0.0208) (0.0129) (0.0197)  (0.0158)  (0.0560)

Post-attack x LRindex 0.920"**  0.861"**  0.870"*  0.813***  0.806"* = 0.833""* 0.850"*  1.306™*
(0.132) (0.141) (0.0856) (0.103) (0.0590) (0.113) (0.123) (0.543)

Post-attack x Pol. language 0.180 0.208 0.188 0.143 -0.0376 0.159 0.213**

(0.111) (0.129) (0.123) (0.115) (0.107) (0.108) (0.0920)

Post-attack x Pol. language x LRindex 2.535"% 2375 2400 2397 3.176™* 2352 2.502%**
(0.600)  (0.594)  (0489)  (0.507) (0.259) (0.561)  (0.562)
Post-attack x Pol. language (t-1) 0.0800
(0.193)
Post-attack x Pol. language (t-1) x LRindex 3.592**
(1.382)
N 471035 482364 397685 498031 499206 537171 540098 540098
N. politicians 441 441 340 415 441 441 441 441
Excludes conflict votes yes no no no no no no no
Excludes PU-proposed votes no yes no no no no no no
Excludes PU politicians no no yes no no no no no
Exc. most violent depts no no no yes no no no no
Exc. sensitive political times no no no no yes no no no
Exc. events not in CMH data no no no no no yes no no
Vote-level controls no no no no no no yes no
Previous month pol. language no no no no no no no yes

Notes: Estimates from time-series specification where the dependent variable is alignment with the ruling party and examining hetero-
geneity by the political language index of president Santos’s tweets. All columns include politician fixed effects, a function of time, an
event-window dummy, party time trends, restrict to isolated events, and restrict to votes only during the Santos government. Robustness
checks include a series of sample restrictions (columns 1-6), include vote-level controls (column 7), and use the month-prior political
language index (column 8). Two-way clustered standard errors at the politician and week level in parentheses.

Table A14: Effect of FARC attacks on vote alignment with ruling party, one week after the attack (assessing
bias from unobservables)

(1) (2 (3) 4) (5) (6) (7) (8)
pre-PP pre-PP pre-PP pre-PP post-PP post-PP  post-PP  post-PP

Post-attack, 3+ caslts. 0.0973***  0.0963***  0.0862***  0.0918** 0.0554 0.0264 0.0608 0.0406
(0.0264) (0.0203) (0.0325) (0.0269) (0.0541)  (0.0365) (0.0533) (0.0347)
R-squared 0.00281 0.0756 0.00285 0.0756 0.000584 0.110 0.000598 0.110
N 369576 369574 369576 369574 304742 304742 304742 304742
N. politicians 515 515 515 513 421 421 421 421
Isolated events yes yes yes yes yes yes yes yes
Attack window dummy no no yes yes no no yes yes
Politician FE no yes no yes no yes no yes
Time function no yes no yes no yes no yes
Party trends no yes no yes no yes no yes
Vote controls (inc unbalanced) no yes no yes no yes no yes
Model M-1 M-2 M-1 M-2 M-1 M-2 M-1 M-2

Notes: Estimates from time-series specification where the dependent variable is alignment with the ruling party. Columns 1-4 show
regressions for the pre-peace process period, and columns 5-8 for the post-peace process period. Odd-numbered columns include no
controls or fixed effects. Even-numbered columns include a full set of controls, including F(t) and baseline + unbalanced congressional-
vote controls. R-squared’s are reported to assess potential bias from unobservables following ( ).
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Table A1s: Effect of FARC attacks on vote alignment with ruling party, varying casualty threshold

(1) (2) (3) (4) (5) (6) @) ®) © (10) (11) (12)
pre-PP pre-PP pre-PP pre-PP pre-PP pre-PP post-PP post-PP post-PP post-PP post-PP post-PP

Post-attack, x+ caslts. 0.0123 0.00549 0.0544™* 0.111"%* 0.0879™* 0.108"* -0.00135 -0.0187 0.0267 0.0607 0.0449 0.0590
(0.0146) (0.0218) (0.0224) (0.0318) (0.0354) (0.0440) (0.0199) (0.0440) (0.0268) (0.0437) (0.0416) (0.0461)
N 432414 217611 432414 369576 432414 408249 348662 92911 348662 304742 348662 344011
Casualty threshold 1 1 3 3 5 5 1 1 3 3 5 5
N. politicians 517 510 517 515 517 517 421 418 421 421 421 421
Politician FE yes yes yes yes yes yes yes yes yes yes yes yes
Attack window dummy yes yes yes yes yes yes yes yes yes yes yes yes
Isolated events no yes no yes no yes no yes no yes no yes
Time function yes yes yes yes yes yes yes yes yes yes yes yes
Party trends yes yes yes yes yes yes yes yes yes yes yes yes
Vote controls no no no no no no no no no no no no

Notes: Estimates from time-series specification where the dependent variable is alignment with the ruling party. Columns 1-6
show regressions for the pre-peace process period, and columns 7-12 for the post-peace process period. Even-numbered columns
restrict the analysis to isolated events.

Table A16: Effect of FARC attacks on vote value, by ruling party position, time-series

Panel A: Pre-peace process

(1) ) €) @) () (6)
reject abstain approve reject abstain approve
Post-attack, 3+ caslts. 0.00962 -0.0587** 0.0491* 0.0394 -0.0237 -0.0157
(0.00911) (0.0263) (0.0269) (0.0405) (0.0278) (0.0295)
N 281898 281898 281898 87782 87782 87782
N. politicians 512 512 512 511 511 511
Panel B: Post-peace process
Post-attack, 3+ caslts. 0.0241™* 0.0218 -0.0460* 0.0457 0.00685 -0.0525"**
(0.0118) (0.0240) (0.0243) (0.0297) (0.0284) (0.0197)
N 166594 166594 166594 138160 138160 138160
N. politicians 421 421 421 419 419 419
Politician FE yes yes yes yes yes yes
Day FE no no no no no no
Attack window dummy yes yes yes yes yes yes
Isolated events yes yes yes yes yes yes
Time function yes yes yes yes yes yes
Party trends yes yes yes yes yes yes
avg. PU vote appr (>0) appr (>0) appr (>0) rejct(<=0) rejct(<=0) rejct (<=0)

Notes: Estimates using the main time-series specification (politician fixed effects, time function, party linear trends) where
the dependent variables are indicator variables for whether politicians reject, abstain from, or approve a congressional vote.
Columns 1-3 include only votes which the ruling party voted to approve and columns 4-6 includes only votes which the ruling
party rejected. Two-way clustered standard errors at the politician and week level in parentheses.
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Table A17y: Effect of FARC attacks on vote alignment with ruling party, diff-in-diff, one week after the attack

(1) ) €) @) (5) (©) @) ®)
pre-PP pre-PP pre-PP pre-PP post-PP  post-PP  post-PP  post-PP

Post-attack in HD, 3+ caslts. 0.0998"**  0.118"**  0.0699""*  0.0668"**  -0.0469" -0.0549"" -0.0430" -0.0423"
(0.0320)  (0.0261)  (0.0268) (0.0256)  (0.0272)  (0.0252)  (0.0238) (0.0250)

N 432414 432172 432172 405240 348662 348662 348662 334963
N. politicians 517 516 516 503 421 421 421 416
Post dummy yes yes no no yes yes no no
Politician FE no yes yes yes no yes yes yes
Day FE no no yes yes no no yes yes
Attack window dummy no yes yes yes no yes yes yes
Isolated events no yes yes yes no yes yes yes
Time function no yes no no no yes no no
Party trends no yes yes yes no yes yes yes
Vote controls no no no yes no no no yes

Notes: Estimates from diff-in-diff specification where the dependent variable is alignment with the ruling party. Columns 1-4
show regressions for the pre-peace process period, and columns 5-8 for the post-peace process period. Columns 1 and 5 include
no controls or fixed effects. Columns 2 and 6 use the time-series specification. Columns 3 and 7 include politician fixed effects,
day fixed effects and party specific linear trends. Columns 4 and 8 include congressional vote level controls including dummies
for the type of vote (policy vs. procedural), keywords (conflict or non-conflict related votes), whether the vote was proposed by
a PU member or by a member of the politician’s own party, and the average alignment for other members of the party. Clustered
standard errors at the politician level in parentheses.

Table A18: Effect of FARC attacks on vote alignment with ruling party, diff-in-diff, robustness checks

(1) ©) €) @) (5) (6) @) ®)
pre-PP pre-PP pre-PP pre-PP post-PP post-PP  post-PP  post-PP

Post-attack in HD, 3+ caslts. 0.0407  0.0740%**  0.106"**  0.0652**  -0.0487**  -0.0615"*  -0.0475%*  -0.0109
(0.0249)  (0.0273) (0.0315)  (0.0331) (0.0193) (0.0283)  (0.0285) (0.0578)

N 386670 403470 317278 396625 207422 304497 262523 322181
N. politicians

Excludes conflict votes yes no no no yes no no no
Excludes PU-proposed votes no yes no no no yes no no
Excludes PU politicians no no yes no no no yes no
Exc. most violent depts no no no yes no no no yes

Notes: The table shows the results from the main diff-in-diff analysis with various sample restrictions as outlined in the online
appendix. Standard errors clustered at the politician level. All columns include politician fixed effects, day fixed effects, an
event-window dummy, party time trends, and restrict to isolated events. Significance levels *p<o.10, **p<o0.05, **p<o0.01.

Table A19: Effect of FARC attacks on vote alignment with ruling party close to legislative elections, one
week after the attack

(™ () €) @) (5) (6) @) ®

2010 elec 2010elec 2010elec  2010elec 2014 elec 2014 elec 2014 elec 2014 elec

Post-attack in HD, 3+ caslts.  0.0623** 0.0638** 0.0244 -0.0365 -0.155™* -0.234"** -0.117** 0.0186
(0.0286) (0.0273) (0.0598) (0.0445) (0.0681) (0.0753) (0.0464) (0.0187)
N 43804 43775 35585 35585 17514 17514 7700 7700
N. politicians 272 271 285 285 262 262 260 260
Politician FE yes yes yes yes yes yes yes yes
Day FE yes yes yes yes yes yes yes yes
Attack window dummy no yes no yes no yes no yes
Isolated events no yes no yes no yes no yes
Party trends no yes no yes no yes no yes
pre/post elections pre pre post post pre pre post post

Notes: Estimates from diff-in-diff specification where the dependent variable is alignment with the ruling party and treatment
dummy is a an attack occurring in legislators” own constituency. Columns 1-4 show regressions for the pre-peace process period,
and columns 5-8 for the post-peace process period. The preferred empirical specification is used in even-numbered columns.
Two-way clustered standard errors at the politician and week level in parentheses. Significance levels shown below *p<o.10, **
p<0.05, *p<0.01.
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Table Azo: Effect of FARC attacks on vote alignment with ruling party, varying casualty threshold

() () [€)) @) (5) (6) @) ®) (9) (10) (11) (12)
pre-PP pre-PP pre-PP pre-PP pre-PP pre-PP post-PP post-PP post-PP post-PP post-PP post-PP
Post-attack in HD, x+ caslts. 0.0313%F 0.0499™*F 0.0673%F 0.0699™*F 0.0522 0.0569™ -0.00502 -0.0152 -0.0430" -0.0430" -0.0534 -0.0534
(0.0154) (0.0188) (0.0272) (0.0268) (0.0341) (0.0331) (0.0136) (0.0146) (0.0238) (0.0238) (0.0534) (0.0534)
N 432414 426453 432414 432172 432414 432298 348662 345016 348662 348662 348662 348662
Casualty threshold 1 1 3 3 5 5 1 1 3 3 5 5
N. politicians 517 516 517 516 517 516 421 421 421 421 421 421
Politician FE yes yes yes yes yes yes yes yes yes yes yes yes
Attack window dummy yes yes yes yes yes yes yes yes yes yes yes yes
Isolated events no yes no yes no yes no yes no yes no yes
Day FE yes yes yes yes yes yes yes yes yes yes yes yes
Party trends yes yes yes yes yes yes yes yes yes yes yes yes
Vote controls no no no no no no no no no no no no

Notes: Estimates from the diff-in-diff specification where the dependent variable is alignment with the ruling party. The
regression compares alignment after rebel attacks for politicians whose home department was the location of the attack, relative
to other politicians. Columns 1-6 show regressions for the pre-peace process period, and columns 7-12 for the post-peace process
period. Even-numbered columns restrict the analysis to isolated events.

Table Az1: Effect of FARC attacks on vote value, by ruling party position, diff-in-diff

Panel A: Pre-peace process

(1) ) €) () (5) (6)
reject abstain approve reject abstain approve
Post-attack in HD, 3+ caslts.  -0.00554  -0.0847** 0.0903"* 0.0573 -0.0801 0.0228
(0.0107) (0.0362) (0.0352) (0.0454) (0.0490) (0.0297)
N 328255 328255 328255 104023 104023 104023
N. politicians 516 516 516 515 515 515
Panel B: Post-peace process
Post-attack in HD, 3+ caslts. 0.0170 0.0693**  -0.0863*** 0.00274 0.0344 -0.0372
(0.0189) (0.0276) (0.0304) (0.0521) (0.0475) (0.0262)
N 195249 195249 195249 153426 153426 153426
N. politicians 421 421 421 419 419 419
Politician FE yes yes yes yes yes yes
Day FE yes yes yes yes yes yes
Attack window dummy yes yes yes yes yes yes
Isolated events yes yes yes yes yes yes
Time function no no no no no no
Party trends yes yes yes yes yes yes
avg. PU vote appr (>0) appr (>0) appr (>0) rejct (<=0) rejct (<=0) rejct (<=0)

Notes: Estimates using the main diff-in-diff specification (politician and day fixed effects, party linear trends) where the depen-
dent variables are indicator variables for whether politicians reject, abstain from, or approve a congressional vote. Columns 1-3
include only votes which the ruling party voted to approve and columns 4-6 includes only votes which the ruling party rejected.
Clustered standard errors at the politician level in parentheses.
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Notes: The table shows the correlation between the timing of FARC attacks across departments between 2006 and 2015. *p<o0.1, using

the Bonferroni correction for multiple hypothesis testing.
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Table A23: Effect of FARC attacks on Google Trends search volume (by dataset)

(1) (©) €)) @ (©) ©) @) ©) )
Post-attack, 3+ caslts. (GTD)  6.766*** 6.871""* 5328 6.118"*  9.848™*
(1.559) (1557)  (2.206) (1701)  (4312)
Post-attack, 3+ caslts. (CMH) 2.114™* 0.445 3.617 1.960* 3.112
(0.995) (0.952) (2.532) (1.035)  (2.668)
Post-attack, 3+ caslts. (NyN) 0.448 -1.509 0.452 -1.454 -7.619**
(1.658)  (1.523) (2613)  (1.848)  (3.484)
N 3690 3690 3690 3690 3098 2046 3358 3690 1786
Attack window dummies no no no no yes yes yes yes yes
Isolated events no no no no yes yes yes no yes
Time function no no no no yes yes yes yes yes

Notes: The table shows the effect of FARC attacks on Google Trends search volume (where each observation is one day), by
conflict dataset. Outcome is volume of Google Trends (measured from o-100, with mean 8.8) for “FARC Attack” (“Ataque
FARC”). The explanatory variables are dummies equal to one if the observation occurs in the one-week after a FARC attack with
at least 3 casualties. Clustered standard errors at the week level in parentheses.

Table A24: Effect of FARC attacks on Twitter mentions of FARC attack (by dataset)

@ 6] [€) () (5) ©) @) ®) ©

Post-attack, 3+ caslts. (GTD) 0.00340™* 0.00387** 0.00379* 0.00286"* 0.00386"

(0.00157) (0.00154) (0.00221) (0.00115) (0.00203)

Post-attack, 3+ caslts. (CMH) 0.00126 -0.000765 0.00305 -0.000400 0.00163

(0.00122) (0.000918) (0.00281) (0.000615)  (0.00223)

Post-attack, 3+ caslts. (NyN) 0.00117 -0.000120 0.00109 -0.000850 -0.00236

(0.00161) (0.00165) (0.00137) (0.00102) (0.00346)

N 373797 373797 373797 373797 322738 301849 368037 373794 283172
Attack window dummies no no no no yes yes yes yes yes
Isolated events no no no no yes yes yes no yes
Politician FE no no no no yes yes yes yes yes
Time function no no no no yes yes yes yes yes
Party linear trends no no no no yes yes yes yes yes

Notes: The table shows the effect of FARC attacks on Twitter mentions for FARC attack (where each observation is one tweet),
by conflict dataset. Outcome is a dummy equal to one if the tweet includes the keywords farc and attack (ataque/atac*) (with
a mean of 0.002). The explanatory variables are dummies equal to one if the observation occurs in the one-week after a FARC
attack with at least 3 casualties. Clustered standard errors at the politician and week level in parentheses.
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Table A25: Twitter environment on weeks before attacks

ﬁpre Sepre ,Bpre Sepre
Tweet volume
All tweets -0.00733 (0.209) -0.00617 (0.0583)
PU tweets -0.123 (0.189) -0.125% (0.0729)
Right-leaning tweets -0.149 (0.165) -0.0720 (0.0531)
Tweet keywords
Keyword Militar -0.000399 (0.00184) -0.000523 (0.00154)
Keyword Salud -0.00188 (0.00270) -0.00523** (0.00256)
Keyword Paz -0.0117 (0.00888) -0.0154 (0.00939)
Keyword TLC 0.00211%* (0.00111) 0.00159 (0.00111)
Keyword Justicia -0.000437 (0.00261) 0.000872 (0.00186)
Keyword Victimas 0.000761 (0.000763)  0.000488 (0.000618)
Keyword Infraestructura 0.0000921 (0.000593)  0.000209 (0.000514)
Keyword Tributaria -0.000116 (0.00136) -0.000530 (0.00135)
Keyword Empleo -0.00156 (0.00155) -0.000992 (0.000920)
Keyword Educacién 0.000286 (0.000520)  0.000123 (0.000427)
Keyword Terrorista -0.000612 (0.00260) 0.000824 (0.00146)
Keyword Social 0.00266 (0.00213) 0.00184 (0.00134)
Keyword Corrupciéon 0.000262 (0.000364)  0.000255 (0.000270)
Keyword Transporte -0.0000443  (0.000679)  0.00000223  (0.000607)
Keyword Television -0.000425 (0.000519)  -0.000566 (0.000667)
Keyword Servicios 0.000635 (0.000560)  0.000598 (0.000565)
Keyword Equilibrio 0.00337 (0.00236) 0.00277 (0.00174)
Keyword Penitenciario 0.000326 (0.000284)  0.000265 (0.000242)
Function of time controls No Yes
No. of stat. significant outcomes (p<0.05) o0 1
No. significant w/ Bonferroni correction o [

Notes: Each coefficient corresponds to a separate regression of tweet volume / tweet keywords as an
outcome, on a preAttack indicator equal to 1 if the observation corresponds to the week before an attack
(columns 1 and 3). Observations are days for rows 1-3 (N=2,321), and tweets for the remaining rows
(N=373,734). Standard errors are clustered at the week level (row 1-3) and two-way at the week and
politician level (remaining rows). Column 3 regressions include a function of time controls, including
year, month and day of the week fixed effects, and calendar day (linear).

Table A26: Effect of FARC attacks on tweet engagement

(1)

(2)

(3)

(4)

(5)

(6)

)

(8)

Post-attack, 3+ caslts. 0.0220  0.0770%  0.215""*  0.246"**

(0.0435) (0.0391) (0.0665) (0.0777)
Post-attack in HD, 3+ caslts. 0.115  -0.0499  0.201  0.0276

(0.116) (0.0937) (0.214) (0.260)

N 217980 55962 30905 3218 196570 53408 29814 2861
N. politicians 236 65 262 57 216 61 239 49
PU tweets no yes no yes no yes no yes
Top 10% right-leaning no no yes yes no no yes yes
Politician FE yes yes yes yes yes yes yes yes
Time function yes yes yes yes no no no no
Day FE no no no no yes yes yes yes

Notes: Columns (1) and (5) exclude PU and the most right-wing tweets. Columns (2) and (6) use only tweets by the incumbent party.
Columns (3) and (7) use only tweets in the top 10 percentile of the political leaning index (most "right-wing" tweets). Columns (4) and
(8) use only tweets by the incumbent party which are in the top ten percentile of the political leaning index. Two-way clustered standard
errors at the politician and week level in parentheses for time-series analysis (columns 1-4). Standard errors clustered at the politician

level for the diff-in-diff analysis (columns 5-8).
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Table A27: Effect of FARC attacks on tweet engagement, polarization and increased right-wing support

) @ G) @ G) ©)
Post-attack, 3+ caslts. 0.0649 0.215"**  0.0527 0.0230
(0.0436) (0.0665) (0.0426) (0.0413)
Post-attack x PolLean 0.0423  0.0342  0.0496™**  0.0404™*
(0.0259) (0.0257) (0.0182) (0.0194)
Political leaning 0.0197*  0.0179*  0.0281"**  0.0258"**
(0.0112) (0.0108) (0.00973) (0.00934)
Post-attack x PolLean? 0.0276*"*  0.0233**
(0.00959)  (0.00970)
Political leaning? 0.0441*"*  0.0420***
(0.00474)  (0.00441)
N 30145 30905 301639 301538 301639 301538
N. politicians 274 262 301 295 301 205
Politician FE yes yes yes yes yes yes
Day FE no no no yes no yes
Top 10% left-leaning yes no no no no no
Top 10% right-leaning no yes no no no no
All tweets no no yes yes yes yes

Notes: Columns 1-2 include only the tweets with the most extreme measured political language (left, column 1, right, column 2).
Columns 3-6 include all tweets and interact the post-attack dummy indicator with the political language of each tweet (and its
square). Two-way clustered standard errors at the politician and week level in parentheses for columns 1-3, and 5. All columns
restrict the sample to isolated events, include an attack-window dummy, a function of time (except 4 and 6), and include party
specific linear trends. Standard errors clustered at the politician level for columns 4 and 6.
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